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               (a) Surge displacement                           (b) Surge velocity response 

 
 
 
 

 
 
 

           (c) Sway displacement              (d) Yaw displacement 

 
 
 
Fig. 8. Position control results of surge, sway and yaw 
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  (a) Surge speed response   (b) Yaw keep response 

 

 
 
 

(c) Depth keep response 

Fig. 9. Speed control results of surge with yaw and depth keeping 

Fig.10 shows the combined control of heave and pitch for diving in vertical plane. For this 
case, the velocity of surge that the vehicle is commanded to track is 1.5m/s, which is not 
very large so that the vertical tunnel thrusters will suffer thrust reduction to some extent but 
still can work to provide a portion of vertical thrust for diving. Hence when the vehicle is 
commanded to dive, the pitch will not experience a large change, which is reasonable design 
consideration in the case of large inertial vehicles. 
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   (c) Depth keep response    (d) Pitch response     
Fig. 10. Combined depth control of heave and pitch 

5. Conclusions 
In this chapter, the design of motion control system for Autonomous Underwater Vehicles is 
described, which includes both position and speed control in horizontal plane and 
combined control of heave and pitch in vertical plane. To construct the control system, a 6 
DOF general mathematical model of underwater vehicles was derived, which is powerful 
enough to apply it to different kinds of underwater vehicles according to its own physical 
properties. Based on the general mathematical model, a simulation platform was established 
to test motion characteristics, stability and controllability of the vehicle. To demonstrate the 
performance of the designed controller, simulations have been carried out on AUV-XX 
simulation platform and the capacitor plate model S-surface control shows a good 
performance. 
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1. Introduction 
Unmanned underwater vehicles (UUVs) are increasingly being used by civilian and defence 
operators for ever more complex and dangerous missions. This is due to the underlying 
characteristics of safety and cost effectiveness when compared to manned vehicles. UUVs 
require no human operator be subject to the conditions and dangers inherent in the 
underwater environment that the vehicle is exposed to, and therefore the risk to human life 
is greatly minimised or even removed. Cost effectiveness, in both time and financial 
respects, comes from a much smaller vehicle not containing the various subsystems required 
to sustain life whilst underwater, as well as smaller, less powerful actuators not placing the 
same levels of stress and strain on the vehicles as compared to a manned vehicle. This leads 
to a much smaller team required to undertake the regular maintenance needed to keep a 
vehicle operational. Taking these two main factors into account, the progression from 
manned vehicles to unmanned vehicles is a logical step within the oceanographic industry. 
Within the broad class of UUVs are the remotely operated vehicles (ROVs) and the 
autonomous underwater vehicles (AUVs). Both of these types of vehicles have been 
successfully used in industry, and their fundamental differences determine which type of 
vehicle is suited to a particular mission. The key difference between the two is that an ROV 
requires a tether of some description back to a base station, whereas an AUV does not. This 
tether connects the ROV to a human operator who can observe the current state of the 
vehicle and therefore provide the control for the vehicle while it executes its mission. This 
tether, depending on the configuration of the vehicle, can also provide the electricity to 
power the vehicles actuators, sensors and various internal electronic systems. 
AUVs have an advantage over ROVs of not requiring this tether, which leads to two main 
benefits. Firstly, an AUV requires little or no human interaction while the vehicle is 
executing its mission. The vehicle is pre-programmed with the desired mission objectives 
and, upon launch, attempts to complete these objectives without intervention from 
personnel located at the base station. This minimises the effect of human error while the 
vehicle is operational. The second benefit is the increased manoeuvrability that is possible 
without a cable continuously attached to the AUV. This tether has the potential to become 
caught on underwater structures, which could limit the possible working environments of 
an ROV, as well as cause drag on the motion of the vehicle, thus affecting its manoeuvring 
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performance. The possible range of the vehicle from the base station is also restricted, 
depending on the length of this tether. These two main benefits of AUVs over ROVs lead, in 
principle, to autonomous vehicles being selected for survey tasks in complex, dynamic and 
dangerous underwater environments, and therefore AUVs are the subject of this chapter. 
Furthermore, combining the desired performance characteristics of AUVs, with the 
aforementioned complex operation environment, leads to the conclusion that controllers 
implemented within AUVs must be precise and accurate, as well as robust to disturbances 
and uncertainties. Hence, the focus of this chapter will primarily be on the precise and 
robust control of AUVs. 
Within the autonomy architecture of AUVs are three main systems. These are:- the guidance 
system, which is responsible for generating the trajectory for the vehicle to follow; the 
navigation system, which produces an estimate of the current state of the vehicle; and the 
control system, which calculates and applies the appropriate forces to manoeuvre the vehicle 
(Fossen, 2002). This chapter will focus on the control system and its two principal 
subsystems, namely the control law and the control allocation. 
The chapter will be divided into three main parts with the first part focusing on the design 
and analysis of the control law, the second looking at control allocation, and the third 
providing an example of how these two systems combine to form the overall control system. 
Within the control law design and analysis section, the requirements of how the various 
systems within an AUV interact will be considered, paying particular attention to how these 
systems relate to the control system. An overview of the underwater environment will be 
given, which depicts the complexity of the possible disturbances acting on a vehicle. This 
will be followed by an analysis of the equations of motion, namely the kinematic and kinetic 
equations of motion that determine how a rigid body moves through a fluid. A summary of 
the relevant frames of reference used within the setting of underwater vehicles will be 
included. A review of the control laws that are typically used within the context of 
underwater vehicles will be conducted to conclude this section of the chapter. 
The second section will look at the role of control allocation in distributing the desired 
control forces across a vehicle’s actuators. An analysis of the principal types of actuators 
currently available to underwater vehicles will be conducted, outlining their useful 
properties, as well as their limitations. This section will conclude with an overview of 
various techniques for performing control allocation, with varying degrees of computational 
complexity. 
The third and final section of this chapter will present an example of an overall control 
system for implementation within the architecture of AUVs. This example will demonstrate 
how the control law and control allocation subsystems interact to obtain the desired 
trajectory tracking performance while making use of the various actuators on the vehicle. 

2. Control law design and analysis 
Before delving into the laws governing how a particular control system produces a 
correcting signal, it is necessary to look at the requirements of the various systems within an 
AUV. This will provide an understanding of how the control system fits in with respect to 
the overall autonomy architecture of an AUV. The different types of disturbances must be 
acknowledged such that the effect of these disturbances is minimised, and the equations 
related to the dynamic motion of the vehicle must be analysed. Only after reviewing these 
factors can the control law be designed and analysed. 
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2.1 Requirements 
As previously stated, the various components that make up the autonomy architecture of 
AUVs are the guidance system, navigation system, and control system. All three of these 
systems have their own individual tasks to complete, yet must also work cooperatively in 
order to reliably allow a vehicle to complete its objectives. Figure 1 shows a block diagram 
of how these various systems interact. 
 

 
Fig. 1. Guidance, Navigation and Control Block Diagram. 

2.1.1 Guidance 
The guidance system is responsible for producing the desired trajectory for the vehicle to 
follow. This task is completed by taking the desired waypoints defined pre-mission and, 
with the possible inclusion of external environmental disturbances, generates a path for the 
vehicle to follow in order to reach each successive waypoint (Fossen, 1994, 2002). 
Information regarding the current condition of the vehicle, such as actuator configuration 
and possible failures, can also be utilised to provide a realistic trajectory for the vehicle to 
follow. This trajectory then forms the desired state of the vehicle, as it contains the desired 
position, orientation, velocity, and acceleration information. 

2.1.2 Navigation 
The navigation system addresses the task of determining the current state of the vehicle. For 
surface, land and airborne vehicles, global positioning system (GPS) is readily available and 
is often used to provide continuous accurate positioning information to the navigation 
system. However, due to the extremely limited propagation of these signals through water, 
GPS is largely unavailable for underwater vehicles. The task of the navigation system is then 
to compute a best estimate of the current state of the vehicle based on multiple 
measurements from other proprioceptive and exteroceptive sensors, and to use GPS only 
when it is available. This is completed by using some form of sensor fusion technique, such 
as Kalman filtering or Particle filtering (Lammas et al., 2010, 2008), to obtain a best estimate 
of the current operating condition, and allow for inclusion of a correction mechanism when 
GPS is available, such as when the vehicle is surfaced. Overall, the task of the navigation 
system is to provide a best estimate of the current state of the vehicle, regardless of what 
sensor information is available. 
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2.1.3 Control 
The control system is responsible for providing the corrective signals to enable the vehicle to 
follow a desired path. This is achieved by receiving the desired state of the vehicle from the 
guidance system, and the current state of the vehicle from the navigation system. The 
control system then calculates and applies a correcting force, through use of the various 
actuators on the vehicle, to minimise the difference between desired and current states 
(Fossen, 1994, 2002). This allows the vehicle to track a desired trajectory even in the presence 
of unknown disturbances. Even though each of the aforementioned systems is responsible 
for their own task, they must also work collaboratively to fully achieve autonomy within an 
underwater vehicle setting. 

2.2 Environment 
Underwater environments can be extremely complex and highly dynamic, making the 
control of an AUV a highly challenging task. Such disturbances as currents and waves are 
ever present and must be acknowledged in order for an AUV to traverse such an 
environment. 

2.2.1 Currents 
Ocean currents, the large scale movement of water, are caused by many sources. One 
component of the current present in the upper layer of the ocean is due to atmospheric wind 
conditions at the sea surface. Differing water densities, caused by combining the effect of 
variation of salinity levels with the exchange of heat that occurs at the ocean surface, cause 
additional currents known as thermohaline currents, to exist within the ocean. Coriolis 
forces, forces due to the rotation of the Earth about its axis, also induce ocean currents, while 
gravitational forces due to other planetary objects, such as the moon and the sun, produce 
yet another effect on ocean currents (Fossen, 1994, 2002). Combining all of these sources of 
water current, with the unique geographic topography that are present within isolated 
coastal regions, leads to highly dynamic and complex currents existing within the world’s 
oceans. 

2.2.2 Wind generated waves 
There are many factors that lead to the formation of wind generated waves in the ocean. 
Wind speed, area over which the wind is blowing, duration of wind influencing the ocean 
surface, and water depth, are just some of the elements that lead to the formation of waves. 
Due to the oscillatory motion of these waves on the surface, any vehicle on the surface will 
experience this same oscillatory disturbance. Moreover, an underwater vehicle will 
experience both translational forces and rotational moments while at or near the surface due 
to this wave motion. 

2.3 Dynamics 
All matter that exists in our universe must adhere to certain differential equations 
determining its motion. By analysing the physical properties of an AUV, a set of equations 
can be derived that determine the motion of this vehicle through a fluid, such as water. To 
assist in reducing the complexities of these equations, certain frames of reference are utilised 
depending on the properties that each frame of reference possesses. In order to make use of 
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these different reference frames for different purposes, the process of transforming 
information from one frame to another must be conducted. 

2.3.1 Frames of reference 
Within the context of control systems, the two main reference frames used are the n-frame 
and the b-frame. Both contain three translational components and three rotational 
components, yet the origin of each frame differs. This difference in origin can lead to useful 
properties which contain certain advantages when designing a control system. 
2.3.1.1 N-Frame 
The n-frame is a co-ordinate space usually defined as a plane oriented at a tangent to the 
Earth’s surface. The most common of these frames for underwater vehicle control design is 
the North-East-Down (NED) frame. As its name suggests, the three axes of the translational 
components of this frame have the x-axis pointing towards true North, the y-axis pointing 
towards East, and the z-axis in the downward direction perpendicular to the Earth’s surface. 
In general, waypoints are defined with reference to a fixed point on the earth, and therefore 
it is convenient to conduct guidance and navigation in this frame. 

2.3.1.2 B-Frame 
The b-frame, also known as the body frame, is a moving reference frame that has its origin 
fixed to the body of a vehicle. Due to various properties that exist at different points within 
the body of the vehicle, it is convenient to place the origin of this frame at one of these 
points to take advantage of, for example, body symmetries, centre of gravity, or centre of 
buoyancy. As a general rule, the x-axis of this frame points from aft to fore along the 
longitudinal axis of the body, the y-axis points from port to starboard, and the z-axis points 
from top to bottom. Due to the orientation of this frame, it is appropriate to express the 
velocities of the vehicle in this frame. 

2.3.2 Kinematic equation 
As mentioned in 2.3.1, both the NED and body frames have properties that are useful for 
underwater vehicle control design. Because both are used for different purposes, a means of 
converting information from one frame to the other is required. The kinematic equation, (1), 
achieves this task (Fossen, 1994, 2002). 

 ( )Jη η υ=  (1) 

Here, the 6 degree-of-freedom (DoF) position and orientation vector in (1), decomposed in 
the NED frame, is denoted by (2). 

 
Tnpη ⎡ ⎤= Θ⎣ ⎦  (2) 

Within (2), the three position components are given in (3), 

 [ ]Tn
n n np x y z=  (3) 

and the three orientation components, also known as Euler angles, are given in (4). 
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 [ ]Tφ θ ψΘ =  (4) 

The 6 DoF translational and rotational velocity vector in (1), decomposed in the body frame, 
is denoted by (5). 

 
Tb b

o nbvν ω⎡ ⎤= ⎣ ⎦  (5) 

Here, the three translational velocity components are given in (6), 

 [ ]Tb
ov u v w=  (6) 

and the three rotational velocity components are given in (7). 

 [ ]Tb
nb p q rω =  (7) 

In order to rotate from one frame to the other, a transformation matrix is used in (1). This 
transformation matrix is given in (8). 

 ( ) ( )
( )
3 3

3 3

0
0

n
bR

J
T

η ×

× Θ

⎡ ⎤Θ
= ⎢ ⎥

Θ⎢ ⎥⎣ ⎦
 (8) 

Here, the transformation of the translational velocities from the body frame to the NED 
frame are achieved by rotating the translational velocities in the body frame, (6), using the 
Euler angles (4). Three principal rotation matrices are used in this operation, as shown in (9). 

 , , ,

1 0 0 cos 0 sin cos sin 0
0 cos sin , 0 1 0 , sin cos 0
0 sin cos sin 0 cos 0 0 1

x y zR R Rφ θ ψ

θ θ ψ ψ
φ φ ψ ψ
φ φ θ θ

−⎡ ⎤ ⎡ ⎤ ⎡ ⎤
⎢ ⎥ ⎢ ⎥ ⎢ ⎥= − = =⎢ ⎥ ⎢ ⎥ ⎢ ⎥
⎢ ⎥ ⎢ ⎥ ⎢ ⎥−⎣ ⎦ ⎣ ⎦ ⎣ ⎦

 (9) 

The order of rotation is not arbitrary, due to the compounding effect of the rotation order. 
Within guidance and control, it is common to use the zyx-convention where rotation is 
achieved using (10). 

 ( ) , , ,
n
b z y xR R R Rψ θ φΘ =  (10) 

Overall, this yields the translational rotation matrix (11). 

 ( )
cos cos sin cos cos sin sin sin sin cos sin cos
sin cos cos cos sin sin sin cos sin sin sin cos

sin cos sin cos cos

n
bR

ψ θ ψ φ ψ θ φ ψ φ ψ θ φ
ψ θ ψ φ ψ θ φ ψ φ ψ θ φ

θ θ φ θ φ

− + +⎡ ⎤
⎢ ⎥Θ = + − +⎢ ⎥
⎢ ⎥−⎣ ⎦

 (11) 

The transformation of rotational velocities from the body frame to the NED frame is 
achieved by again applying the principal rotation matrices of (9). For ease of understanding, 
firstly consider the rotation from the NED frame to the body frame in which ψ  is rotated by 

,yR θ , added to θ , and this sum then rotated by ,xR φ  and finally added to φ . This process is 
given in (12). 
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 , ,

0 0
0 0
0 0

b T T
nb x yR Rφ θ

φ
ω θ

ψ

⎡ ⎤ ⎛ ⎞⎡ ⎤ ⎡ ⎤
⎜ ⎟⎢ ⎥ ⎢ ⎥ ⎢ ⎥= + +⎜ ⎟⎢ ⎥ ⎢ ⎥ ⎢ ⎥
⎜ ⎟⎢ ⎥ ⎢ ⎥ ⎢ ⎥⎣ ⎦ ⎣ ⎦⎝ ⎠⎣ ⎦

 (12) 

By expanding (12), the matrix for transforming the rotational velocities from the NED frame 
to the body frame is defined as (13), 

 ( )1
1 0 sin

: 0 cos cos sin
0 sin cos cos

T
θ

φ θ φ
φ θ φ

−
Θ

−⎡ ⎤
⎢ ⎥Θ = ⎢ ⎥
⎢ ⎥−⎣ ⎦

 (13) 

and therefore the matrix for transforming the rotational velocities from the body frame to 
the NED frame is given in (14). 

 ( )
1 sin tan cos tan
0 cos sin
0 sin cos cos cos

T
φ θ φ θ

φ φ
φ θ φ θ

Θ

⎡ ⎤
⎢ ⎥Θ = −⎢ ⎥
⎢ ⎥⎣ ⎦

 (14) 

Overall, (1) achieves rotation from the body frame to the NED frame, and by taking the 
inverse of (8), rotation from the NED frame to the body frame can be achieved, as shown in 
(15). 

 ( )1Jν η η−=  (15) 

2.3.3 Kinetic equation 
The 6 DoF nonlinear dynamic equations of motion of an underwater vehicle can be 
conveniently expressed as (16) (Fossen, 1994, 2002). 

 ( ) ( ) ( )M C D gν ν ν ν ν η τ ω+ + + = +  (16) 

Here, M denotes the 6 6×  system inertia matrix containing both rigid body and added 
mass, as given by (17). 

 RB AM M M= +  (17) 

Similar to (17), the 6 6× Coriolis and centripetal forces matrix, including added mass, is 
given by (18). 

 ( ) ( ) ( )RB AC C Cν ν ν= +  (18) 

Linear and nonlinear hydrodynamic damping are contained within the 6 6×  matrix D(ν), 
and given by (19). 

 ( ) ( )nD D Dν ν= +  (19) 

Here, D contains the linear damping terms, and Dn(ν) contains the nonlinear damping 
terms. 
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The 6 1×  vector of gravitational and buoyancy forces and moments are represented in (16) 
by g(η), and determined using (20). 

 ( )

( )
( )
( )

( ) ( )
( ) ( )
( ) ( )

sin
cos sin
cos cos

cos cos cos sin

sin cos cos

cos sin sin

g b g b

g b g b

g b g b

W B
W B
W B

g y W y B z W z B

z W z B x W x B

x W x B y W y B

θ
θ φ
θ φ

η θ φ θ φ

θ θ φ

θ φ θ

⎡ ⎤−
⎢ ⎥− −⎢ ⎥
⎢ ⎥− −
⎢ ⎥

= ⎢ ⎥− − + −
⎢ ⎥
⎢ ⎥− + −
⎢ ⎥
⎢ ⎥− − − −⎣ ⎦

 (20) 

Here, W is the weight of the vehicle, determined using W=mg where m is the dry mass of the 
vehicle and g is the acceleration due to gravity. B is the buoyancy of the vehicle which is due 
to how much fluid the vehicle displaces while underwater. This will be determined by the 
size and shape of the vehicle. Vectors determining the locations of the centre of gravity and 
the centre of buoyancy, relative to the origin of the body frame, are given by (21) and (22) 
respectively. 

 
Tb

g g g gr x y z⎡ ⎤= ⎣ ⎦  (21) 

 [ ]Tb
b b b br x y z=  (22) 

The 6 1×  vector of control input forces is denoted by τ, and is given by (23). 

 [ ]TX Y Z K M Nτ =  (23) 

Here, the translational forces affecting surge, sway and heave are X, Y, and Z respectively, 
and the rotational moments affecting roll, pitch and yaw are K, M and N respectively. 
The 6 1×  vector of external disturbances is denoted by ω. 
Overall, (16) provides a compact representation for the nonlinear dynamic equations of 
motion of an underwater vehicle, formulated in the body frame. By applying the rotations 
contained within (8), (16) can be formulated in the NED frame as given in (24). 

 ( ) ( ) ( ) ( ) ( ), ,M C D gη η η η ηη η ν η η ν η η η τ η ω+ + + = +  (24) 

Within (24), the equations in (25) contain the rotations of the various matrices from the body 
frame to the NED frame. 

 

( ) ( ) ( )
( ) ( ) ( ) ( ) ( ) ( )
( ) ( ) ( ) ( )
( ) ( ) ( )
( ) ( )

1

1 1

1

,

,

T

T

T

T

T

M J MJ

C J C MJ J J

D J D J

g J g

J

η

η

η

η

η

η η η

ν η η ν η η η

ν η η ν η

η η η

τ η η τ

− −

− − −

− −

−

−

=

⎡ ⎤= −⎣ ⎦
=

=

=

 (25) 
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The presence of nonlinearities contained within Dn(ν), combined with the coupling effect of 
any non-zero off-diagonal elements within all matrices, can lead to a highly complex model 
containing a large number of coefficients. 

2.4 Control laws 
Various control strategies, and therefore control laws, have been implemented for AUV 
systems.  
The benchmark for control systems would be the classical proportional-integral-derivative 
(PID) control that has been used successfully to control many different plants, including 
autonomous vehicles. PID schemes are, however, not very effective in handling the 
nonlinear AUV dynamics with uncertain models operating in unknown environments with 
strong wave and current disturbances. PID schemes are therefore only generally used for 
very simple AUVs working in environments without any external disturbances.  
An alternative control scheme known as sliding mode control (SMC), which is a form of 
variable structure control, has proven far more effective and robust at handling nonlinear 
dynamics with modelling uncertainties and nonlinear disturbances. SMC is a nonlinear 
control strategy which uses a nonlinear switching term to obtain a fast transient response 
while still maintaining a good steady-state response. Consequently, SMC has been 
successfully applied by many researchers in the AUV community. One of the earliest 
applications of using SMC to control underwater vehicles was conducted by Yoerger and 
Slotine wherein the authors demonstrated through simulations studies on an ROV model, 
the SMC controller’s robustness properties to parametric uncertainties (Yoerger & Slotine, 
1985). A multivariable sliding mode controller based on state feedback with decoupled 
design for independently controlling velocity, steering and diving of an AUV is presented in 
Healey and Lienard (1993). The controller design was successfully implemented on NPS 
ARIES AUV as reported in Marco and Healey (2001). 

2.4.1 PID control 
The fundamentals of PID control is that an error signal is generated that relates the desired 
state of the plant to the actual state (26), 

 ( ) ( ) ( )de t x t x t= −  (26) 

Where e(t) is the error signal, xd(t) is the desired state of the plant, and x(t) is the current state 
of the plant, and this error signal is manipulated to introduce a corrective action, denoted 
τ(t), to the plant. 
PID control is named due to the fact that the three elements that make up the corrective 
control signal are: proportional to the error signal by a factor of KP, a scaled factor, KI, of the 
integral of the error signal, and a scaled factor, KD, of the derivative of the error signal, 
respectively (27). 

 ( ) ( ) ( ) ( )
0

t

P I D
dt K e t K e d K e t
dt

τ λ λ= + +∫  (27) 

PID control is best suited to linear plants, yet has also been adopted for use on nonlinear 
plants even though it lacks the same level of performance that other control systems possess. 
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However, due to the wide use and acceptance of PID control for use in controlling a wide 
variety of both linear and nonlinear plants, it is very much employed as the “gold standard” 
that control systems are measured against. An example of a PID-based control strategy 
applied to underwater vehicles is given in Jalving (1994). 

2.4.2 Sliding mode control 
As mentioned previously, sliding mode control is a scheme that makes use of a 
discontinuous switching term to counteract the effect of dynamics that were not taken into 
account at the design phase of the controller. 
To examine how to apply sliding mode control to AUVs, firstly (24) is compacted to the 
form of (28), 

 ( ) ( ) ( ), ,M f tη ηη η η η τ η+ =  (28) 

where ( ), ,f tη η contains the nonlinear dynamics, including Coriolis and centripetal forces, 
linear and nonlinear damping forces, gravitational and buoyancy forces and moments, and 
external disturbances. 
If a sliding surface is defined as (29), 

 s cη η= +  (29) 

where c is positive, it can be seen that by setting s to zero and solving for η results in η 
converging to zero according to (30) 

 ( ) ( ) 0
0

ct ctt t e eη η −=  (30) 

regardless of initial conditions. Therefore, the control problem simplifies to finding a control 
law such that (31) holds. 

 ( )lim 0
t

s t
→∞

=  (31) 

This can be achieved by applying a control law in the form of (32), 

 ( ) ( ) ( ), sign , , 0T s Tτ η η η η= − >  (32) 

with ( ),T η η  being sufficiently large. Thus, it can be seen that the application of (32) will 
result in η converging to zero. 
If η is now replaced by the difference between the current and desired states of the vehicle, it 
can be observed that application of a control law of this form will now allow for a reference 
trajectory to be tracked. 
Two such variants of SMC are the uncoupled SMC and the coupled SMC. 
2.4.2.1 Uncoupled SMC 
Within the kinetic equation of an AUV, (16), simplifications can be applied that will reduce 
the number of coefficients contained within the various matrices. These simplifications can 
be applied due to, for example, symmetries present in the body of the vehicle, placement of 
centres of gravity and buoyancy, and assumptions based on the level of effect a particular 
coefficient will have on the overall dynamics of the vehicle. Thus, the assumption of body 
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symmetries allows reduced level of coupling between the various DoFs. An uncoupled SMC 
therefore assumes that no coupling exists between the various DoFs, and that simple 
manoeuvring is employed such that it does not excite these coupling dynamics (Fossen, 
1994). The effect this has on (16) is to remove all off-diagonal elements within the various 
matrices which significantly simplifies the structure of the mathematical model of the 
vehicle (Fossen, 1994), and therefore makes implementation of a controller substantially 
easier. 

2.4.2.2 Coupled SMC 
Although the removal of the off-diagonal elements reduces the computational complexity of 
the uncoupled SMC, it also causes some limitation to the control performance of AUVs, 
particularly those operating in highly dynamic environments and required to execute 
complex manoeuvres. Taking these two factors into account, these off-diagonal coupling 
terms will have an influence on the overall dynamics of the vehicle, and therefore cannot be 
ignored at the design phase of the control law. 
Coupled SMC is a new, novel control law that retains more of the coupling coefficients 
present in (16) compared to the uncoupled SMC (Kokegei et al., 2008, 2009). Furthermore, 
even though it is unconventional to design a controller in this way, the body frame is 
selected as the reference frame for this controller. This selection avoids the transformations 
employed in (24) and (25) used to rotate the vehicle model from the body frame to the NED 
frame although it does require that guidance and navigation data be transformed from the 
NED frame to the body frame. By defining the position and orientation error in the NED 
frame according to (33), 

 ˆ dη η η= −  (33) 

where η̂  represents an estimate of the current position and orientation provided by the 
navigation system, and ηd represents the desired position and orientation provided by the 
guidance system, a single rotation is required to transform this error from the NED frame to 
the body frame. 
In general, desired and current velocity and acceleration data are already represented in the 
body frame, and as such, no further rotations are required here for the purposes of 
implementing a controller in the body frame.  
By comparing the number of rotations required to transform the vehicle model into the NED 
frame, as seen in (25), for the uncoupled control scheme with the single rotation required by 
the coupled control scheme to transform the guidance and navigation data into the body 
frame, it can be seen that the latter has less rotations involved, and is therefore less 
computationally demanding. 

3. Control allocation 
The role of the control law is to generate a generalised force to apply to the vehicle such that a 
desired state is approached. This force, τ, for underwater vehicles consists of six components, 
one for each DoF, as seen in (23). The control allocation system is responsible for distributing 
this desired force amongst all available actuators onboard the vehicle such that this 
generalised 6 DoF force is realised. This means that the control allocation module must have 
apriori knowledge of the types, specifications, and locations, of all actuators on the vehicle. 
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3.1 Role 
The role of the control allocation module is to generate the appropriate signals to the 
actuators in order for the generalised force from the control law to be applied to the vehicle. 
Since the vehicle under consideration is over-actuated, which means multiple actuators can 
apply forces to a particular DoF, the control allocation is responsible for utilising all 
available actuators in the most efficient way to apply the desired force to the vehicle. Power 
consumption is of particular importance for all autonomous vehicles, as it is a key factor in 
determining the total mission duration. The control allocation is therefore responsible for 
applying the desired forces to the vehicle, while minimising the power consumed. 

3.2 Actuators 
The force applied to a vehicle due to the various actuators of a vehicle can be formulated as 
(34), 

 TKuτ =  (34) 

where, for an AUV operating with 6 DoF with n actuators, T is the actuator configuration 
matrix of size 6 n× , K is the diagonal force coefficient matrix of size n n× , and u is the 
control input of size 1n× . Actuators are the physical components that apply the desired 
force to the vehicle, and the particular configuration of these actuators will determine the 
size and structure of T, K and u, with each column of T, denoted ti, in conjunction with the 
corresponding element on the main diagonal of K, representing a different actuator. 
A vast array of actuators are available to underwater vehicle designers, the more typical of 
which include propellers, control fins and tunnel thrusters, and each has their own 
properties that make them desirable for implementation within AUVs. For all the following 
actuator descriptions lx defines the offset from the origin of the actuator along the x-axis, ly 
defines the offset along the y-axis, and lz defines the offset along the z-axis. 

3.2.1 Propellers 
Propellers are the most common actuators implemented to provide the main translational 
force that drives underwater vehicles. These are typically located at the stern of the vehicle 
and apply a force along the longitudinal axis of the vehicle. The structure of ti for a propeller 
is given in (35). 

 1 0 0 0
T

i z yt l l⎡ ⎤= −⎣ ⎦  (35) 

As can be seen from (35), if the propeller is positioned such that there is no y-axis or z-axis 
offset, the force produced will be directed entirely along the x-axis of the vehicle, with no 
rotational moments produced. 

3.2.2 Control surfaces 
Control surfaces, or control fins, are actuators that utilise Newton’s Third Law of motion to 
apply rotational moments to the vehicle. These surfaces apply a force to the water which 
causes a deflection in the water’s motion. Hence, the water must also apply a force to the 
control surface. Due to this force being applied at a distance from the centre of gravity of the 
vehicle, a rotational moment is produced that acts on the vehicle. The typical configuration 
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for control surfaces on an AUV is to have four independently controlled fins arranged in 
two pairs orientated horizontally and vertically at the stern of the vehicle. The structure of ti 
for the horizontal fins is given in (36), 

 0 0 1 0
T

i y xt l l⎡ ⎤= −⎣ ⎦  (36) 

and for vertical fins given in (37). 

 [ ]0 1 0 0 T
i z xt l l= −  (37) 

These structures of ti show that horizontal surfaces produce a heave force as well as roll and 
pitch moments, while vertical surfaces produce a sway force as well as roll and yaw 
moments. What must be considered here is that the force being produced by control 
surfaces relies on the vehicle moving relative to the water around it. If the vehicle is 
stationary compared to the surrounding water, control surfaces are ineffective. However, if 
the vehicle is moving relative to the surrounding water, these actuators are capable of 
applying forces and moments to the vehicle while consuming very little power. 

3.2.3 Tunnel thrusters 
The previously mentioned limitation of control surfaces can be overcome by the use of 
tunnel thrusters. These thrusters are usually implemented by being placed in tunnels 
transverse to the longitudinal axis of the vehicle. Similar to control surfaces, the typical 
arrangement is to position two horizontal tunnel thrusters equidistant fore and aft of the 
centre of gravity, and two vertical tunnel thrusters also equidistant fore and aft of the centre 
of gravity. 
The structure of ti for horizontal thrusters is given in (38), 

 [ ]0 1 0 0 T
i z xt l l= −  (38) 

while the structure for vertical thrusters is given in (39). 

 0 0 1 0
T

i y xt l l⎡ ⎤= −⎣ ⎦  (39) 

What can be observed here is that horizontal thrusters provide a sway force as well as a roll 
and yaw moment, while vertical thrusters provide a heave force as well as roll and pitch 
moment. In general, horizontal tunnel thrusters are located such that lz is zero, and vertical 
thrusters are located such that ly is zero. The result of this choice is that no roll moment is 
produced by these actuators. 
The advantage of tunnel thrusters is that forces and moments can be produced even if the 
vehicle is stationary with respect to the surrounding water. This greatly increases the 
manoeuvrability of the vehicle, as control of the vehicle when moving at low speeds is 
possible. However, there are limitations associated with the use of these actuators. Firstly, 
these actuators consume more power when activated compared to control surfaces. This is 
due to force being produced by the thrusters only when the thruster itself is activated. In 
contrast, control surfaces consume power when the deflection angle is altered, but require 
very little power to hold the surface in place once the desired angle has been achieved. 
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Secondly, thruster efficiency is reduced when the vehicle is moving. Under certain 
conditions, an area of low pressure is produced at the exit of the tunnel, which has the effect 
of applying a force to the vehicle in the opposite direction to which the water jet from the 
tunnel thruster is attempting to provide. The result is less total force being applied to the 
vehicle, and therefore reduced performance when moving at non-zero forward speeds 
(Palmer et al., 2009). 

3.3 Allocation methods 
As previously mentioned when reviewing the various actuators for underwater vehicles, if the 
vehicle is stationary, control surfaces are ineffective while tunnel thrusters are very useful. 
Conversely, if the vehicle is moving, control surfaces are very efficient in providing force 
relative to power consumption compared to tunnel thrusters. The role of the control allocation 
is therefore to find a compromise between all actuators that both applies the desired 
generalised forces and moments to the vehicle while minimising power consumption. This 
balancing act allows the vehicle to maintain the manoeuvrability provided by all actuators, 
while at the same time allowing for as long a mission duration as possible. 

3.3.1 Non-optimal scheme 
One of the most straightforward methods for control allocation is application of the inverse 
of (34), i.e., (40) (Fossen, 2002). 

 ( ) 1u TK τ−=  (40) 

This method is very simple to implement as it consists of a single matrix multiplication. 
Therefore it is easy and efficient to implement within the computational processing 
constraints of an AUV. However, due to its simplicity, no attempt is made to minimise 
power consumption. If the vehicle contains both control surfaces and tunnel thrusters, both 
of these types of actuators will be utilised equally, even when the vehicle is moving at 
maximum velocity with respect to the surrounding fluid. However, since it is much more 
efficient to utilise control surfaces rather than tunnel thrusters while the vehicle is moving 
with respect to the water, a more intelligent approach is desired for implementing control 
allocation to minimise power consumption. 

3.3.2 Quadratic programming 
The limitations of the aforementioned non-optimal scheme can be overcome by formulating a 
quadratic programming optimisation problem to solve for actuator inputs (Fossen, 2002, 
Fossen et al., 2009). By introducing a weighting matrix into the problem statement, actuator 
usage can be biased towards utilising control surfaces over tunnel thrusters. Therefore, the 
generalised force desired from the control law can be realised by the actuators while 
minimising power consumption. There are however, limitations associated with this scheme. 
Firstly, although it is possible to calculate an explicit solution to this problem, in the event of 
actuator reconfiguration, such as an actuator failure, this explicit solution would need to be 
recalculated, which can be computationally intensive. Iterative approaches, such as sequential 
quadratic programming, can be implemented that allow for actuator failures, but this method 
has the potential to require several iterations of the programming problem be solved at each 
control sample interval. Again, this can be a computationally intensive task. 
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3.3.3 2-Stage scheme 
A third scheme that is proposed here for the implementation of the control allocation is to 
break the control allocation problem into two smaller sub-problems, as seen in Figure 2, 
where the first sub-problem addresses control allocation to the main propeller and control 
surfaces, and the second addresses control allocation to the tunnel thrusters. Using this type 
of scheme, the control surfaces can firstly be used to their full extent in order to realise the 
generalised force as closely as possible. Only after full utilisation of the control surfaces 
occurs will the tunnel thrusters be introduced to provide forces and moments that the 
surfaces alone cannot produce. Using this methodology, the low power consumption 
control surfaces will be used as much as possible, while the higher power consumption 
tunnel thrusters will be called upon only when required to provide the extra manoeuvring 
capabilities that they possess. Furthermore, in a situation where accurate manoeuvring is 
not required, such as traversing from one waypoint to the next with no concern for what 
trajectory the vehicle follows, the second stage can be disabled such that no tunnel thruster 
is used, and control is performed entirely by the main propeller and control surfaces. 
However, if trajectory tracking is desired, the thruster allocation module can still be enabled. 
This will allow for the situation when the control surfaces provide inadequate force to the 
vehicle, and therefore the thrusters can assist in providing the extra force required to 
maintain the vehicle tracking the desired trajectory. 
 
 

 
 

Fig. 2. 2-Stage Control Allocation Scheme Block Diagram. 

Implementation of this scheme would look somewhat like a 2-stage non-optimal scheme, as 
seen in Figure 2. The first stage would require the matrix operation (TK)-1τ for the main 
propeller and control surfaces in order to obtain as much force required from these 
actuators. An estimate of the force produced for this particular set of control values would 
then be calculated such that this force estimate can be subtracted from the total force 
required. Any residual force requirement would then become the input to the second stage 
of the control allocation, which would perform the matrix operation ( ) 1TK τ−  for the tunnel 
thrusters in order for these actuators to provide any extra force that the control surfaces 
cannot deliver alone. Therefore, the computational requirement for this scheme is quite 
minimal compared to the quadratic programming scheme, yet still heavily biases the use of 
control surfaces over tunnel thrusters. 
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4. Overall control system 
Overall, the control system of any autonomous underwater vehicle consists of a control law 
module and a control allocation module. The former is responsible for generating the 
generalised force in 6 DoF based on current and desired states, while the latter is responsible 
for distributing this generalised force amongst the actuators of the vehicle. Due to the 
modularity of such a control system, each of these subsystems can be designed and 
implemented independently, yet both must work cooperatively in order to accurately 
control the vehicle. 
As discussed, the inputs to the control system are the desired state from the guidance 
system, and the current state from the navigation system. These are also the inputs to the 
control law. The outputs from the control system are the control signals that are sent to the 
individual actuators on the vehicle, which are the outputs generated by the control 
allocation. The intermediate signals connecting the control law to the control allocation are 
the 6 DoF generalised forces which are the outputs from the control law and therefore the 
inputs to the control allocation. Figure 3 shows the overall control system. As can be seen, 
the modularity of the system allows for control laws and control allocation schemes to be 
easily replaced, provided the inputs and outputs are of the same dimensions. 
 
 
 
 
 

 
 
 

Fig. 3. Overall Control System Block Diagram. 

For comparison purposes, both the uncoupled SMC law and the coupled SMC law are 
simulated here. Both simulations consist of identical control allocation modules that contain 
the previously described 2-stage scheme. The vehicle model used for these simulations is 
based on that which was proposed by Prestero (2001a, 2001b). This is a mathematical model 
for the REMUS (Remote Environmental Monitoring Unit) underwater vehicle developed by 
the Woods Hole Oceanographic Institute’s Oceanographic Systems Laboratory. Alterations 
have been made to this model, based on current technology, which enable the vehicle to 
become fully actuated. These changes include the placement of four tunnel thrusters, two 
fore and two aft, such that sway, heave, pitch, and yaw motions are possible without any 
water flow over the control surfaces. Furthermore, the position of the vertical thrusters 
along the y-axis of the body, and the position of the horizontal thrusters along the z-axis of 
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the body are set to 0m. Hence, there is no roll moment applied to the vehicle when these 
thrusters are activated. The thrusters introduced to the model are based on the 70mm 
IntegratedThrusterTM produced by TSL Technology Ltd. This particular device can provide 
a maximum thrust of 42N, and due to its compact size, is well suited to this particular 
application. Also, the propulsion unit has been altered within the model. The simulation 
model used contains a propulsion unit based on the Tecnadyne Model 540 thruster. This 
device is able to provide approximately 93.2N of thrust and, with a propeller diameter of 
15.2cm, is therefore well suited for this application. 
The trajectory that the vehicle is asked to follow here consists of a series of unit step 
inputs applied to each DoF. The translational DoFs experience a step input of 1 metre 
whereas the rotational DoFs experience a step input of 1 radian, or approximately 60°. All 
inputs are applied for a period of 20 seconds, such that both transient and steady state 
behaviour can be observed. These unit step inputs excite the vehicle in all combinations of 
DoFs, from a single DoF, through to all DoFs being excited at once. This simulation 
assumes no water current, and therefore no water flow over the vehicle when it is 
stationary. Hence, roll cannot be compensated for when stationary and for this reason this 
simulation does not excite the roll component of the model. All other DoFs are excited, 
however. 
Due to the way the aforementioned trajectory is supplied to the vehicle model, no guidance 
system is present. The step inputs will be applied at set times regardless of the state of the 
vehicle, and therefore observation of the control performance can be observed without 
influence from unnecessary systems. Therefore total execution time is constant for all 
simulations. Performance metrics used here in evaluating each control system is the 
accumulated absolute error between the desired translation/rotation and actual 
translation/rotation for each DoF. By looking at the following plots, observations can be 
made regarding such time-domain properties as rise time, settling time and percentage 
overshoot. 
Figures 4-13 show the desired and actual trajectories for each individual DoF when this 
complex set of manoeuvres is applied to both the uncoupled SMC and the coupled SMC. 
Figures 4, 6, 8, 10 and 12 show the complete trajectory for each DoF, while Figures 5, 7, 9, 11 
and 13 show these same trajectories with the focus being on the last 300 seconds of the 
mission. This latter section of the mission is when multiple DoFs, particularly the rotational 
DoFs, are excited simultaneously. 
Figure 4 shows the surge motion of the vehicle for the two different control systems. As can 
be seen, both systems exhibit desired properties for the first 180 seconds. During this period, 
all manoeuvring is exciting only the translational DoFs which the main propeller and tunnel 
thrusters can handle independently. After 180 seconds, the other DoFs are also excited, and 
the effect of this combined motion produces significant overshoots, especially for the 
uncoupled system, within the surge motion of the vehicle. This is more easily seen in Figure 
5 where the larger overshoots can be seen for the uncoupled system compared to the 
coupled system. 
The sway motion of the AUV is shown in Figure 6. Minor overshooting is observed for both 
systems, especially when rotational DoFs are excited in combination with the translational 
DoFs. This can be observed in Figure 7. However, when the sway motion is excited, 
convergence to the desired set point is observed. 
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Fig. 4. Surge trajectory. 

 

 
Fig. 5. Surge trajectory magnified. 

Heave motion is shown in Figure 8. Here, the initial position of the vehicle is chosen to be 10 
metres below the surface of the water, such that the vehicle is completely submerged for the 
entire trajectory. When observing the heave motion in Figure 9, it is clear that when heave is 
excited, convergence to the desired set point is achieved. However, it is also evident that 
significant coupling exists between this DoF and other DoFs as divergence from the desired 
set point occurs when the heave motion is not excited. 
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Fig. 6. Sway trajectory. 

 

 
Fig. 7. Sway trajectory magnified. 

Pitch motion is observed in Figure 10. The first observation that can be made from this plot 
is the relatively large spikes in the motion for both the coupled and uncoupled systems 
between 800 seconds and 1000 seconds. The second observation is that a steady state error is 
observed when the uncoupled system attempts a pitch of 1 radian. This is more clearly 
observed in Figure 11. Due to the vertical offset of the vehicle’s centre of buoyancy from its 
centre of gravity, a restorative moment will always be applied to the vehicle for non-zero 
pitch angles. This plot indicates that it is difficult for the uncoupled system to compensate 
for this effect. However, the coupled system is able to not only eliminate this steady state 
error, it also has significantly smaller overshoot in general, as can be seen in Figure 10. 
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Fig. 8. Heave trajectory. 

 

 
Fig. 9. Heave trajectory magnified. 

Figure 12 shows the desired yaw motion of the vehicle. Here we can see significant 
overshooting from both systems, especially during the time period before the yaw motion is 
excited. By observing Figure 13, it can be seen that the coupled system achieves faster 
dynamics in terms of rise time, but the cost of this is overshoot. The uncoupled system has 
significantly less overshoot, and this is due to it taking slightly longer to react to trajectory 
changes.  
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Fig. 10. Pitch trajectory. 

 

 
Fig. 11. Pitch trajectory magnified. 

Overall, the simulation trajectory used here is extremely complex as it excites all possible 
combinations of DoFs without any water current present. This level of complexity allows for 
the coupling that exists between DoFs within an AUV model to be highlighted. For example, 
looking at the period of 0 to 660 seconds in Figure 12, the yaw motion is not being excited, 
yet motion in this DoF is observed. This coupling between multiple DoFs is the reason why 
controlling AUVs is a complex and challenging task. 
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Fig. 12. Yaw trajectory. 
 

 
Fig. 13. Yaw trajectory magnified. 

Furthermore, if the absolute error between actual and desired position is accumulated over 
the entire mission for each DoF, a measure of the accuracy of the control system can be 
obtained. A comparison can be made using Table 1. Here, we can see that by summing 
together the values obtained from the three translational DoFs, the coupled system 
improves upon the uncoupled system by 9.75%, while by summing together the values 
obtained from the three rotational DoFs, the coupled improves upon the uncoupled system 
by 23.87%. This indicates that the coupled system is superior to the uncoupled system for 
both translational and rotational motion, when looking at the accumulated absolute error. 
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Control System Accumulated Absolute 
Translational Error 

Accumulated Absolute 
Rotational Error 

Uncoupled System 1.3173x104 (metres) 8.3713x103 (radians) 
Coupled System 1.2003x104 (metres) 6.7580x103 (radians) 

Table 1. Accumulated Absolute Translational and Rotational Errors. 

5. Conclusions 
Due to the increased adoption of AUVs for civilian and defence operations, accuracy and 
reliability are two key factors that enable an AUV to successfully complete its mission. The 
control system is just one of the various components within the autonomy architecture of an 
AUV that helps in achieving this goal. Within the control system, the control law should be 
robust to both external disturbances and model parameter uncertainties, while the control 
allocation should utilise the various actuators of the vehicle to apply the desired forces to 
the vehicle while minimising the power expended. 
PID control has been successfully implemented on a variety of systems to effectively 
provide compensation. However, since PID control is better suited to linear models, the 
level of performance provided by PID control is not to the same standard as other, 
particularly nonlinear, control schemes when applied to complex nonlinear systems. Sliding 
mode control has proven to be a control law that is robust to parameter uncertainties, and 
therefore is a prime candidate for implementation within this context due to the highly 
complex coupled nonlinear underwater vehicle model. Active utilisation of the coupled 
structure of this model is what coupled SMC attempts to achieve, such that induced motion 
in one DoF due to motion in another DoF is adequately compensated for. This is where 
coupled SMC has a distinct advantage over uncoupled SMC for trajectory tracking 
applications when multiple DoFs are excited at once. 
Various schemes exist for control allocation with the ultimate goal being to apply the 
desired generalised forces while minimising power consumption, both due to the actuator 
usage and computational demands. Non-optimal schemes exist where a generalised inverse 
of the force produced by all actuators is used as the allocation scheme, with the limitation 
being that there is no functionality to bias actuators under certain operating conditions, such 
as utilising control surfaces over thrusters during relatively high speed manoeuvring. 
Quadratic programming incorporates a weighting matrix that can bias control surface usage 
over tunnel thrusters, and has been implemented both online and offline, with each having 
advantages and disadvantages. Online optimisation allows for changes to the actuator 
configuration, such as failures or varied saturation limits, but is computationally 
demanding. Offline optimisation is less computationally demanding during mission 
execution, but cannot allow for altered actuator dynamics. A compromise between these 
schemes is the proposed 2-stage scheme where control surfaces are utilised to their full 
extent, and the tunnel thrusters used only when needed. 
Overall, the goal of the control system is to provide adequate compensation to the vehicle, 
even in the presence of unknown and unmodelled uncertainties while also minimising 
power consumption and therefore extending mission duration. Choosing wisely both the 
control law and the control allocation scheme within the overall control system is 
fundamental to achieving both of these goals. 
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1. Introduction

This chapter discusses the development of a short range acoustic communication channel
model and its properties for the design and evaluation of MAC (Medium Access Control)
and routing protocols, to support network enabled Autonomous Underwater Vehicles (AUV).
The growth of underwater operations has required data communication between various
heterogeneous underwater and surface based communication nodes. AUVs are one such
node, however, in the future, AUV’s will be expected to be deployed in a swarm fashion
operating as an ad-hoc sensor network. In this case, the swarm network itself will be
developed with homogeneous nodes, that is each being identical, as shown in Figure 1, with
the swarm network then interfacing with other fixed underwater communication nodes. The
focus of this chapter is on the reliable data communication between AUVs that is essential to
exploit the collective behaviour of a swarm network.
A simple 2-dimensional (2D) topology, as shown in Figure 1(b), will be used to investigated
swarm based operations of AUVs. The vehicles within the swarm will move together, in a
decentralised, self organising, ad-hoc network with all vehicles hovering at the same depth.
Figure 1(b) shows the vehicles arranged in a 2D horizontal pattern above the ocean floor

(a) AUV Swarm demonstrating stylised
SeaVision©vehicles
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giving the swarm the maximum coverage area at a single depth, while forming a multi-hop
communication network. The coverage area will depend on application. For example, the
exploration of oil and gas deposits underwater using hydrocarbon sensing would initially
require a broad structure scanning a large ocean footprint before narrowing the range between
vehicles as the sensing begins to target an area. Thus vehicles may need to work as closely
as 10 m with inter-node communication distance extending out to 500 m. These operating
distances are substantially shorter than the more traditional operations of submarines and
underwater sensor to surface nodes that have generally operated at greater than 1km. Thus,
the modelling and equipment development for the communication needs of these operations
has focused on longer range data transmission and channel modelling. To exploit the full
benefits of short range communication systems it is necessary to study the properties of short
range communication channels.
Most AUV development work has concentrated on the vehicles themselves and their
operations as a single unit (Dunbabin et al., 2005; Holmes et al., 2005), without giving
much attention to the development of the swarm architecture which requires wireless
communication networking infrastructure. To develop swarm architectures it is necessary to
research effective communication and networking techniques in an underwater environment.
Swarm operation has many benefits over single vehicle use. The ability to scan or ’sense’
a wider area and to work collaboratively has the potential to vastly improve the efficiency
and effectiveness of mission operations. Collaboration within the swarm structure will
facilitate improved operations by building on the ability to operate as a team which will result
in emergent behaviours that are not exhibited by individual vehicles. A swarm working
collaboratively can also help to mitigate the problem of high propagation delay and lack
of bandwidth available in underwater communication environments. Swarm topology will
facilitate improved communication performance by utilising the inherent spatial diversity
that exists in a large structure. For example, information can be transmitted more reliably
within a swarm architecture by using multi-hop networking techniques. In such cases, loss
of an individual AUV, which can be expected at times in the unforgiving ocean environment,
will have less detrimental effect compared to a structure where multiple vehicles operate on
their own. (Stojanovic, 2008).
The underwater acoustic communication channel is recognised as one of the harshest
environments for data communication, with long range calculations of optimal channel
capacity of less than 50kbps for SNR (Signal-to-Nosie Ratio) of 20dB (Stojanovic, 2006) with
current modem capacities of less than 10kbps (Walree, 2007). Predictability of the channel
is very difficult with the conditions constantly changing due to seasons, weather, and the
physical surroundings of sea floor, depth, salinity and temperature. Therefore, it must be
recognised that any channel model needs to be adaptable so that the model can simulate the
channel dynamics to be able to fully analyse the performance of underwater networks.
In general, the performance of an acoustic communication system underwater is characterised
by various losses that are both range and frequency dependent, background noise that is
frequency dependent and bandwidth and transmitter power that are both range dependent.
The constraints imposed on the performance of a communication system when using an
acoustic channel are the high latency due to the slow speed of the acoustic signal propagation,
at 0.67 ms/m (compared with RF (Radio Frequency) in air at 3.3 ns/m), and the signal fading
properties due to absorption and multipath. Specific constraints on the performance due to
the mobility of AUV swarms is the Doppler effect resulting from any relative motion between
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a transmitter and a receiver, including any natural motion present in the oceans from waves,
currents and tides.
Noise in the ocean is frequency dependent. There are three major contributors to noise
underwater: ambient noise which represents the noise in the far field; self noise of the vehicle
(considered out of band noise); and intermittent noise sources including noises from biological
sources such as snapping shrimp, ice cracking and rain. Ambient noise is therefore the
component of noise taken into account in acoustic communication performance calculations.
It is characterised as a Gaussian Distribution but it is not white as it does not display a
constant power spectral density. For the frequencies of interest for underwater acoustic
data communication, from 10 to 100 kHz, the ambient noise value decreases with increasing
frequency. Therefore, using higher signal frequencies, which show potential for use in shorter
range communication, will be less vulnerable to the impact of ambient noise.
Short range underwater communication systems have two key advantages over longer range
operations; a lower end-to-end delay and a lower signal attenuation. End-to-end propagation
at 500 m for example is approximately 0.3 sec which is considerable lower than the 2 sec at
3 km but still critical as a design parameter for shorter range underwater MAC protocols.
The lower signal attenuation means potentially lower transmitter power requirements which
will result in reduced energy consumption which is critical for AUVs that rely on battery
power. Battery recharge or replacement during a mission is difficult and costly. The dynamics
associated with attenuation also changes at short range where the spreading component
dominates over the absorption component, which means less dependency on temperature,
salinity and depth (pressure). This also signifies less emphasis on frequency as the frequency
dependent part of attenuation is in the absorption component and thus will allow the use
of higher signal frequencies and higher bandwidths at short ranges. This potential needs
to be exploited to significantly improve the performance of an underwater swarm network
communication system.
A significant challenge for data transmission underwater is multipath fading. The effect of
multipath fading depends on channel geometry and the presence of various objects in the
propagation channel. Multipath’s occur due to reflections (predominately in shallow water),
refractions and acoustic ducting (deep water channels), which create a number of additional
propagation paths, and depending on their relative strengths and delay values can impact on
the error rates at the receiver. The bit error is generated as a result of inter symbol interference
(ISI) caused by these multipath signals. For very short range single transmitter-receiver
systems, there could be some minimisation of multipath signals (Hajenko & Benson, 2010;
Waite, 2005). For swarm operations, however, there is potentially a different mix of multipath
signals that need to be taken into account, in particular, those generated due to the other
vehicles in the swarm.
Careful consideration of the physical layer parameters and their appropriate design will help
maximise the advantages of a short range communications system that needs to utilise the
limited resources available in an underwater acoustic networking environment.
The following section will introduce the parameters associated with acoustic data
transmission underwater. The underwater data transmission channel characteristics will be
presented in Section 3 with a discussion of the advantages and disadvantages of the short
range channel. Section 4 will show how these will impact on AUV swarm communications
and the development of a short range channel model for the design and evaluation of MAC
and routing protocols. This is followed in Section 5 by a discussion of the protocol techniques
required for AUV swarm network design.
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2. Introduction to acoustic underwater communication network

The underwater data communication link and networking environment presents a
substantially different channel to the RF data communication channel in the terrestrial
atmosphere. Figure 2 illustrates a typical underwater environment for data transmission using
a single transmitter-receiver pair.

Fig. 2. Underwater Acoustic Environment

A simple schematic of the data transmission scheme involving a projector (transmitter) and a
hydrophone (receiver) is presented in Figure 3. The projector takes the collected sensor and
navigational data and formats it into packets at the Data Source and this is then modulated
with the carrier frequency. The modulated signal is amplified to a level sufficient for signal
reception at the receiver. There is an optimum amplification level as there is a trade-off
between error free transmission and conservation of battery energy. The acoustic power
radiated from the projector as a ratio to the electrical power supplied to it, is the efficiency ηtx
of the projector and represented by the Electrical to Acoustic conversion block. On the receiver
side, the sensitivity of the hydrophone converts the sound pressure that hits the hydrophone
to electrical energy, calculated in dB/V. Signal detection, includes amplification and shaping
of the input to determine a discernible signal. Here a detection threshold needs to be reached
and is evaluated as the ratio of the mean signal power to mean noise power (SNR). The carrier
frequency is then supplied for demodulation, before the transmitted data is available for use
within the vehicle for either data storage or for input into the vehicles control and navigation
requirements.
Underwater data communication links generally support low data rates mainly due to the
constraints of the communication channel. The main constraints are the high propagation
delay, lower effective SNR and lower bandwidth. The effects of these constraints could be
reduced by using short distance links and the use of multi-hop communication techniques to
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cover longer transmission ranges. For an AUV swarm network, use of the above techniques
could be crucial to design an effective underwater network. To develop a multi-node
swarm network it is necessary to manage all point to point links using a medium access
control (MAC) protocol. In a multi-access communication system like a swarm network a
transmission channel is shared by many transceivers in an orderly fashion to transmit data
in an interference free mode. Figure 2 shows a point to point communication link with two
AUVs. When a network is scaled up to support N number of AUVs then it becomes necessary
to control multiple point to point or point to multi-point links.
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Fig. 3. Block Diagram of Projector and Hydrophone

To control the transmission of data it is necessary to design an effective MAC protocol which
can control transmission of information from different AUVs. The design of a MAC protocol
in a swarm network could be more complex if a multi-hop communication technique is
used. The multi-hop communication technique will allow a scalable network design as well
as it can support long distance transmission without the need of high power transmitter
and receiver circuits. For example, using a multi-hop communication technique if AUV3
in Figure 1(b) wants to transmit packets to AUV7 then it can potentially use a number
of communication paths to transmit packets. Some of the possible paths from AUV3 to
AUV7 are: AUV3-AUV2-AUV1-AUV4-AUV7 or AUV3-AUV6-AUV9-AUV8-AUV7. The path
selection in a network is controlled by the routing protocols. Optimum routing protocols
generally select transmission paths based on a number of factors. However, the main
factor used to select an optimum path in a wireless network is the SNR which indicates
the quality of a link. Similarly the MAC protocol will use the transmission channel state
information to develop an optimum packet access technique. To effectively design these
protocols it is necessary to understand the properties of short range underwater channel
characteristics. Before moving into the protocol design issues we will first evaluate the short
range underwater channel characteristics in the following Sections.

3. Underwater data transmission channel characteristics

This section will focus on the parameters of the ocean channel that will affect the acoustic
signal propagation from the projector to the hydrophone. There are well established
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underwater channel models that will be used to derive and present the data transmission
characteristics for a short-range link.

3.1 Acoustic signal level
The projector source level, SLtprojector, is generally defined in terms of the sound pressure
level at a reference distance of 1 m from its acoustic centre. The source intensity at this
reference range is I = Ptx/Area (W/m2) and measured in dB ’re 1 μPa’ but strictly meaning
’re the intensity due to a pressure of 1 μPa’. For an omni directional projector the surface
area is a sphere (4πr2 = 12.6m2). Thus, SLprojector = 10log((Ptx/12.6)/Ire f ) dB, where Ptx
is the total acoustic power consumed by projector and the reference wave has an intensity:
Ire f = (Pare f )

2/ρ ∗ c (Wm−2) where reference pressure level; Pare f is 1 μPa, ρ is the density
of the medium and; c is the speed of sound (averages for sea water: ρ = 1025 kg/m3 and
c=1500 m/s) (Coates, 1989; Urick, 1967).
The equation for the transmitter acoustic signal level (SLprojector) at 1 m for an
omni-directional projector can be written:

SLprojector(P) = 170.8 + 10logPtx dB (1)

If the projector is directional, then the projector directivity index is DItx = 10log( Idir
Iomni

) where
Iomni is the intensity if spread spherically and Idir is the intensity along the axis of the beam
pattern. Directivity can increase the source level by 20dB (Waite, 2005). The more general
equation for the transmitter acoustic signal level (SLprojector) can be written:

SLprojector(P, η, DI) = 170.8 + 10logPtx + 10logηtx + DItx dB (2)

where the efficiency of the projector ηtx takes into account the losses associated with the
electrical to acoustic conversion as shown in Figure 3, thus reducing the actual SL radiated
by the projector. This efficiency is bandwidth dependent and can vary from 0.2 to 0.7 for a
tuned projector (Waite, 2005).

3.2 Signal attenuation
Sound propagation in the ocean is influenced by the physical and chemical properties of
seawater and by the geometry of the channel itself. An acoustic signal underwater experiences
attenuation due to spreading and absorption. In addition, depending on channel geometry
multipath fading may be experienced at the hydrophone. Path loss is the measure of the lost
signal intensity from projector to hydrophone. Understanding and establishing a accurate
path loss model is critical to the calculations of Signal-to-Noise ratio (SNR).

3.2.1 Spreading loss
Spreading loss is due to the expanding area that the sound signal encompasses as it
geometrically spreads outward from the source.

PLspreading(r) = k ∗ 10log(r) dB (3)

where r is the range in meters and k is the spreading factor.
When the medium in which signal transmission occurs is unbounded, the spreading is
spherical and the spreading factor k=2 whereas in bounded spreading, considered as
cylindrical k=1. Urick (1967) suggested that spherical spreading was a rare occurrence in
the ocean but recognised it may exist at short ranges. As AUV swarm operations will occur
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at short range it is likely that spherical spreading will need to be considered which means
a higher attenuation value. Spreading loss is a logarithmic relationship with range and its
impacts on the signal is most significant at very short range up to approximately 50m as
seen in Figure 5(a). At these shorter ranges spreading loss plays a proportionally larger part
compared with the absorption term (which has a linear relationship with range).

3.2.2 Absorption loss
The absorption loss is a representation of the energy loss in the form of heat due to the
viscous friction and ionic relaxation that occurs as the wave generated by an acoustic signal
propagates outwards and this loss varies linearly with range as follows:

PLabsorption(r, f ) = 10log(α( f )) ∗ r dB (4)

where r is range in kilometres and α is the absorption coefficient.
More specifically the absorption of sound in seawater is caused by three dominant effects;
viscosity (shear and volume) , ionic relaxation of boric acid and magnesium sulphate
(MgSO4) molecules and the relaxation time. The effect of viscosity is significant at high
frequencies above 100 kHz, whereas the ionic relaxation effects of magnesium affect the mid
frequency range from 10 kHz up to 100 kHz and boric acid at low frequencies up to a few kHz.
In general, the absorption coefficient, α, increases with increasing frequency and decreases
as depth increases (Domingo, 2008; Sehgal et al., 2009) and is significantly higher in the sea
compared with fresh water due predominately to the ionic relaxation factor.
Extensive measurements of absorption losses over the last half century has lead to several
empirical formulae which take into account frequency, salinity, temperature, pH, depth and
speed of sound. A popular version is Thorp’s expression (Thorp, 1965), Equation 5, which is
based on his initial investigations in the 60’s and has since been converted into metric units
(shown here). It is valid for frequencies from 100Hz to 1MHz and is based on seawater with
salinity of 35% ppt, pH of 8, temp of 4◦C and depth of 0 m (atmospheric pressure) which is
assumed but not stated by Thorp.

α( f ) =
0.11 f 2

1 + f 2 +
44 f 2

4100 + f 2 + 2.75 × 10−4 f 2 + 0.0033 dB/km (5)

Fisher and Simmons (1977) and others (Francois & Garrison, 1982) have since proposed
other variations of α. In particular, Fisher and Simmons in the late 70’s found the effect
associated with the relaxation of boric acid on absorption and provided a more detailed
form of absorption coefficient α in dB/km which varies with frequency, pressure (depth) and
temperature (also valid for 100 Hz to 1 MHz with salinity 35% ppt and acidity 8 pH)(Fisher &
Simmons, 1977; Sehgal et al., 2009), given in Equation 6.

α( f , d, t) =
A1 f1 f 2

f 2
1 + f 2

+
A2P2 f2 f 2

f 2
2 + f 2

+ A3P3 f 2 dB/km (6)

where d is depth in meters and t is temperature in ◦C. The ’A’ coefficients represent the effects
of temperature, while the ’P’ coefficients represent ocean depth (pressure) and f1, f2 represent
the relaxation frequencies of Boric acid and (MgSO4) molecules. These terms were developed
by Fisher and Simmons (1977) and presented more recently by (Domingo, 2008; Sehgal et al.,
2009).
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Fig. 4. Absorption Coefficient vs Frequency

Figure 4 shows the absorption coefficients in dB/km vs signal frequency for both Thorp
and Fisher and Simmons coefficients and shows that in general α increases with increasing
frequency at any fixed temperature and depth. Up until around 80kHz temperature change
has a more significant affect on α than depth (Waite, 2005), but above these frequencies depth
begins to dominate (Domingo, 2008; Sehgal et al., 2009). In any case, Thorps ’approximation’ is
quite close to Fisher and Simmons and is clearly more conservative at the frequencies shown.
Sehgal (2009) shows that at higher frequencies above 300kHz, Thorps model predicts lower
losses as it does not take into account the relaxation frequencies found by Fisher and Simmons.
If depth and frequency are fixed and temperature varied from 0 to 27 ◦C, there is a decrease
in α of approximately 4 dB/km for frequencies in the range of 30 to 60kHz which correlates
to work presented by Urick (Urick, 1967)(Fig5.3 pg 89). If we consider where AUV swarms
are most likely to operate, in the ’mixed surface layer’, where temperature varies considerable
due to latitude (but has an average temp of 17◦C (Johnson, 2011)), temperature may be an
important factor. It should be noted that if operating in lower temperatures α is higher and
thus using 0◦C will be a conservative alternative. At shorter ranges, the significance of α is
expected to be less due to the linear relationship with range which will be discussed further
in this chapter.
As mentioned, depth (pressure) has less of an effect on α than temperature at these
lower frequencies. Domingo (Domingo, 2008) investigates the effect of depth (pressure) on
absorption and confirms that for lower frequencies of less than 100kHz there is less change in
α. More specifically Urick (1967) defined the variation by: αd = α ∗ 10−3(1 − 5.9 ∗ 10−6) ∗ d
dB/m (where d = depth in meters) but has also suggested an approximation of a 2% decrease
for every 300 m depth. Thus, depth (pressure) variations are not expected to play a significant
role in short range AUV swarm operations especially those that use a 2D horizontal topology
as described in this chapter.

3.3 Path loss
Total path loss is the combined contribution of both the spreading and absorption losses.
Urick (1967) established that this formula of spreading plus absorption yields a reasonable
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agreement with long range observations.

PathLoss(r, f , d, t) = k ∗ 10log(r) + α( f , d, t) ∗ r ∗ 10−3 (7)

(a) Signal Attenuation showing spherical
spreading and absorption factors

(b) Comparing Absorption Models using spherical
spreading. Frequency change shown using Thorp
Model and Temperature ◦’C’ and Depth ’m’ changes
shown in Fisher and Simmons Model.

Fig. 5. Path Loss vs Range

For very short range communication (below 50 m), see Figure 5(a), the contribution of the
absorption term is less significant than the spreading term. It can be seen in Figure 5(b) that
the Thorp model shows a conservative or worst case value for the ranges of interest up to
500 m. The Fisher and Simmons model for a particular frequency however provides some
insight into the variations due to depth and temperature. However, the spreading factor k has
the most significant affect on Path Loss, seen in Figure 5(a), at these shorter ranges according
to these models.
As range increases and the absorption term begins to dominate, any variations in α also
becomes more significant. For data communication, the changes in the attenuation due to
signal frequency are particularly important as the use of higher frequencies will potentially
provide higher data rates.
In summary using the two models, Thorp and Fisher and Simmons, the two important
characteristics that can be drawn from Path Loss at the short ranges of interest for AUV swarm
operation are:

• spreading loss dominates over absorption loss, and thus the ’k’ term has a significant
impact on the attenuation of the signal at shorter ranges as illustrated in Figure 5 (a). For
AUV swarm operations and while the range between vehicles is much less than depth
spherical spreading can be assumed, and

• at the ranges below 500 m the frequency component of absorption loss is most significant
compared with the possible temperature and pressure (depth) changes as seen in Figure
5(b) and as range increases the difference also increases, effectively meaning that the
communication channel is band-limited and available bandwidth is a decreasing function
of range.
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3.4 Underwater multipath characteristics
Multipath signals, in general, represent acoustic energy loss, however, for communication
systems it is the Inter Symbol Interference (ISI) that will also be detrimental at the receiver as
it can significantly increase the error rate of the received signal. Multipath signals are created
underwater through various mechanisms described in this section, so that, at the receiver
many components of the original signal will arrive at different times due to the different length
of propagation paths the multipath signals have taken. It is this delay spread of the signal
component arrivals that can cause ISI to occur if they overlap with previous or future signal
arrivals which will cause symbol corruption or loss and therefore bit errors. As the speed of
sound propagation is very slow in an acoustic channel this delay spread can be significant.
There are two major mechanisms responsible for creating multi-path signals and these are:
reverberation, which refers to the reflections and scattering of the sound signal; and ray
bending, which is a result of the unique sound speed structure in the oceans which create
temperature gradient channels that trap acoustic signals. Multi-path signal formation is
therefore determined by the geometry of the channel in which transmission is taking place,
the location of the transmitter and receiver, and importantly the depth at which it is occurring.
In shallow water, multi-path is due predominately to reverberation whereas in deep water it is
dominated by ray bending, although reverberation will occur in deep water if the transmitter
and receiver are located near the surface or bottom (Coates, 1989; Domingo, 2008; Etter, 2003;
Urick, 1967).
There are several physical effects which create reverberation underwater;

• Multi-path propagation caused by boundary reflections at the sea-floor or sea-surface, seen
in Figure 2.

• Multi-path propagation caused by reflection from objects suspended in the water, marine
animals or plants or bubbles in the path of the transmitted signal

• Surface scattering caused by sea-surface (waves) or sea-floor roughness or surface
absorption, particularly on the sea bottom depending on material

• Volume scattering caused by refractive off objects suspended in the signal path

Ray bending, causes various propagation path loss mechanisms in deep water depending on
the placement of transmitter and receivers. The propagating acoustic signal bends according
to Snell’s Law, to lower signal speed zones. Figure 6 shows a typical ocean Sound Speed
Profile, although variations occur with location and seasons. The profile is depth dependent,
where sound speed is influenced more by temperature in the surface layers and by pressure
at greater depths.
The various path loss mechanisms include; (Domingo, 2008)

• Surface duct, Figure 7(a) occurs when the surface layer has a positive temperature gradient,
the acoustic signals can bend back towards the surface, then reflect back into the layer off
the surface

• Deep Sound Channel, sometimes referred to as the SOFAR (Sound Fixing and Ranging)
channel, where acoustic propagation occurs above and below the level of minimum sound
speed, when the sound rays continually are bent towards the depth of minimum speed,
shown in Figure 7(a)

• Convergence zone, in deep water areas when the transmitter is located quite close to the
surface and the sound rays bend downwards as a result of decreasing temperatures until
the increase in pressure forces the rays back towards the surface, as shown in Figure 7(b)
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Fig. 6. Typical Sound Speed Profile in the Ocean Cox (1974)

• Reliable acoustic path, which occurs when the transmitter is located in very deep water
and receiver in shallow water. Referred to as reliable as it is not generally affected by
bottom or surface reflections, as shown in Figure 7(b) and

• Shadow zones that are considered a special case, as these ’zones’ are void from any signal
propagation. This means that in Shadow zones a hydrophone may not receive any signal
at all.

Thus the geometry of the channel being used is a major determinate of the number of
significant propagation paths and their relative strengths and delays. Apart from the Shadow
Zones where no signal or multipath components of the signal can reach the hydrophone, the
hydrophone may receive the direct signal and a combination of various multipath signals
that have been reflected, scattered or bent. It is these multiple components of the signal that
are delayed in time due to the various path lengths that may create ISI and errors in symbol
detection.
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Fig. 7. Ray Bending Path Loss Mechanisms
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For very short range channels that will be used in AUV swarm operations, multipath will
be influenced also by the range-depth ratio, which is expected to produce fewer multipath
signals at the hydrophone (Hajenko & Benson, 2010; Parrish et al., 2007). In addition some
improvement can be gained through directing the beam of the transmitted signal and the
directional properties of the receiver (Essebbar et al., 1994), however this will require an
additional level of complexity for mobile AUV’s due to the need for vehicle positioning before
sending or when receiving a signal.
Most of the discussion so far has focused on time-invariant acoustic channel multipath where
deterministic propagation path models have been developed for the various reflective and
ray bending path options. These are significant in themselves with multipath spreads in
the order of 10 to 100 ms. Take Figure 2, where projector and hydrophone are separated
by 100m and are at a depth of 100m, the delay spread between the direct path and the
first surface reflection is ≈ 28 ms. Multipath in an underwater channel, however, also
has time-varying components caused by the surface or volume scattering or by internal
waves in deep water that are responsible for random signal fluctuations. Unlike in radio
channels, the statistical characterisation of these random processes in the underwater channel
are in their early development stages. Experimental results have shown that depending
on the day, the location and the depth of communication link, the results of multipath can
follow one of the deterministic models discussed here to worst case coherence times in the
order of seconds(Stojanovic, 2006). Another source of time variability in an underwater
communication channel occurs when there is relative motion between the transmitter and
receiver as will be briefly discussed in the following sub-section.

3.5 The doppler effect
The motion of AUV’s relative to each other will cause two possible forms of Doppler distortion
in the received signal, Doppler Shifting caused by an apparent shift in frequency as the
vehicles move towards or away from each other and Doppler Spreading or its time domain
dual coherence time, which is the measure of the time varying nature of the frequency
dispersiveness in the doppler spectrum (Rappaport, 1996). The doppler shift (Δ f ) of a received
signal is fc

Δv
c where fc is the original signal frequency and Δv is the relative velocity between

the moving vehicles. As an example, if the vehicles were moving at a moderately slow speed
of 1 m/s (2 knots) relative to each other and fc = 40kHz the Δ f ≈ 27Hz. Doppler spread
or coherence time measurements as mentioned above can be as long as 1 s. Thus doppler
shifting and spreading cause complications for the receiver to track the time varying changes
in the channel which need to be designed into the channel estimation algorithms and explicit
delay synchronisation approach within communication protocols. As swarm operations for
exploration require rigid topology where there is minimal relative speed differences between
vehicles, the impact of doppler effects diminished somewhat in this context and thus will not
be considered further.

3.6 Noise
There are three major contributors to noise underwater: ambient or background noise of the
ocean; self noise of the vehicle; and intermittent noise including biological noises such as
snapping shrimp, ice cracking and rain. An accurate noise model is critical to the evaluate the
SNR at the hydrophone so that the bit error rates (BER) can be establish to evaluate protocol
performance.
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3.6.1 Ambient noise
Ambient Noise in the ocean has been well defined (Urick, 1967). It can be represented as
Gaussian and having a continuous power spectrum density (psd). It is made up of four
components (outlined below), each having a dominating influence in different portions of
the frequency spectrum.

Fig. 8. Power Spectral density of the Ambient Noise, W - wind, S - shipping

For the frequency region of interest for AUV swarm communication systems (10 kHz to
100 kHz), the ambient noise psd decreases with increasing frequency, refer to Figure 8. At
a frequency over 100kHz the ambient thermal noise component begins to dominate and the
overall noise psd begins to increase, but this point moves further away from the frequencies
of interest for AUV communication particularly as the wind speed increases.

• Turbulence noise influences only the very low frequency regions f < 10Hz
10logNturb( f ) = 17 − 30log( f )

• Shipping noise dominates the 10 - 100Hz region and has defined a shipping activity factor
of s whose value ranges from 0 to 1 for low to high activity respectively:
10logNship( f ) = 40 + 20(s − 0.5) + 26log( f )− 60log( f + 0.03)

• Wave and other surface motion caused by wind and rain is a major factor in the mid
frequency region of 100Hz - 100kHz where wind speed is given by w in m/s:
10logNwind( f ) = 50 + 7.5w1/2 + 20log( f )− 40log( f + 0.4)

• Thermal noise becomes dominate over 100kHz:
10logNth( f ) = −15 + 20log( f )

where wind speed is given by w in m/s (1m/s is approximately 2 knots) and f is in kHz.
Ambient Noise power also decreases with increasing depth as the distance from the surface
and therefore shipping and wind noise becomes more distant. Ambient noise has been shown
to be 9dB higher in shallow water than deep water (Caruthers, 1977). Swarm operations,
as well as other underwater networking operations will mean that communication nodes
including AUV’s will be working in relatively close proximity to other nodes which will add
an additional level of ambient noise to their operations due to the noise of the other vehicles in
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the swarm, irrespective of the operating depth. As will be discussed in the next section on Self
Noise, the expectation is that this additional ’ambient noise’ which relates to the ’Shipping
Noise’ component of ambient noise will have limited affect on the acoustic communication
which generally uses frequencies above 10kHz.

3.6.2 Self noise
Self noise is defined as the noise generated by the vehicle itself as the platform for receiving
signals. This noise can reach the hydrophone mounted on the AUV either through the
mechanical structure or through the water passing over the hydrophone. The degree to
which turbulent flows cause transducer self noise depends on the location (mounting) of the
transducer and its directivity characteristics (Sullivan & Taroudakis, 2008). Self Noise can
also be seen as an equivalent isotropic noise spectrum as presented by Urick from work done
during WWII on submarines. In general, as with ambient noise, there is decreasing levels
of self noise with increases in frequency however self noise is also significantly affected by
speed with decreasing noise spectra when the vessels are travelling at slower speeds or are
stationary (Eckart, 1952; Kinsler et al., 1982; Urick, 1967).
Kinsler (1982) notes that at low frequencies (<1kHz) and slow speeds machinery noise
dominates and at very slow speeds self noise is usually less important than ambient noise.
Whereas at higher frequencies (10kHz) propeller and flow noise begins to dominate and
as speed increases the hydrodynamic noise around the hydrophone increases strongly and
becomes more significant than the machinery noise. This is due to the cavitation from the
propeller due to the entrainment of air bubbles under or on the blade tip of the propeller. At
higher speeds, self noise can be much more significant than ambient noise and can become
the limiting factor.
The self noise of different size and types of vehicles are as varied as there are vehicle designs
and there is little recent published values. Each vehicle itself produces large variations in
self noise with speed and operating conditions (Eckart, 1952). Self noise can be controlled
by selection of motor type, configuration, mounting and motor drivers. The trend for most
AUV’s will be the use of small brush-less DC electric motors which have been used on the
development of the SeaVision vehicle (Mare, 2010). Preliminary testing of self noise on these
vehicles shows an increase in noise due to increases in speed, as has been predicted, but there
was no way to distinguish between machinery and hydrodynamic affects. Higher frequency
components (up to 20kHz) were present as the speed increased due to the increased work
from the thrusters. When the SeaVision vehicle hovered in a stationary position the frequency
of the noise psd centred around 2kHz, which is out of band noise.
Holmes (Holmes et al., 2005) at WHOI recently investigated the self noise of REMUS, their
torpedo shape AUV, used as a towed array. At the maximum RPM of the AUV, the 1/3rd
octave noise level, when converted to source level by the calibrated transmission factor, was
130 dB re 1μPa at 1m directly aft of the vehicle for a centre frequency of 1000 Hz. This would
represent the radiated noise source level for a vehicle moving at 3 knots (1.5m/s). Vehicles
typically radiate less noise in free operating conditions than in tethered conditions, so the
second trail on the REMUS was measuring the radiated noise of the vehicle to examine the
power spectral density of the noise as recorded on the hydrophone array as it was towed
behind the vehicle. The results showed the RPM dependent radiated noise in the aft direction
at a distance of 14.6 m behind the vehicle looking at frequency range up to 2500Hz which is
again out of band noise.
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As the operating frequencies of the communication system is likely to be higher than most self
noise, and the vehicles will operate relatively slowly, the expected contribution of self noise
on the hydrophone reception will be low.

3.6.3 Intermittent sources of noise
The sources of intermittent noise can become very significant in locations or times that
they occur close to operating AUV swarms. The two major areas where research has been
undertaken are in the marine bio-acoustic fields and also the effect of rain and water bubbles
created by raindrops.
Major contributors to underwater bio-acoustic noise include;

• Shellfish - Crustacea - most important here are the snapping scrimp who produce a broad
spectrum of noise between 500Hz and 20kHz

• Fish - toadfish 10 to 50Hz

• Marine mammals - Cetacea - porpoises 20 to 120Hz

Rain creates different noise spectrum to wind and needs to be dealt with separately as it is not
a constant source of noise. Urick (1967) showed examples of increases of almost 30dB in the
5 to 10kHz portion of spectrum in heavy rain, with steady rain increasing noise by 10dB or
sea state equivalent increase from 2 to 6. Eckart (1952) presented average value of rain at the
surface from 100Hz to 10kHz of -17 to 9dB.
These main contributors to intermittent sources predominate in the lower frequency ranges
up to 20kHz. Thus, interference in the operating frequencies of communication data signals is
considered low.

4. Short range channel modelling

Utilising the full capacity of the underwater acoustic channel is extremely important as the
channel exhibits such challenging and limited resources as has been discussed. For short range
data transmission operations there are a number of benefits that can be gained over current
longer range underwater acoustic transmission. These will now be explored further in terms
of data communication protocol design and development. In particular, finding the optimum
signal frequency and bandwidth at different ranges and under various channel conditions
will be evaluated on the basis of using the best Signal-to-Noise ratio (SNR) possible at the
hydrophone. Investigation into channel capacity and BER for various possible modulation
schemes will also be analysed to set up the background to the challenges for MAC and routing
protocol design.

4.1 Frequency dependent component of SNR
The narrowband Signal-to-Noise-Ratio (SNR) observed at the receiver, assuming no
multi-path or doppler losses is given by:

SNR(r, f , d, t, w, s, Ptx) =
SLprojector(Ptx, η, DI)

PathLoss(r, f , d, t)∑ Noise( f , w, s)× B
(8)

where B is the receiver bandwidth and the Signal Level (SL), PathLoss and Noise terms have
been previously developed.
Taking the frequency dependent portion of the SNR from Equation 8, as developed by
Stojanovic (2006), is the PathLoss(r, f , d, t)∑ Noise( f , w, s) product. Since SNR is inversely
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proportional to PathLoss(r, f , d, t)∑ Noise( f , w, s) factor, the 1
PathLoss(r, f ,d,t)Noise( f ,w,s) term is

illustrated in the Figures 9 (a) for longer ranges and Figure 9 (b) for shorter ranges. The first
of these figures, shows various ranges up to 10km using Thorps absorption model (spherical
spreading) and has been presented by several authors (Chen & Mitra, 2007; Nasri et al., 2008;
Sehgal et al., 2009; Stojanovic, 2006). Figure 9(b) highlights shorter ranges of 500 m and 100 m
and also illustrates the variation between the Thorp and Fisher and Simmons absorption loss
models developed in Section 3.2.2.

(a) Longer Ranges (b) Short Ranges with channel parameter
variations

Fig. 9. Frequency Dependent component of narrowband SNR

These figures show that there is a signal frequency where the frequency dependent component
of SNR is optimised assuming that the projector parameters, including transmitter power
and projector efficiency behave uniformly over the frequency band. The black dot at the
apex of each of the three curves based on the Thorp absorption model indicate this optimum
point. The two absorption models present similar responses and optimum frequencies. There
is a minor variation in optimum frequency at 100 m where the absorption coefficient has
a significantly lower contribution. The impact that the Ambient Noise component has on
optimum signal frequency is seen most dramatically at the 100 m range when the wind state
is changed from 0 to 2 m/s, the optimal signal frequency changes from 38 kHz to 68 kHz.
From a communication perspective, if two vehicles were operating at 100 m and 38kHz and
the wind state changed from 0 m/s to 2 m/s, there is a reduction of 9dB in the frequency
dependent component of SNR. This is not an absolute reduction in SNR as the projector
parameters and in particular the transmitter power level has not been considered here. It
does however indicate the significant impact that wind and wave action can play with data
communication underwater, and in addition this reduced SNR value does not include any
increased losses associated with the increase scattering that wave action can generate. The
impact of shipping, found in the Ambient Noise term, is not included here as its effect is minor
on signal frequencies above 10kHz. In Section 3.2.2 Figure 4, temperature variations were seen
to have the most impact on the signal frequency associated with the ranges of interest. Figure
9(b) illustrates this difference in terms of the frequency dependent component of SNR. This is
further explored in Figure 10(a) in terms of the signal frequency variations over range.
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The impact of changes in range can be seen if the vehicles moved from 100 m to 500 m (at
wind state 0 m/s), the optimum signal frequency to maintain highest SNR decreases from
38 kHz to ≈ 28 kHz, Figure 9(b). Reduction in signal frequency implies a potential reduction
in absolute bandwidth and with that a reduction in data rate which needs to be managed. This
will be investigated further in the next sub sections. Figure 10 (a) and (b) show the optimum
signal frequency verses range up to 500 m for the various parameters; temperature and depth,
within the Thorp and Fisher and Simmons Absorption Loss models as well as the wind in the
Ambient Noise model. The optimum frequency, decreases with increasing range due to the
dominating characteristic of the absorption loss. It can be seen in Figure 10(a) that as the range
increases there is an increasing deviation between the two models and between the parameters
within the Fisher and Simmons model. There is approximately a 2.5 kHz difference between
the models themselves at 500 m and up to 6 kHz when temperature increases are included.
When wind is included, Figure 10(b), there is a dramatic change in optimum signal frequency
at very short ranges and this difference reduces substantially over the range shown. This is
due to the increasing significance of the Absorption Loss term relative to the constant Ambient
Noise term (as it is not range dependent), which reduces the affect of the Noise term and
therefore the wind parameter. In both Figure 10(a) and (b), the Fisher and Simmons model
provides higher optimum frequencies due to the more accurate inclusion of the relaxation
frequencies of boric acid and magnesium sulphate.

(a) Comparison of Absorption Loss Parameters (b) Comparison with changes in wind (from
Ambient Noise Characteristics)

Fig. 10. Optimum Frequency determined from frequency dependent component of
narrowband SNR

4.2 Channel bandwidth
Having established that at different ranges there is an optimum signal frequency that
provides a maximum SNR, assuming constant transmitter power and projector efficiency,
there is therefore an associated channel bandwidth with these conditions for different ranges.
To determine this bandwidth a heuristic of 3dB around the optimum frequency is used.
Following a similar approach to Stojanovic (2006) the bandwidth is calculated according
to the frequency range using ±3dB around the optimum signal frequency fo(r) which
has been chosen as the centre frequency. Therefore, the fmin(r) is the frequency when
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PathLoss(r, d, t, fo(r))N( fo(r))− PathLoss(r, d, t, f ))N( f ) ≥ 3dB holds true and similarly for
fmax(r) when PathLoss(r, d, t, f ))N( f ) − PathLoss(r, d, t, fo(r))N( fo(r)) ≥ 3dB is true. The
system bandwidth B(r,d,t) is therefore determined by:

B(r, d, t) = fmax(r)− fmin(r) (9)

Thus, for a given range, there exists an optimal frequency from which a range dependent 3dB
bandwidth can be determined as illustrated in Figure 11. The changes discussed in Section
4.1, related to changes in the optimum signal frequency with changes in range and channel
conditions such as temperature, depth and wind. These variations are reflected in a similar
manner to the changes seen here in channel bandwidth and in turn will reflect in the potential
data transmission rates. Figure 11 demonstrates that both the optimal signal frequency and the
3dB channel bandwidth decrease as range increases. The impact of changing wind conditions
on channel bandwidth is significant, however as discussed wind and wave action will also
include time variant complexities and losses not included here. Temperature increases show
an increase in channel bandwidth, at ranges of interest, due to the reduction in absorption loss
as temperature increases, which means some benefits in working in the surface layers. The
discussion here highlights that the underwater acoustic channel is severely band-limited and
bandwidth efficient modulation will be essential to maximise data throughput and essentially
that major benefits can be gained when performing data transmission at shorter ranges or in
multi-hop arrangements.

Fig. 11. Range dependent 3dB Channel Bandwidth shown as dashed lines. Where Y-axis is
the frequency dependent component of the narrowband SNR

4.3 Channel capacity
Prior to evaluating the more realistic performance of the underwater data communication
channel, the maximum achievable error-free bit rate C for various ranges of interest will be
determined using the Shannon-Hartley expression, Equation 10. In these channel capacity
calculations, all the transmitted power Ptx is assumed to be transferred to the hydrophone
except for the losses associated with the deterministic Path Loss Models developed earlier.
The Shannon-Hartley expression using the Signal-to-Noise ratio, SNR(r), defined in Equation
8, is:

C = Blog2(1 + SNR(r)) (10)

where C is the channel capacity in bps and B is the channel bandwidth in Hz
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Thus using the optimum signal frequency and bandwidths at 100 m and 500 m found in
the Section 4.1 and 4.2, the maximum achievable error free channel capacities against range
are shown in Figure 12. The signal frequency and channel bandwidth values for 100 m
were fo = 37kHz and B=47kHz and for 500 m were fo = 27kHz and B=33kHz. These are
significantly higher than values currently available in underwater operations(Walree, 2007),
however they provide an insight into the theoretical limits. Two different transmitter power
levels are used, 150dB re 1μPa which is approximately 10mW (Equation 1) and 140dB re
1μPa is 1mW. Looking at the values associated with the same power level in Figure 12, the
higher channel capacities are those associated with the determined optimum frequency and
bandwidth for that range as would be expected. The change in transmitter power, however,
by a factor of 10, does not produces a linear change in channel capacity across the range.
These variations are important to consider as minimising energy consumption will be critical
for AUV operations. In general, current modem specifications indicate possible data rate
capacities of less than 10kbps (LinkQuest, 2008) for modem operations under 500 m, well
short of these theoretical limits. This illustrates the incredibly severe data communication
environment found underwater and that commercial modems are generally not yet designed
to be able to adapt to specific channel conditions and varying ranges. The discussion here is
to understand the variations associated with the various channel parameters at short range
that may support adaptability and improved data transmission capacities.
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Fig. 12. Theoretical limit of Channel Capacity (kbps) verse Range

4.4 BER in short range underwater acoustic communication
Achieving close to the maximum channel capacities as calculated in the previous section is
still a significant challenge in underwater acoustic communication. The underwater acoustic
channel presents significant multipaths with rapid time-variations and severe fading that
lead to complex dynamics at the hydrophone causing ISI and bit errors. The probability
of bit error, BER, therefore provides a measure of the data transmission link performance.
In underwater systems, the use of FSK (Frequency Shift Keying) and PSK (Phase Shift
Keying) have occupied researchers approaches to symbol modulation for several decades.
One approach is using the simpler low rate incoherent modulation frequency hopping FSK
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signalling with strong error correction coding that provides some resilience to the rapidly
varying multipath. Alternatively, the use of a higher rate coherent method of QPSK signalling
that incorporates a Doppler tolerant multi-channel adaptive equalizer has gained in appeal
over that time (Johnson et al., 1999).
The BER formulae are well known for FSK and QPSK modulation techniques (Rappaport,
1996), which require the Energy per Bit to Noise psd, Eb

No
, that can be found from the SNR

(Equation 8) by:

Eb
No

= SNR(r)× Bc

Rb
(11)

where Rb is the data rate in bps and Bc is the channel bandwidth. Equation 12 and 13 are the
uncoded BER for BPSK/QPSK and FSK respectively:

QPSK : BER =
1
2

er f c[
Eb
No

]1/2 (12)

FSK : BER =
1
2

er f c[
1
2

Eb
No

]1/2 (13)

(a) BER vs Eb
No

(b) BER vs Range vs Eb
No

(for QPSK)

Fig. 13. Probability of Bit Error for Short Range Acoustic Data Transmission Underwater

The data rates Rb used are 10 and 20 kbps to reflect the current maximum commercial
achievable levels. Figure 13 (a) and (b) show the BER for Eb

No
and Range respectively. Taking a

BER of 10−4 or 1 bit error in every 10, 000 bits, the Eb
No

required for QPSK is 8dB for a transmitter
power of 10mW and a data rate of 20kbps. This increases to 12dB if using FSK with half
the data rate (10 kbps) and same Transmitter Power. From Figure 13 (b), these settings will
provide only a 150 m range. The range can be increased to 250 m using QPSK if the data rate
was halved to 10 kbps or out to 500 m if the transmitter power was increased to 100mW in
addition to the reduced data rate. Transmitter power plays a critical role, as illustrated here,
by the comparison of ranges achieved from ≈ 75 m to 500 m with a change of transmitter
power needed from 1mW to 100mW for this BER.
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5. Swarm network protocol design techniques

A short range underwater network, as shown in Figure 1(b) is essentially a multi-node sensor
network. To develop a functional sensor network it is necessary to design a number of
protocols which includes MAC, DLC (Data Link Control) and routing protocols. A typical
protocol stack of a sensor network is presented in Figure 14. The lowest layer is the physical
layer which is responsible for implementing all electrical/acoustic signal conditioning
techniques such as amplifications, signal detection, modulation and demodulation, signal
conversions, etc.. The second layer is the data link layer which accommodates the MAC and
DLC protocols. The MAC is an important component of a sensor networks protocol stack, as
it allows interference free transmission of information in a shared channel. The DLC protocol
includes the ARQ (Automatic Repeat reQuest) and flow control functionalities necessary for
error free data transmission in a non zero BER transmission environment. Design of the DLC
functionalities are very closely linked to the transmission channel conditions. The network
layers main operational control is the routing protocol; responsible for directing packets
from the source to the destination over a multi-hop network. Routing protocols keep state
information of all links to direct packets through high SNR links in order to minimise the end
to end packet delay. The transport layer is responsible for end to end error control procedures
which replicates the DLC functions but on an end to end basis rather than hop to hop basis
as implemented by the DLL. The transport layer could use standard protocols such as TCP
(Transmission Control Protocol) or UDP (User Datagram Protocol). The application layer
hosts different operational applications which either transmit or receive data using the lower
layers. To develop efficient network architectures, it is necessary to develop network and/or
application specific DLL and network layers. The following subsections will present MAC
and routing protocol design characteristics required for underwater swarm networking.

 

Application 

Transport 

Network 

Data Link Layer (DLL) 

Physical 

Fig. 14. A typical protocol stack for a sensor network

5.1 MAC protocol
Medium access protocols are used to coordinate the transmission of information from
multiple transmitters using a shared communication channel. MAC protocols are designed
to maximise channel usage by exploiting the key properties of transmission channels. MAC
protocols can be designed to allocate transmission resources either in a fixed or in a dynamic
manner. Fixed channel allocation techniques such as Frequency Division Multiplexing (FDM)
or Time Division Multiplexing (TDM) are commonly used in many communication systems
where ample channel capacity is available to transmit information (Karl & Willig, 2006).
For low data rate and variable channel conditions, dynamic channel allocation techniques
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are generally used to maximise the transmission channel utilisation where the physical
transmission channel condition could be highly variable. Based on the dynamic channel
allocation technique it is possible to develop two classes of MAC protocols known as random
access and scheduled access protocol. The most commonly used random access protocols is
the CSMA (Carrier Sense Multiple Access) widely used in many networks including sensor
network designs. Most commonly used scheduled access protocol is the polling protocol. Both
the CSMA and polling protocols have flexible structures which can be adopted for different
application environments. As discussed in this chapter, the underwater communication
channel is a relatively difficult transmission medium due to the variability of link quality
depending on location and applications. Also, the use of an acoustic signal as a carrier will
generate a significant delay which is a major challenge when developing a MAC protocol.
In the following subsection we discuss the basic design characteristics of the standard
CSMA/CA protocol and its applicability for underwater applications.

5.1.1 CSMA/CA protocol
Carrier Sense Multiple Access with Collision Detection protocol is a distributed control
protocol which does not require any central coordinator. The principle of this protocol is
that a transmitter that wants to initiate a transmission, checks the transmission channel by
checking the presence of a carrier signal. If no carrier signal is present which indicates the
channel is free and the transmitter can initiate a transmission. For a high propagation delay
network such a solution does not offer very high throughput due to the delay.

 

Distance = d (m), Propagation delay = tp 

Node B Node A 
 

Fig. 15. CSMA/CA protocol based packet transmission example

Consider Figure 15, where two nodes are using CSMA/CA protocol, are spaced apart by 100
meters. In this case, if at t=0, Node A senses the channel then it will find the channel to
be free and can go ahead with the transmission. If Node A starts transmission of a packet
immediately then it can assume that the packet will be successfully transmitted. However,
if Node B starts sensing the channel before the propagation delay time tp then it will also
find the channel is free and could start transmission. In this case both packet will collide and
the transmission channel capacity will be wasted for a period of L+tp where L is the packet
transmission time. On the other hand, if Node B checks the channel after time tp from the
commencement of A’s packet transmission, then it will find the channel is busy and will not
transmit any packets. Now this simple example shows how the performance of random access
protocol is dependent on the propagation delay. If propagation delay is small then there is
much lower probability that a packet will be transmitted before the packet from A arrives at
B. As the propagation delay increases the collision probability will also increase.
The CSMA/CA protocol is generally used in RF (Radio Frequency) networks where 100 m
link delay will incur a propagation delay of 0.333 μsec whereas an underwater acoustic link
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of same distance will generate a propagation delay of 0.29 sec which is about 875,000 times
longer than the RF delay. One can easily see why an acoustic link will produce much lower
throughput than is predicted by the Shannon-Hartley theorem as discussed in Section 4.3. If
we assume that we are transmitting a 100 byte packet, then the packet will take about 0.08 sec
to transmit on a 10 kbps RF link. The same packet will take 0.3713 sec on a 10 kbps acoustic
link offering a net throughput of 2.154 kbps. This calculation is based on the assumption that
the transmission channel is ideal i.e. BER=0. If the BER of the channel is non zero then the
throughput will be further reduced.
Previous sections have shown that the BER of a transmission link is dependent on the link
parameters, geometry of the application environment, modulation techniques, and presence
of various noise sources. Non zero BER conditions introduce a finite packet error rate (PER)
on a link which is described by Equation 14, where K represents the packet length. The PER
will depend on the BER and the length of the transmitted packet. For a BER of 10−3 using a
packet size of 100 bytes, the link will generate a PER value of 0.55 which means that almost
every second packet will be corrupted and require some sort of error protection scheme to
reduce the effective packet error rate.
There are generally two types of packet error correction techniques used in communication
systems, one is forward error correction (FEC) scheme which uses a number of redundant bits
added with information bits to offer some degree of protection against the channel error. The
second technique involves the use of packet retransmission techniques using the DLC function
known as the ARQ. The ARQ protocol will introduce retransmissions when a receiver is
unable to correct a packet using the FEC bits. The retransmission procedure could effectively
reduce the throughput of a link further because the same information is transmitted multiple
times. From this brief discussion one can see that standard CSMA/CA protocols used in
sensor networks are almost unworkable in the underwater networking environment unless
the standard protocol is further enhanced. This is a major research issue which is currently
followed up by many researchers and authors. Readers can find some of the current research
work on the MAC protocol in the following references (Chirdchoo et al., 2008; Guo et al., 2009;
Pompili & Akyildiz, 2009; Syed et al., 2008).

PER = 1 − (1 − BER)K (14)

5.2 Packet routing
Packet routing is another challenging task in the underwater networking environment. Packet
routing protocols are very important for a multi-hop network because the receivers and the
transmitters are distributed in a geographical area where nodes can also change their positions
over time. Each node maintains a routing table to forward packets through multi-hop links.
Routing tables are created by selecting the best cost paths from transmitters to receivers. The
cost of a path can be expressed in terms of delay, packet loss, BER, real monetary cost $,
etc.. For underwater networks, the link delay could be used as a cost metric, to transmit
packets with a minimum delay. Routing protocols are generally classified into two classes:
distance vector and link state routing protocols (LeonGarcia & Widjaja, 2004). The distance
vector algorithms generally select a path from a transmitter to receiver based on shortest
path through neighbouring networks. When the status of a link changes, for example, if the
delay or SNR of a link is increased then the node next to the link will detect and inform its
neighbour about the change and suggest a new link. This process will continue until all the
nodes in the network have updated their routing table. The link state routing protocols work
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in a different manner. In this case all the link state information is periodically transmitted to
all nodes in the network. In case of any change of state of a link, all nodes get notification
and modify their routing table. In a swarm network link qualities will be variable which will
require regular reconfiguration of routing tables. The performance of routing algorithms is
generally determined by a number of factors including the convergence delay. In the case of
a swarm network the convergence delay will be a critical factor because of high link delays.
For underwater swarm applications, each update within a network will take considerably
longer time than a RF network, causing additional packet transmission delays. Hence, it
is necessary to develop the network structure in different ways than a conventional sensor
network. For example, it may be necessary to develop smaller size clustered networks where
cluster heads form a second tier network. Within this topology, local information will flow
within the cluster and inter-cluster information will flow through the cluster head network.
Cluster based communication architectures are also being used in Zigbee based and wireless
personal communication networks (Karl & Willig, 2006). Further research is necessary to
develop appropriate routing algorithms to minimise packet transmission delay in swarm
networks. Readers can consult the following references to follow some of the recent progress
in the area (Aldawibio, 2008; Guangzhong & Zhibin, 2010; LeonGarcia & Widjaja, 2004; Zorzi
et al., 2008).
Discussion in this section clearly shows that the MAC and routing protocol designs require
transmission channel state information in order to optimise their performance. Due to the
high propagation delay of an underwater channel, any change of link quality such as SNR
will significantly affect the performance of the network. Hence, it is necessary to develop a
new class of protocols which can adapt themselves with the varying channel conditions and
offer reasonable high throughput in swarm networks.

6. Conclusion

The increasing potential of Autonomous Underwater Vehicle (AUV) swarm operations and
the opportunity to use multi-hop networking underwater has led to a growing need to
work with a short-range acoustic communication channel. Understanding the channel
characteristics for data transmission is essential for the development and evaluation of new
MAC and Routing Level protocols that can better utilise the limited resources within this
harsh and unpredictable channel.
The constraints imposed on the performance of a communication system when using
an acoustic channel are the high latency due to the slow speed of the acoustic signal
(compared with RF), and the signal fading properties due to absorption and multipath
signals, particularly due to reflections off the surface, sea floor and objects in the signal path.
The shorter range acoustic channel has been shown here to be able to take advantage of
comparatively lower latency and transmitter power as well as higher received SNR and signal
frequencies and bandwidths (albeit still only in kHz range). Each of these factors influence the
approach needed for developing appropriate protocol designs and error control techniques
while maintaining the required network throughput and autonomous operation of each of
the nodes in the swarm.
Significant benefits will be seen when AUVs can operate as an intelligent swarm of
collaborating nodes and this will only occur when they are able to communicate quickly and
clearly between each other in a underwater short range ad-hoc mobile sensor network.
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1. Introduction

Oceanographic observatories, year-round energy industry subsea field inspections and
continuous homeland security coast patrolling now all require the routine and permanent
presence of underwater sensing tools.
These applications require underwater networks of fixed sensors that collaborate with
fleets of unmanned underwater vehicles (UUVs). Technological challenges related to the
underwater domain, such as power source limitations, communication and perception noise,
navigation uncertainties and lack of user delegation, are limiting their current development
and establishment. In order to overcome these problems, more evolved embedded tools
are needed that can raise the platform’s autonomy levels while maintaining the trust of the
operator.
Embedded decision making agents that contain reasoning and planning algorithms can
optimize the long term management of heterogeneous assets and provide fast dynamic
response to events by autonomously coupling global mission requirements and resource
capabilities in real time. The problem, however, is that, at present, applications are
mono-domain: Mission targets are simply mono-platform, and missions are generally static
procedural list of commands described a-priori by the operator. All this, leaves the platforms
in isolation and limits the potential of multiple coordinated actions between adaptive
collaborative agents.
In a standard mission flow, operators describe the mission to each specific platform, data is
collected during mission and then post-processed off-line. Consequently, the main use for
underwater platforms is to gather information from sensor data on missions that are static
and incapable to cope with the long term environmental challenges or resource changes.
In order for embedded service agents to make decisions and interoperate, it is necessary that
they have the capability of dealing with and understanding the highly dynamic and complex
environments where these networks are going to operate. These decision making tools are
constrained to the quality and scope of the available information.
Shared knowledge representation between embedded service-oriented agents is therefore
necessary to provide them with the required common situation awareness. Two sources
can provide this type of information: the domain knowledge extracted from the expert
(orientation) and the inferred knowledge from the processed sensor data (observation). In
both cases, it will be necessary for the information to be stored, accessed and shared efficiently
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by the deliberative agents while performing a mission. These agents, providing different
capabilities and working in collaboration, might even be distributed among the different
platforms or sharing some limited resources.

1.1 Contribution
In this chapter, we first provide a review to the different approaches solving the decision
making process for UUV missions. Then, we propose a semantic framework that provides
a solution for hierarchical distributed representation of knowledge for multidisciplinary
agent interaction. This framework uses a pool of hierarchical ontologies for representation
of the knowledge extracted from the expert and the processed sensor data. It provides a
common machine understanding between embedded agents that is generic and extendable.
It also includes a reasoning interface for inferring new knowledge from the observed
data and guarantee knowledge stability by checking for inconsistencies. This framework
improves local (machine level) and global (system level) situation awareness at all levels of
service capabilities, from adaptive mission planning and autonomous target recognition to
deliberative collision avoidance and escape. It acts as as an enabler for on-board decision
making.
Based on their capabilities, service-oriented agents can then gain access to the different
levels of information and contribute to the enrichment of the knowledge. If the required
information is unavailable, the framework provides the facility to request other agents with
the necessary capabilities to generate the required information, i.e. an target classification
algorithm could query the correspondent agent to provide the required object detection
analysis before proceeding with its classification task.
Secondly, we present an algorithm for autonomous mission adaptation. Using the knowledge
made available by the semantic framework, our approach releases the operator from decision
making tasks. We show how adaptation plays an important role in providing long term
autonomy as it allows the platforms to react to events from the environment while at the
same time requires less communication with the operator. The aim is to be effective and
efficient as a plan costs time to prepare. Once the initial time has been invested preparing the
initial plan, when changes occur, it might be more efficient to try to reuse previous efforts by
repairing it. Also, commitments might have been made to the current plan: trajectory reported
to other intelligent agents, assignment of mission plan sections to executors or assignment of
resources, etc. Adapting an existing plan ensures that as few commitments as possible are
invalidated. Using plan proximity metrics, we prove how similar plans are more likely to be
accepted and trusted by the operator than one that is potentially completely different.
Finally, we show during a series of in-water trials how these two elements combined,
a decision making algorithm and shared knowledge representation, provide the required
interoperability between embedded service-oriented agents to achieve high-level mission
goals, detach the operator from the routinary mission decision making and, ultimately, enable
the permanent presence of dynamic sensing networks underwater.

2. Unmanned decision making loop

In this section, we describe the decision making process currently used by UUV systems and
we introduce the unmanned decision loop, where observations, orientations, decisions and
actions (OODA) occur in a loop enabling adaptive mission planning.
In order to describe the unmanned decision loop, we need to start by modelling the mission
environment. A mission environment is defined by the tuple Π = (Σ, Ω), where:
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• Σ is the mission domain model containing information about domain, i.e. the platform
and the environment of execution, and

• Ω is the mission problem model containing information about the problem, i.e. mission
status, requirements, and objectives.

The set of all possible mission environments for a given domain is defined as the domain space
(e.g., the domain space of the underwater domain). It is denoted by Θ. A mission environment
Π is an element of one and only one Θ.
From this model, a mission plan π that tries to accomplish the mission objectives can be
produced. However, this mission environment evolves over time t as new observations of
the domain model Σt and the problem model Ωt continuously modify it:

Πt ← Πt−1 ∪ Σt ∪ Ωt (1)

The decision making process to calculate a mission plan πt for a given mission environment
Πt occurs in a cycle of observe-orient-decide-act. This process was termed by Boyd (1992) as
the OODA-loop, and it was modelled on human behaviour. Inside this loop, the Orientation
phase contains the previously acquired knowledge and initial understanding of the situation
of the mission environment (Πt−1). The Observation phase corresponds to new perceptions of
the mission domain model (Σt) and the mission problem model (Ωt) that modify the mission
environment. The Decision component represents the level of comprehension and projection,
the central mechanism enabling adaptation before closing the loop with the Action stage.
Note that it is possible to make decisions by looking only at orientation inputs without making
any use of observations. In this case, Eq. 1 becomes Πt ← Πt−1. In the same way, it is also
possible to make decisions by looking only at the observation inputs without making use of
available prior knowledge. In this case, Eq. 1 becomes Πt ← Σt ∪ Ωt.
In current UUVs implementations, the human operator constitutes the decision phase.
See Figure 1 for a schematic representation of the control loop. When high bandwidth
communication links exist, the operator remains in the OODA-loop during the mission
execution taking the decisions. For each update of the mission environment Πt received,
the operator decides on the correspondent mission plan πt to be performed. From the list of
actions in this mission plan, the mission executive issues the correspondent commands to the
platform. Examples of the implementation of this architecture are existing Remotely Operated
Vehicles (ROVs).
However, when communication is unreliable or unavailable, the operator must attempt to
include all possible if-then-else cases to cope with execution alternatives before the mission
starts. This is the case of current UUVs implementations that follow an orientation-only
model. Figure 2 shows this model, where the OODA-loop is broken because observations
are not reported to the human operator.
We will now discuss a few recent UUV implementations which show where the
state-of-the-art is currently positioned. Most implementations rely on pre-scripted mission

Human 
Operator

Mission 
Executive Platform Environment

Commands

Events

Observations

Π0

πt

Πt

Fig. 1. Observation, Orientation, Decision and Action (OODA) loop for unmanned vehicle
systems with decision making provided by the human operator.
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Human 
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Mission 
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Commands

Events
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Offline Online

π0

Πt

Π0

Fig. 2. Broken OODA-loop. Decision stage on the human operator based only on initial
pre-mission orientation.

plan managers that are procedural and static and might not even consider conditional
executions (Hagen, 2001). At this level, the mission executive follows a sequence of
basic command primitives and issues them to the functional control layer of the platform.
Description about how these approaches maintain control of underwater vehicles can be
found in Fossen (1994), Ridao et al. (1999) and Yuh (2000). In this situation, decisions taken by
the operator are made using only orientation inputs related to some previous experience and
a-priori knowledge. This has unpredictable consequences, in which unexpected situations can
cause the mission to abort and might even cause the loss of the vehicle (Griffiths, 2005; von
Alt, 2010).
More modern approaches are able to mitigate this lack of adaptability by introducing sets
of behaviours that are activated based on observations (Arkin, 1998). Behaviours divide
the control system into a parallel set of competence-levels. They can be seen as manually
scripted plans generated a-priori to encapsulate the decision loop for an individual task. Under
this approach, the key factor is to find the right method for coordinating these competing
behaviours.
The subsumption model, attributed to Brooks (1986), arbitrates behaviour priorities through
the use of inhibition (one signal inhibits another) and suppression (one signal replaces other)
networks. Most recent UUV control systems are a variant of the subsumption architecture.
This model was first applied to the control of UUVs by Turner (1995) during the development
of the ORCA system. This system used a set of schemas in a case-based framework. However,
its scalability remains unclear as trials for its validation were not conducted.
Later, Oliveira et al. (1998) developed and deployed the CORAL system based on Petri nets.
The system was in charge of activating the vehicle primitives needed to carry out the mission.
These primitives were chained by preconditions and effects.
The scaling problem was addressed by Bennet & Leonard (2000) using a layered control
architecture. Layered control is a variant of the subsumption model that restricts of interaction
between layers in order to keep it simple (Bellingham et al., 1990). The system was deployed
for the application of adaptive feature mapping.
Another approach for coordinating behaviours is vector summation that averages the action
between multiple behaviours. Following this principle, the DAMN system developed
by Rosenblatt et al. (2002) used a voting-based coordination mechanism for arbitration
implementing utility fusion with fuzzy logic.
The MOOS architecture developed by Newman (2002) was also able to guide UUVs by using a
mission control system called Helm. Helm’s mission plan was described by a set of prioritised
primitive tasks. The most suitable action was selected using a set of prioritised mission goals.
It used a state-machine for execution, a simplified version of a Petri net.
The O2CA2 system (Carreras et al., 2007) also used a Petri net representation of the mission
plan (Palomeras et al., 2009). The system maintains the low level control (dynamics) from the
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guidance control (kinematics) uncoupled (Caccia & Veruggio, 2000). Although it contained a
declarative mission representation, missions were programmed manually.
A detailed survey of other behaviour-based approaches applied to mission control systems
for UUVs can be found in Carreras et al. (2006).
More recently, Benjamin et al. (2009) has applied multiple objective decision theory to
provide a suitable framework for formulating behaviour-based controllers that generate
Pareto-optimal and satisfying behaviours. This approach was motivated by the infeasibility of
optimal behaviour selection for real-world applications. This approach has been implemented
and deployed as part of the IvP Helm extension to MOOS. This method seems to be a
more suitable for behaviour selection, although more computationally expensive. Also, the
approach is limited to the control of only the direction and velocity parameters of the host
platform.
After reviewing this related work, two problems affecting the effectiveness of the decision
loop become evident. Firstly, orientation and observation should be linked together because
it is desirable to place the new observations in context. Secondly, decision and action should
be iterating continuously. These two problems have not been addressed together by previous
approaches. These are the two of the goals that we address in this chapter. In order to achieve
them autonomously, two additional components are required: a status monitor and a mission
plan adapter. The status monitor reports any changes detected in the mission environment
during the execution of a mission. When the mission executive is unable to handle the
changes detected by the status monitor, the mission planner is called to generate a new
modified mission plan that agrees with the updated mission environment. Figure 3 shows
the OODA-loop for autonomous decision making. Comparing it to the previous Figure 2, the
addition of status monitor and mission planner removes the need for human decisions in the
loop. Note that the original mission plan π0 could also be autonomously generated as long as
the high-level goals are provided by the human operator in Π0.

Mission 
Generator

Mission 
Executive Platform Environment

Commands

Events

Observations

Offline Online

Mission 
Adapter

Status 
Monitor

Π0

π0
πt

Πt

Fig. 3. Required OODA-loop for autonomous decision making in UUVs. Decision stage for
adaptation takes place on-board based on initial orientation provided by the operator and
observations provided by the status monitor.

Adaptive mission planning enables a true unmanned OODA-loop. This autonomous decision
making loop copes with condition changes in the mission environment during the mission
execution. As a consequence, it releases the operator from decision making tasks in stressful
environments containing high levels of uncertainty and dynamism.
The potential benefits of adaptive mission planning capabilities for autonomous decision
making in UUVs were promoted by Turner (2005), Bellingham et al. (2006) and Patrón
& Petillot (2008). Possibly the most advanced autonomous decision making framework
for UUVs has been developed at the Monterey Bay Aquarium Research Institute. This
architecture, known as T-REX, has been deployed successfully inside the Dorado AUV (Rajan
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et al., 2009). This is now providing adaptive planning capabilities to oceanographers for
maximising the science return of their UUV missions (McGann et al., 2007; Rajan et al., 2007).
Using deliberative reactors for the concurrent integration of execution and planning (McGann,
Py, Rajan & Henthorn, 2008), live sensor data can be analysed during mission to adapt the
control of the platform in order to measure dynamic and episodic phenomenon, such as
chemical plumes (McGann, Py, Rajan, Henthorn & McEwen, 2008; McGann et al., 2009).
Alternative approaches to adaptive plume tracing can also be found in the works of Farrell
et al. (2005) and Jakuba (2007). Their research goals of all these approaches have been
motivated by scientific applications and do not consider the needs of the human operators
or the maritime industry.
However, autonomy cannot be achieved without humans, as it is necessary for this autonomy
to be ultimately accepted by an operator. Our research is geared towards improving
human access to UUVs in order to solve the maritime industry’s primary requirement of
improving platform operability (Patrón et al., 2007). We propose a goal-based approach
to solving adaptive mission planning. The advantage of this approach is that it provides
high levels of mission abstraction. This makes the human interface simple, powerful and
platform independent, which greatly eases the operator’s task of designing and deploying
missions (Patrón, 2009). Ultimately, operators will not need any specialist training for an
UUV specific platform, and instead missions will be described purely in terms of their goals.
Apart from ease of use, we have also demonstrated using a novel metric (Patrón & Birch,
2009) that adaptive mission planners can produce solutions which are close to what a human
planner would produce (Patrón et al., 2009a). This means that our solutions can be trusted by
an operator.
Another advantage of our research over other state-of-the-art UUV implementations,
is that we are industry focussed. Our service-oriented approach provides goal-based
mission planning with discoverable capabilities, which meets industry’s need for platform
independence (Patrón et al., 2009b). Finally, our plan repair approach optimises the resources
required for adaptability and maximises consistency with the original plan, which improves
human acceptance of autonomy. Resource optimisation and consistency are very important
properties for real world implementations, as we demonstrate in our sea trials (Patrón,
Miguelanez, Petillot & Lane, 2008).
Section 3 describes how do we link together orientation and observation. Section 4 presents
an approach to the continuous iteration of decision and action.

3. Semantic knowledge-based situation awareness

Unmanned vehicle situation awareness SAV consists in enabling the vehicle to autonomously
understand the ‘big picture’ (Adams, 2007). This picture is composed of the experience gained
from previous missions (orientation) and the information obtained from the sensors while
on mission (observation). Ontologies allow the representation of knowledge of these two
components.
Ontologies are models of entities and interactions, either generically or in some particular
practice of knowledge (Gruber, 1995). The main components of an ontology are concepts and
axioms. A concept represents a set or class of entities within a domain (e.g., a fault is a concept
within the domain of diagnostics). Axioms are used to constrain the range and domain of the
concepts (e.g., a driver is a software that has a hardware). The finite set of concept and axiom
definitions is called the Terminology Box TBox of the ontology.
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Fig. 4. Knowledge Base representation system including the TBox, ABox, the description
language and the reasoning components. Its interface is made of orientation rules and agent
queries.

Instances are the individual entities represented by a concept of the ontology (e.g. a
remus is an instance of the concept UUV). Relations are used to describe the interactions
between individuals (e.g. the relation isComponentOf might link the individual SensorX to
the individual PlatformY). This finite set of instances and relations about individuals is called
the Assertion Box ABox. The combination of TBox and ABox is what is known as a Knowledge
Base. TBox aligns naturally to the orientation component of SAV while ABox aligns to the
observation component.
In the past, authors such as Matheus et al. (2003) and Kokar et al. (2009) have used ontologies
for situation awareness in order to assist humans during information fusion and situation
analysis processes. Our work extends these previous works by using ontologies for providing
unmanned situation awareness in order to assist autonomous decision making algorithms
in underwater vehicles. One of the main advantages of using a knowledge base over a
classical data base schema to represent SAV is the extended querying that it provides, even
across heterogeneous data systems. The meta-knowledge within an ontology can assist an
intelligent agent (e.g., status monitor, mission planner, etc.) with processing a query. Part of
this intelligent processing is due to the capability of reasoning. This enables the publication
of machine understandable meta-data, opening opportunities for automated information
processing and analysis.
For instance, a status monitor agent using meta-data about sensor location could
automatically infer the location of an event based on observations from nearby
sensors (Miguelanez et al., 2008). Inferences over the ontology are made by reasoners. A
reasoner enables the domain’s logic to be specified with respect to the context model and
applied to the corresponding knowledge i.e., the instances of the model (see Fig. 4). A
detailed description of how a reasoner works is outside of the scope of this article. For the
implementation of our approach, we use the open source reasoner called Pellet (Sirin et al.,
2007).

3.1 Semantic knowledge-based framework
A library of knowledge bases comprise the overall knowledge framework used in our
approach for building SAV (Miguelanez et al., 2010; Patrón, Miguelanez, Cartwright &
Petillot, 2008). Reasoning capabilities allow concept consistency providing reassurance that
SAV remains stable through the evolution of the mission. Also, inference of concepts and
relationships allows new knowledge to be extracted or derived from the observed data. In
order to provide with a design that supported maximum reusability (Gruber, 1995; van Heijst
et al., 1996), we adopt a three-level segmentation structure that includes the (1) Foundation,
(2) Core and (3) Application ontology levels (see Fig. 5).
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Fig. 5. Levels of generality of the library of knowledge bases for SAV . They include the
Foundation Ontology, the Core Ontology, and the Application Ontology levels.

Foundational Ontologies (FOs) represents the very basic principles and includes Upper and
Utility Ontologies. Upper ontologies describe generic concepts (e.g., the Suggested Upper
Merged Ontology or SUMO (Niles & Pease, 2001)) while Utility ontologies describe support
concepts or properties (e.g. OGC_GML for describing geospatial information (Portele, 2007)).
FOs meet the requirement that a model should have as much generality as possible, to ensure
reusability across different domains.
The Core Ontology provides a global and extensible model into which data originating from
distinct sources can be mapped and integrated. This layer provides a single knowledge
base for cross-domain agents and services (e.g., vehicle resource / capabilities discovery,
vehicle physical breakdown, and vehicle status). A single model avoids the inevitable
combinatorial explosion and application complexities that results from pair-wise mappings
between individual metadata formats and ontologies.
In the bottom layer, an Application Ontology provides an underlying formal model for agents
that integrate source data and perform a variety of extended functions. As such, higher levels
of complexity are tolerable and the design is motivated more by completeness and logical
correctness than human comprehension. Target areas of these Application Ontologies are
found in the status monitoring of the vehicle and its environment and the planning of the
mission.
Figure 6 represents the relationship between the Foundation Ontologies (Upper and Utility),
the Core Ontology and the Application Ontology for each service-oriented agent. Raw data
gets parsed from sensors into assertions during the mission using a series of adapter modules
for each of the sensing capabilities. It also shows that the knowledge handling by the agent
during its decision making process is helped by the reasoner and the rule engine process.

Fig. 6. SAV representation in the Knowledge Base using Core and Application ontologies
supported by Upper and Utility ontologies. Generation of instances from raw data is
performed by the Adapter. Handling of knowledge is done by the Reasoner, Rule Engine and
the Service-Oriented Agent.

3.2 Foundation and core ontology
To lay the foundation for the knowledge representation of unmanned vehicles, consideration
was placed on the Joint Architecture for Unmanned Systems (JAUS) (SAE, 2008a). This
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standard was originally developed for the Unmanned Ground Vehicles (UGVs) environment
only but has recently been extended to all other environments, such as air and water, trying
to provide a common set of architecture elements and concepts. The JAUS model classifies
four different sets of Knowledge Stores: Status, World map, Library and Log. Our experience
has shown that overlap exists between these different sets of knowledge stores. The approach
proposed in this paper provides more flexibility in the way the information can be accessed
and stored, while still providing JAUS ’Message Interoperability’ (SAE, 2008b) between
agents.
Within the proposed framework, JAUS concepts are considered as the Foundation Ontology
for the knowledge representation. The Core Ontology developed in this work extends
these concepts while remaining focused in the domain of unmanned systems. Some of the
knowledge concepts identified related with this domain are:

• Platform: Static or mobile (ground, air, underwater vehicles),

• Payload: Hardware with particular properties, sensors or modules,

• Agent: Software with specific capabilities,

• Sensor: A device that receives and responds to a signal or stimulus,

• Driver: Module for interaction with a specific sensor / actuator,

Additionally, the Standard Ontology for Ubiquitous and Pervasive Applications
(SOUPA) (Chen et al., 2004) is used as an Utility Ontology. By providing generic
context-aware concepts, it enables the spatio-temporal representation of concepts in the
Core Ontology.

3.3 Application Ontology
Each service-oriented agent has its own Application Ontology. It represents the agent’s
awareness of the situation by including concepts that are specific to the expertise of the agent.
In the case study presented in this chapter, these agents are the status monitor and the mission
planner. Together, they provide the status monitor and mission adapter components described in
Fig. 3 required for closing the OODA-loop and provide on-board decision making adaptation.

3.3.1 Status Monitoring Application Ontology
The Status Monitoring Application Ontology is used to express the SAV of the status monitor
agent. To model the behaviour of all components and subsystems considering from sensor
data to possible model outputs, the Status Monitoring Application Ontology is designed and
built based on ontology design patterns (Blomqvist & Sandkuhl, 2005). Ontology patterns
facilitate the construction of the ontology and promote re-use and consistency if it is applied to
different environments. In this work, the representation of the monitoring concepts are based
on a system observation design pattern. Some of the most important concepts identified for
status monitoring are:

• Data: all internal and external variables (gain levels, water current speed),

• Observation: patterns of data (sequences, outliers, residuals,...),

• Symptom: individuals related to interesting patterns of observations (e.g., low gain levels,
high average speed),
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• Event: represents a series of correlated symptoms (low power consumption, position
drift), Two subclasses of Events are defined: CriticalEvent for high priority events and
IncipientEvent for the remaining ones.

• Status: links the latest and most updated event information to the systems being monitored
(e.g. sidescan transducer),

Please note how some of these concepts are related to concepts of the Core Ontology
(e.g. an observation comes from a sensor). These Core Ontology elements are the enablers
for the knowledge exchange between service-oriented agents. This will be shown in the
demonstration scenario of Section 5.3.

3.3.2 Planning Application Ontology
The Plan Application Ontology is used to express the SAV of the mission planner agent. It uses
concepts originally defined by the Planning Domain Definition Language (PDDL). The PDDL
language was originally created by Ghallab et al. (1998) to standardise plan representation.
Concepts are extracted from the language vocabulary and the language grammar is used for
describing the relationships and constraints between these concepts.
For the adaptation mission planning process, the Planning Application Ontology also requires
concepts capable of representing the diagnosis of incidents or problems occurring in some
parts of the mission plan (van der Krogt, 2005). Some of the most important concepts
identified for mission plan adaptability are:

• Resource: state of an object (physical or abstract) in the environment (vehicle, position,
sensor, etc.),

• Action: Modification of the state of resources (calibrate, classify, explore, etc.),

• Gap: A non-executable action,

• Execution: When an action is executed successfully,

• Failure: An unsuccessful execution of an action,

Please note how some of these concepts are also related to concepts of the Core Ontology (e.g.
a list of capability concepts is required to perform a mission action).

4. Adaptive mission planning

The adaptive mission planning process involves the detection of events, the effects that these
events have on the mission plan and the response phase. The detection of events is performed
by the status monitoring agent. The mission plan diagnosis and repair is undertaken by the
adaptive mission planner agent.

4.1 Status Monitor Agent
The Status Monitor Agent considers all symptoms and observations from environmental and
internal data in order to identify and classify events according to their priority and their
nature (critical or incipient). Based on internal events and context information, this agent
is able to infer new knowledge about the current condition of the vehicle with regard to the
availability for operation of its components (i.e. status). In a similar way, environmental data
is also considered for detecting and classifying external events in order to keep the situation
awareness of the vehicle updated.
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Fig. 7. Schematic representation of the autonomous mission generation, replan and repair
processes using partial plan representation of the mission plans.

4.2 Mission plan adaptation agent
This section describes the mission environment model used by the mission plan repair
techniques presented in this chapter. We continue using the mission environment model
previously described. We generalise this model to any step q in the mission execution timeline.
An instance of an UUV mission environment at a given step q can be simply defined as
Πq =

{
Σq, Ωq

}
. The mission domain model Σq contains the set of propositions defining

the available resources in the system PV and the set of actions or capabilities AV . The mission
problem model Ωq contains the current platform state xq and the mission requirements QO.
Based on this model, we analyse how to calculate mission plans on the plan space (Sacerdoti,
1975). A plan space is an implicit directed graph whose vertices are partially specified
plans and whose edges correspond to refinement operations. In a real environment where
optimality can be sacrificed by operability, partial plans are seen as a suitable representation
because they are a flexible constrained-based structure capable of being adapted.
A partial plan ψ is a tuple containing a set of partially instantiated actions and a set of
constraints over these partially grounded actions. Constraints can be of the form of ordering
constraints, interval preservation constraints, point truth constraints and binding constraints.
Ordering constraints indicate the ordering in which the actions should be executed. Interval
preservation constraints link preconditions and effects over actions already ordered. Point
truth constraints assure the existence of precondition facts at certain points of the plan.
Binding constraints on the variables of actions are used to ground the actions to variables
of the domain. Figure 8 shows a partial plan representation of an UUV mission. Partial plans
are flexible to modification. They provide an open approach for handling extensions such as
temporal and resource constraints. Due to nature of the constraints, it is easy to explain a
partial plan to a user. Additionally, it is easily extensible to distributed multi-agent mission
planning.
Figure 7 explains the processes of mission plan repair and mission plan replan for mission
plan adaptation for UUVs using a partial plan representation of the mission plans. At the
initial step, a partial ordered plan ψ0 is generated satisfying the original mission environment
Π0. The ψ0 is then grounded into the minimal mission plan π0 including all constraints
in ψ0. At step q, the semantic knowledge-based framework is updated by the diagnosis
information Π̇q providing a modified awareness of the mission environment Πq. From here,
two mission adaptation processes are possible: Mission replan generates a new partial plan ψq,
as done at the first stage, based only on the knowledge of Πq. On the other hand, mission
plan repair re-validates the original plan by ensuring minimal perturbation of it. Given the
partial plan at the previous step ψq−1 and the diagnosis information Π̇q, the mission repair
problem produces a solution partial plan ψq that satisfies the updated mission problem Πq, by
modifying ψq−1. The final step for both approaches is to ground ψq to its minimal mission plan
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Fig. 8. Example of a partial ordered plan representation of an autonomously generated UUV
mission. The ordering constraints are represented using the graph depth, interval
preservation constraints are represented with black arrows, point truth constraints are
represented with PTC-labelled arrows, and binding constraints are shown in the top left box.

πq. It can be seen that mission repair better exploits the orientation capabilities for decision
making: instead of taking the new mission environment as a given, it uses the diagnosis
information about the changes occurred to guide the adaptation process.
We have now identified the benefits of mission plan repair over mission replan. Mission
plan repair modifies the partial plan ψq, so that it uses a different composition, though it
still maintains some of the actions and the constraints between actions from the previous
partial plan. However, mission plan adaptation can also be achieved by mission execution
repair by looking directly at the mission plan instantiation πq. Execution repair modifies
the instantiation of the mission plan πq such that a ground action gah

q that was previously
instantiated by some execution eq is newly bound by another action execution instance e′q.
Executive repair is less expensive and it is expected to be handled directly by the mission
executive agent. Plan repair, however, is computationally more expensive and requires action
of the mission planner agent.
The objective is to maximise the number of execution repairs over plan repairs and, at the plan
repair level, maximise the number of decisions reused from the previous mission instantiation.
The information provided by the semantic-base knowledge base during the plan diagnosis
phase is critical.
Executive repair fixes plan failures identified in the mission plan during the diagnosis stage.
Our approach uses ontology reasoning in combination with an action execution template to
adapt the mission plan at the executive level.
Once a mission plan πq is calculated by the mission planner, its list of ground actions is
transferred to the executive layer. In this layer, each ground action gah

q of πq gets instantiated
into an action execution instance et

q using the action template for the action ah available in
the Core Ontology of the knowledge base. At the end of this phase, each et

q contains the
script of commands required to perform its correspondent ground action. Flexibility in the
execution of an action instance is critical in real environments. This is provided by a timer, an
execution counter, a time-out register and a register of the maximum number of executions in
the action execution instance. Additionally, three different outputs control the success, failure
or time-out of its execution. These elements handle the uncertainty during the execution phase
and enable the executive repair process. This minimise the number of calls to the adaptive
mission planner agent and therefore the response time for adaptation.
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Plan repair uses a strategy to repair with new partial plans the plan gaps identified during
the plan diagnosis stage. Our approach uses an iteration of unrefinement and refinement
strategies on a partial-ordered planning framework to adapt the mission plan.
Planning in the plan space is slower than in the state space because the nodes are more
complex. Refinement operations are intended to achieve an open goal from the list of
mission requirements or to remove a possible inconsistency in the current partial plan. These
techniques are based on the least commitment principle, and they avoid adding to the partial
plan any constraint that is not strictly needed. A refinement operation consists of one or more
of the following steps: adding an action, an ordering constraint, a variable binding constraint
or a causal link.
A partial plan is a solution to the planning problem if has no flaw and if the sets
of constraints are consistent. Flaws are either subgoals or threats. Subgoals are open
preconditions of actions that have not been linked to the effects of previous actions. Threats
are actions that could introduce inconsistencies with other actions or constraints. We
implemented a recursive non-deterministic approach based on the Partial ordered Planning
(PoP) framework (Penberthy & Weld, 1992). This framework is sound, complete, and
systematic. Unlike other Plan space planners that handle both types of flaws (goals and
threats) similarly, each PoP recursive step first refines a subgoal and then the associated
threats (Ghallab et al., 2004).
In our implementation, we introduce a previous step capable of performing an unrefinement
of the partial plan when necessary. During the unrefinement strategy we remove refinements
from the partial plan that are reported by the plan diagnosis phase to be affecting the
consistency of the mission plan with the mission environment, i.e. to remove constraints and
finally the actions if necessary.
In simple terms, when changes on the ABox Planning Application Ontology are sensed (Π̇q)
that affect the consistency of the current partial plan ψq−1, the plan repair process is initiated.
The plan repair stage starts an unrefinement process that relaxes the constraints in the partial
plan ψq−1 that are causing the mission plan to fail.
The remaining temporal mission partial plan ψ′

q−1 is now relaxed to be able to cope with the
new mission environment. However, this relaxation could open some subgoals and introduce
threats in the partial plan that need to be addressed. The plan repair stage then executes
a refinement process searching for a new mission plan ψq that is consistent with the new
mission environment Πq and removing these possible flaws. By doing this, it can be seen that
the new mission plan ψq is not generated again from Πq (re-planned) but recycled from ψq−1
(repaired). This allows re-use of the parts of the plan ψq−1 that were still consistent with Πq.

5. Results

5.1 Architecture
The combination of the status monitor agent, the adaptive mission planner, the mission
executive and the semantic knowledge-based framework is termed as the Semantic-based
Adaptive Mission Planning system (SAMP). The SAMP system implements the four stages
of the OODA-loop. Figure 9 represents the customised version of Figure 3 for SAMP.
The status monitor agent reports to the knowledge base the different changes occurring in
the environment and the modifications of the internal status of the platform. The knowledge
base stores the ontology-based knowledge containing the expert orientation provided a priori
and the observations reported by the status monitor. A mission planner agent generates and
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Fig. 9. Architecture of the SAMP system. The embedded agents are the planner, executive,
monitor, and knowledge base. These agents interconnect via set of messages. The system
integrates to the functional layer of a generic host platform by an abstract layer interface
(ALI).

adapts mission plans based on the situation awareness stored in the knowledge base. The
mission executive agent executes mission commands in the functional layer based on the
sequence of ground actions received from the mission planner. An Abstract Layer Interface
(ALI) based on JAUS-like messages (SAE, 2008a) over UDP/IP packages implemented using
the OceanSHELL protocol (Oce, 2005) provides independence from the platform’s functional
layer making the system generic and platform independent.

5.2 Simulation results
A set of synthetic simulated scenarios have been implemented to test the performance of the
SAMP system. The tests are based on the mine counter measure (MCM) operation, where
UUVs support and provide solutions for mine-hunting and neutralisation.
A set of 15 selected MCM scenarios were simulated covering the variability of missions
described by the concepts of operations for unmanned underwater vehicles presented in
the UUV (2004) and the JRP (2005). For each scenario, the detection of a failure in one of
the components of the system was simulated. The mission plan was adapted to the new
constraints using replanning methods and the mission plan repair approach based on partial
plans introduced in Section 4.
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Fig. 10. Left: A semi-log plot displaying the computational time in miliseconds for replan
(dark grey bars) and repair approaches (light grey bars). Right: Comparison of Plan
Proximity (PP0.5) of the replan and repair approaches to the original plan.

The performance of the two approaches was compared by looking at the computation time
and the Plan Proximity (Patrón & Birch, 2009) of the adaptive mission plan provided to the
original reference mission plan. Figure 10 left shows the computation time in milliseconds
required for adapting the mission to the new constraints for replan (dark grey bars) and
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repair approaches (light grey bars). Note that a logarithmic scale is used for the time values.
Figure 10 right displays the Plan Proximity to the original plan of the replan strategy result
versus the repair strategy result. It can be seen that plans adapted using the mission repair
strategy tend to be closer to the original plan than using the mission replan strategy. In
these results, 14 out of 15 scenarios were computed faster by using mission plan repair.
This computation was on average 9.1x times faster. Also, 14 out of 15 scenarios showed
that mission plan repair had greater or equal Plan Proximity values as compared to mission
replan. In general, our mission repair approach improves performance and time response
while at the same time finds a solution that is closer to the original mission plan available
before adaptation.

5.3 Experimental results
This section shows the performance of the SAMP system inside the real MCM application
using a REMUS 100 UUV platform (see Fig. 11.left) in a set of integrated in-water field trial
demonstration days at Loch Earn, Scotland (56o23.1N,4o12.0W). The REMUS UUV had a
resident guest PC/104 1.4GHz payload computer where the SAMP system was installed.
SAMP was capable of communicating with the vehicle’s control and status modules and
taking control of it by using an interface module that translated the ALI protocol into the
manufacturer’s Remote Control protocol (REM, 2008).

area 1

area 2

Fig. 11. Left: REMUS UUV deployment before starting one of its missions. Right: Procedural
mission uploaded to the vehicle control module and a priori seabed classification information
stored in the knowledge base. The two dark grey areas correspond to the classified seabed
regions.

Figure 11.right shows the procedural waypoint-based mission as it was described to the
vehicle’s control module. This was known as the baseline mission. It was only used to start
the vehicle’s control module with a mission in the area of operation before taking control of
it using the SAMP system. The baseline mission plan consisted on a start waypoint and two
waypoints describing a North to South mission leg at an approximate constant Longitude
(4o16.2W). This leg was approximately 250 meters long and it was followed by a loiter pattern
at the recovery location. The track obtained after executing this baseline mission using the
vehicle control module is shown in Fig. 11 with a dark line. A small adjustment of the vehicle’s
location can be observed on the top trajectory after the aided navigation module corrects its
solution to the fixes received from the Long Baseline (LBL) transponders previously deployed
in the area of operations.
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Fig. 12. Core Ontology instances for the demonstration scenario. The diagram represents the
main platform, its components and their capabilities.

Fig. 13. Plan Application Ontology concepts representing the mission planning actions and
their execution parameters and relationships.

On the payload side, the SAMP system was oriented (in the OODA-loop sense) using a
priori information about the environment and the platform and a declarative description
of the goals of the mission. The a priori knowledge and the platform configuration
capabilities was represented using Core Ontology concepts (see Fig. 12). Knowledge about
the environment was provided based on automatic computer-aided seabed classification
information generated from previous existent data (Reed et al., 2006). The two classified
seabed areas are shown in Fig. 11. The declarative description of the mission requirements was
represented using concepts from the Planning Application Ontology. They could be resumed
as ’survey all known areas maximizing efficiency’.

5.3.1 Pre-mission reasoning
Please note that the previously described separation between Core knowledge and Planning
knowledge gracefully aligns with the separation between platform engineers and mission
scientists on current UUV operations. If the platform capabilities were described in Core
Ontology terms by the engineers that manufactured the platform, it can be seen how, by using
the SAMP approach, a scientific operator that only cares about the data should be able to
describe the mission to the platform without knowing anything about the custom properties
of the platform. It is, therefore, important to assist the operator in knowing if the platform
capabilities can match the mission requirements before starting the mission:
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• Is this platform configuration suitable to successfully perform this mission?

In order to answer this question, new knowledge could be inferred from the initial Core
Ontology orientation. The Core Ontology rule engine was executed providing with additional
knowledge. A set of predefined rules helped orienting the knowledge base into inferring new
relationships between instances. An example of a rule dealing with the transfer of payload
capabilities to the platform is represented in Eq. 2.

core : isCapabilityO f (?Capability, ?Payload)∧
core : isPayloadO f (?Payload, ?Plat f orm)

→ core : isCapabilityO f (?Capability, ?Plat f orm)
(2)

Once all the possible knowledge was extracted, it was possible to query the knowledge base
in order to extract the list of capabilities of the platform (see Eq. 3) and the list of requirements
of the mission (see Eq. 4).

SELECT ?Platform ?Cap WHERE { rdf:type( ?Platform, core:Platform) ∧
core:hasCapability(?Platform,?Cap) } (3)

SELECT ?Mission ?Req WHERE { plan:hasAction( ?Mission, ?Action) ∧
plan:hasRequirement( ?Action,?Req ) } (4)

This way, it was possible to autonomously extract that the requirements of the mission of the
experiment were1:

• core:WaypointManeuver_Capability ∈ jaus:Maneuver_Capability

• core:ComputerAidedClassification_Capability ∈ jaus:Autonomous_RSTA-I_Capability

• core:ComputerAidedDetection_Capability ∈ jaus:Autonomous_RSTA-I_Capability

• core:SidescanSensor_Capability ∈ jaus:Environmental_Sensing_Capability

which were a subset of the platform capabilities. Therefore, for this particular case, the
platform configuration suited the mission requirements.

5.3.2 In mission adaptation
For these experiments, SAMP was given a static location in which to take control of the host
vehicle. At this point, the mission planner agent generated a mission plan based on the
knowledge available and the mission requirements. The instantiation of this mission plan
is described in Fig. 13 using Planning Application Ontology concepts. The mission was then
passed to the executive agent that took control of the vehicle for its execution.
While the mission was executed the status monitor agent maintained the knowledge
base updated (in the OODA-loop sense) by reporting changes in the status of hardware
components, such as batteries and sensors, and external parameters, such as water currents.
When observations indicated that some of these changes were affecting the mission under
execution, the mission planner was activated in order to adapt the mission to the changes.
This indication was detected by the planner agent by querying the knowledge base with the
following question:

1 RSTA-I i.e., Reconnaissance/Surveillance/Target Acquisition & Identification capability concepts
inherited from JAUS (SAE, 2006)
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Fig. 14. Left: Vehicle’s track during mission in a North-East coordinate frame projection with
the origin at the starting point of the mission. Right: Three-dimensional display of the
vehicle’s track during the mission (Note that depth coordinates are not to scale).

• Are the observations coming from the environment affecting the mission currently under execution?

In order to explain the reasoning process involved during the event detection, diagnosis and
response phases of the mission adaptation process, a component fault as an internal event
was temporarily simulated in the host vehicle. The fault simulated the gains of the starboard
transducer of the sidescan sonar dropping to their minimum levels half way through the lawn
mower survey of the first area.
For the detection phase, the low gain signals from the transducer triggered a symptom
instance, which had an associated event level. This event level, represented in the Status
Monitoring Application Ontology using a value partition pattern, plays a key role in the
classification of the instances in the Event concept between being critical or incipient. This
classification is represented axiomatically in the Eqs. 5 and 6.

status:CriticalEvent � status:Event 	 
status:causedBySymptom . . .
(status:Symptom 	 
status:hasEventLevel . . .
(status:Level 	 
status:High))

(5)

status:IncipientEvent � . . .
status:Event 	 
status:causedBySymptom . . .
(status:Symptom 	 
status:hasEventLevel . . .
(status:Level 	 
status:Med))

(6)

After the Event individuals were re-classified, the Status property of the related component in
the Core Ontology was updated.
During the diagnosis event phase, a critical status of a component is only considered to be
caused by a critical event. Therefore, due to the fact that the sidescan sonar component is
composed of two transducers, port and starboard, one malfunctioned transducer was only
diagnosed as an incipient Status of the overall sidescan sonar component.
During the response phase, the Status property of the Core Ontology components were used
by the mission planner to perform the plan diagnosis of the mission under execution. The
query to the knowledge base shown in Eq. 7 reported that the two survey actions in the
mission plan were affected by the incipient status of the sidescan sonar.
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Fig. 15. Vehicle telemetry (top to bottom): a) vehicle velocity (m/s), b) compass heading
(degrees), c) altitude (m), d) depth (m) and e) reconstructed profile of the seabed bathymetry
(m) during the mission, all plotted against mission time (s).

SELECT ?Mission ?Action ?Param ?Status
WHERE { plan:hasAction( ?Mission, ?Action) ∧

plan:hasExecParam( ?Action,?Param) ∧
plan:hasStatus( ?Param, ?Status) }

(7)

An incipient Status of the action parameters indicates that the action can still be performed by
adapting the way it is being executed, an execution repair. If both transducers were down, a
critical status of the sidescan sensor is diagnosed and a plan repair adaptation of the mission
plan would have been required instead. In that case, the adaptive mission planner would have
looked for redundant components or similar capabilities to perform the action or to drop the
action from the plan.
The same procedure was used after the transducer recovery was reported to adapt the survey
action to the normal pattern during the second lawn mower survey. In a similar process,
SAMP adapted the lawnmower pattern survey of the areas to the detected water current Status
at the moment of initialising the survey of the areas.
The timeline of the mission executed using the SAMP approach is described in the following
figures: Figure 14 represents the final trajectory of the vehicle in 2D and 3D using a
North-East coordinate frame projection with the origin at the starting point of the mission.
Figure 15 displays the vehicle’s telemetry recorded during the mission. It includes vehicle’s
velocity, compass heading, altitude, depth measurements and processed bathymetry over
time. Figure 16 shows subset of the variables being monitored by the status monitor agent
that were relevant to this experiment. These variables include direction of water current,
remaining battery power, the availability of the transducers in the sidescan sensor and the
mission execution status. Figure 17 represents the system activity of the payload computer
recorded during the mission. The system activity logs show percentage of processor usage,
memory usage, network activity and disk usage.
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Fig. 16. Status monitoring (top to bottom): a) direction of water current (degrees), b) speed of
water current (m/s), c) battery power (Wh), d) sidescan sensor port and e) starboard
transducers availability (on/off) and f) mission status binary flag, all plotted against mission
time (s).
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Fig. 17. System activity (top to bottom): a) % processor usage, b) % memory usage, c)
network activity (packets/s) and d) disk usage (I/O sectors/s), all plotted against mission
time (s).

Each of the symbols ©, �, ♦, 
 and � on the aforementioned figures represents a point
during the mission where an event occurred. Symbol © represents the point where SAMP
takes control of the vehicle. Note a change on the host platform mission status binary flag that
becomes 0x05, i.e. the mission is active (0x01) and the payload is in control (0x04) (Figure 16.e).
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Also, a peak on the CPU usage can be noted as this is the point where the mission partial plan
gets generated (Figure 17.a).
Symbol � represents the point where the vehicle arrives to perform the survey of the area. At
this point, the action survey gets instantiated based on the properties of the internal elements
and external factors. Although the Loch waters where the trials were performed were very still
(see Figure 16.b), note how the vehicle heading during the lawnmower pattern performed to
survey the areas follows the water current direction sensed at the arrival (approx. 12o, Symbol
� - Figure 16.a) in order to minimize drag and maximise battery efficiency. The heading of the
vehicle during the survey can be observed in Figure 14 and Figure 15.b. The link between
the vehicle heading in relation to the water current direction and its effect on the battery
consumption was expert orientation knowledge captured by a relationship property between
the two concepts in the Core Ontology.
Symbol ♦ represents the point when the status monitor agent detects and reports a critical
status in the starboard transducer of the sidescan sonar (Figure 16.d). It can be seen how the
lawnmower pattern was adapted to cope with the change and to use the port transducer to
cover the odd and even spacing of the survey. This pattern avoids gaps in the sidescan data
under the degraded component configuration and maximises sensor coverage for the survey
while the transducer is down.
Symbol 
 indicates the point where the starboard transducer recovery is diagnosed. It can
be observed how the commands executing the action are modified in order to optimise the
survey pattern and minimise distance travelled. Although also being monitored, the power
status does not report any critical status during the mission that requires modification of the
actions (Figure 16.c).
Symbol � shows the location where all the mission goals are considered achieved and the
control is given back to the mission control of the host vehicle (see Symbol � - Figure 16.e
shows the mission is still active but the payload is not longer in control (0x01) ). From this
point the host vehicle’s control module takes the control back and drives the vehicle to the
loiter at the recovery location.

6. Conclusion and future work

The underwater domain is a challenging environment in which to maintain the operability of
an UUV. Operability can be improved with the embedded adaptation of the mission plan.
We implement a system capable of adapting mission plans autonomously in the face of
events while during a mission. We do this by using a combination of ontological hierarchical
representation of knowledge and adaptive mission plan repair techniques. The advantage
of this approach is that it maximises robustness, system performance and response time.
The system performance has been demonstrated in simulation. Additionally, the mission
adaptation capability is shown during an in-water field trial demonstration.
In our fully integrated experiments we achieved the following:

• Knowledge based framework: We have presented a semantic-based framework that provides
the core architecture for knowledge representation for service oriented agents in UUVs.
The framework combines the initial expert orientation and the observations acquired
during mission in order to improve the situation awareness in the vehicle. This is currently
unavailable in UUVs.

• Goal-oriented plan vs. waypoint-based plan: The system uses a goal-oriented approach in
which the mission is described in terms of ’what to do’ instead of a ’how to do’ it. The
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mission is parametrised and executed based on the available knowledge and vehicle
capabilities. This is the first time that an approach to goal-based planning is applied to
the adaptation of an underwater mission in order to maintain platform’s operability.

• Adaptation to environmental parameters and internal issues: The approach shows adaptability
to environmental elements, such as water current flows in order to improve mission
performance. The approach is also capable of dealing with the critical status of certain
components in the platform and can react accordingly.

• Platform agnostic: The approach is platform independent making it readily applicable to
other domains, such as ground or air vehicles.

SAMP is open to event detections coming from other embedded service-oriented agents. We
are planning to apply the approach to more complex scenarios involving other embedded
agents, such as agents for automatic target recognition. We are also planning to extend it to
a team of vehicles performing a collaborative mission. In this scenario, agents are distributed
across the different platforms. We are currently working towards a shared situation awareness
for a team of vehicles to which every team member possess the awarenessrequired for its
responsibilities. The main advantage of our semantic-based approach is the low bandwidth
required to share id-coded ontological concepts and, therefore, to cope with the underwater
acoustic communication limitations.
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1. Introduction 
Fishes have a wide range of perceptual capabilities allowing them to behaviorally respond 
to various environmental stimuli such as visual, acoustic, mechanical, chemical, and 
electromagnetic signals. In our “noisy” world of today many artificially evoked signals pass 
through aquatic habitats, where fishes perceive them and respond to in often unpredictable 
manner. Proper distinction between natural and artificially evoked (=”disturbed”) behavior 
is of utmost importance in ecological studies that try to identify the prevailing factors and 
mechanisms influencing fish abundance, distribution and diversity.  
As we know today, the need to consider human-induced behavioral disturbance as an 
important factor in ecological studies (Beale 2007) applies even to inhabitants of remote 
aquatic habitats such as the deep sea. In situ studies using various types of underwater 
vehicles (UV’s) have significantly changed the conception that the inhabitants of the deep, 
dark and mostly cold ocean are less behaviorally active and hence less susceptible to 
anthropogenic disturbance. While direct observation of deep-sea animals goes back to the 
time of William Beebe in the 1930s, in situ studies of deep ocean organisms and their 
habitats have become increasingly more common during the last 50 years.  
After initial use for exploration and discovery of yet unknown habitats and organisms, UV’s 
were adopted to systematically investigate the ecology of deep-sea organisms, especially the 
larger and easier observable fauna in the open water and close to the bottoms. In analogy to 
census studies conducted by divers in shallow waters, vertical or horizontal transects with 
underwater vehicles were used to obtain density or distributional data of fishes (e.g., 
Yoklavich et al. 2007, Uiblein et al. 2010). Distinct fish species or closely related taxonomic 
groups were found to occur at relatively high densities during such transects allowing 
quantitative behavioral investigations. 
Early in situ exploration encountered first evidence of pelagic and bottom-associated 
(demersal) fishes living at depths well below 200 m being behaviorally active similar to 
shallow-water species (Beebe 1930, Heezen & Hollister 1971). These preliminary behavioral 
observations were followed by detailed studies of locomotion behavior and habitat 
utilization based mainly on video equipment employed during bottom transects with 
manned submersibles (e.g., Lorance et al. 2002, Uiblein et al. 2002, 2003) and later with 
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ROV’s (e.g., Trenkel et al. 2004a, Lorance et al. 2006). Quantitative behavioral comparisons 
conducted with the submersible Nautile clearly showed that fish species differ among each 
other in the way they swim and in their vertical positioning above the bottom (Uiblein et al. 
2003). Moreover, distinct responses to the approaching vehicle were identified which 
needed to be analyzed in detail so to be able to distinguish natural behavior from responses 
to anthropogenic disturbance. That underwater vehicles have a disturbance effect on fish 
behavior has also important consequences for fish density calculations from in situ transects, 
as the data may not reflect natural conditions when disturbance responses are intense 
and/or occur frequently (Trenkel et al. 2004b, Stone et al. 2008).  
Disturbance responses in deep-sea fishes may be caused by a number of factors like noise 
produced by motors and thrusters, light used for illumination purposes, motion, 
electromagnetic fields, or odor plumes deriving from the vehicle. Detailed investigations 
regarding the actual source(s) of disturbance are generally lacking. Here, a description and 
categorization of disturbance responses is provided and differences between vehicles, 
habitats, and species are elaborated. These data suggest that disturbance responses are 
manifold and can – by themselves – reveal interesting insights into the life modes of deep-
sea fishes. In addition, when disturbance responses are identified, natural behavior (e.g., 
locomotion and vertical positioning above bottom) can be filtered out and studied 
independently of artificial evocation.  
Here, nine case studies based on manned submersible and ROV video transects in the 
deep North Atlantic are presented dealing subsequently with differences in disturbance 
responses between underwater vehicles, dive transects (habitats), and co-occurring 
species/species groups. In addition, a separate section is devoted to combined analyses of 
natural behavior and disturbance responses, to show the full picture. These results are 
discussed referring to (1) novel insights about deep-sea fish artificially and naturally 
aroused behavior, (2) the need for consideration and integration of all influential factors in 
the behavioral analysis and interpretation, and (3) future technological possibilities and 
challenges towards optimizing in-situ investigations on the behavior and ecology of deep-
sea fishes. 

2. Material and methods 
Video recordings from the areas of the Bay of Biscay and the northern Mid-Atlantic Ridge 
made during six dives with four different underwater vehicles were studied. The 
underwater vehicles were as follows (Table 1): the manned submersible Nautile and the 
ROV Victor 6000 (both at IFREMER, www.ifremer.fr), the ROV Aglantha (IMR, 
www.imr.no), and the ROV Bathysaurus (ARGUS, www.argus-rs.no). Each dive consisted 
of one to three horizontal transects close to the bottom which lasted between 10 and 174 
minutes and covered various depth ranges between 812 and 1465 m (Table 1). During 
transects the respective vehicle moved slowly (ca. 0.5 to 1.0 knots on average) above the 
bottom, mostly in straight lines, sometimes interrupted by short stops. 
Each of the 10 total transects crossed a distinct habitat within canyons or deep-sea terraces of 
the Bay of Biscay (Nautile, Victor 6000) and slopes or valleys of the northern Mid-Atlantic 
Ridge (Aglantha, Bathysaurus) (Table 1). The Mid-Atlantic Ridge study area was divided in 
a southern investigation box, close to the Azores, and a northern box situated in the area 
south and north of the Charlie Gibbs Fracture Zone (Table 1).  
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Table 1. Overview of dives, vehicles and video transects, with numbers of encountered fish 
per transect. Samples analyzed are highlighted. For further explanations see text. 

 
Behaviour Category 

Disturbance response No 
response 

Close 
distance 

Far 
distance 

Arriving 
disturbed 

Vertical position in water 
column Close to bottom Well above 

bottom Far above bottom 

Locomotion behaviour Inactive Drifting Station holding Forward moving 

Table 2. Overview of the behavioral categories studied 

The four species/species groups selected for detailed analysis were the roundnose grenadier 
Coryphaenoides rupestris (family Macrouridae; Fig.1), the orange roughy Hoplostethus 
atlanticus (family Trachichthyidae; Fig.1) the false boarfish Neocyttus helgae (family 
Oreosomatidae; Fig.1) and codling (family Moridae). The term “codling” includes the most 
common Lepdion eques (North Atlantic codling; Fig. 1), its congeners L. guentheri and L. 
schmidti, and the slender codling Halagyreus johnssonii. Identification of species/species 
groups was based on the size and form of the body, head and fins, and color patterns and 
distributional data from the respective area deriving from collected material.  
The recording of all behaviors started immediately after a fish appeared on the video screen. 
Four main behaviors, overall activity level, disturbance response, locomotion, and vertical 
positioning above the bottom, each consisting of two or more categories, were recorded for 
subsequent statistical analysis (Table 2). Fishes visualized on video with high or increasing 
swimming speed indicating burst swimming in response to prior disturbance by the 
submersible (“arriving disturbed”) were excluded from further-going behavioral analyses. 
During the subsequent behavioral recordings, the UV frequently got closer to the fishes, 
with increasing illumination intensity caused by the front lights. If a disturbance response 
was observed during this process (i.e. a marked change in activity level and/or locomotion 
behavior), the recordings of locomotion or vertical body positioning were stopped 
immediately before the occurrence of this behavioral change. The disturbance response 
during UV approach was split into two separate categories, depending if it happened still at 
far distance or at close distance to the UV and mostly within the highest illumination radius.  
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Fig. 1. Photographs of studied fish species (North Atlantic codling was the most common 
species of the codling group) 

For the analysis of undisturbed natural behavior, four locomotion activity categories were 
identified: “inactive” (Table 2) (= without any movement), “station holding” (= body 
stationary with active swimming against current), “drifting” (= movement in lateral or 
backward direction with or without swimming activity), and “forward movement” (= clear 
active forward swimming movements). Three categories for vertical body positioning in 
relation to the bottom surface were determined: “close to bottom” (= positioned at the 
bottom or at distances of less than one body length above the bottom), “well above bottom” 
(= distance from bottom exceeds one body length), and “far above bottom” (= distance from 
bottom exceeds three body lengths). 
In order to reduce the number of influential factors comparisons between underwater 
vehicles and species/species groups were mostly restricted to the same transect or area and 
comparisons among habitats were restricted to single species. Only samples with 19 or more 
individuals per species/species group encountered per transect were analyzed to allow 
statistical comparisons in all instances. For statistical comparisons of categorical data among 
species/species groups and habitats, G-tests of independency were carried out (Sokal & 
Rohlf 1981). 
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3. Results 
The behavioral data of 501 fishes from the four selected species/species groups were 
analyzed. Apart from a single exception (codling in dive transect OB22-1) disturbance 
responses occurred during all transects and in all species/species groups. On average 44 % 
of all fishes showed disturbance and in 7 of the 15 total observational sets (= species-transect 
combinations) that were analyzed, more than 50 % of the fish displayed disturbance 
responses. While pre-arrival disturbance was relatively rare (14 % of all disturbed behavior 
registered), disturbance responses at far distance occurred most frequently (59 %). The 
disturbance responses were only rarely directed towards any of the four UV’s used. No clear 
signs of attraction or aggressive responses triggered by the UV’s could be observed in any of 
the four species/species groups. 
Differences between underwater vehicles (Fig.2) 
The codling showed a significant difference (p<0.005) in disturbance responses between two 
dive transects performed in the same area at the Mériadzek terrace, Bay of Biscay, one with 
the manned submersible Nautile (transect OB22-1, Table 1) and the other with the ROV 
Victor 6000 (transect VT-1, Table 1). While no disturbance response was registered during 
the dive with Nautile, 35 % of the individuals encountered during the ROV transect showed 
clear signs of disturbance. Among the disturbed fish 23 % showed pre-arrival disturbance, 
while 54 % responded at far distance and 23 % responded at short distance to the 
approaching vehicle. Regarding undisturbed natural behavior, no significant differences in 
both vertical positioning and locomotion behavior were found between the two transects. 
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Fig. 2. Disturbance responses of codling during a manned submersible transect (left) and a 
ROV transect (right) in the area of Mériadzek Terrace, Bay of Biscay 

Differences between dive transects and habitats (Fig. 3) 
Orange roughy showed significant differences in disturbance responses (p<0.01; Fig. 3a) 
between two transects that crossed adjacent habitats at similar depths (812-879 m) during 
dive ME10 (Table 1) with the ROV Aglantha on the northern Mid-Atlantic Ridge, just south 
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of the Charlie Gibbs Fracture zone. Each of the three categories of disturbance responses 
decreased in frequency between the first and the second transect thus indicating less 
responsiveness. Both vertical positioning and locomotion behavior did not differ 
significantly between transects. 
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Fig. 3. Disturbance responses of (a) orange roughy during two subsequent ROV transects in 
the area of the northern Mid-Atlantic Ridge and (b) codling during two subsequent ROV 
transects in the area of Mériadzek Terrace, Bay of Biscay 

The codling showed a significant decrease in disturbance responses (p<0,005; Fig. 3b) 
between the first and second transect of ROV dive VT1 (Table 1) on the Mériadzek Terrace, 
Bay of Biscay. These two transects covered different depth zones (1392-1454 vs. 1208-1228 
m), the first (VT1-1) being clearly deeper. Neither vertical positioning nor locomotion 
behavior differed significantly between the two transects. 

Differences between co-occurring species/species groups (Fig. 4) 
During the manned submersible transect OB22-1 on the Mériadzek terrace, roundnose 
grenadier differed significantly in disturbance responses (p<0.0001; Fig. 4a) from the 
codling. The former showed all three categories of disturbance, while the latter showed no 
disturbance responses at all (see also first case study; Fig. 2). Regarding natural behaviour, 
no differences in vertical positioning occurred, but roundnose grenadier showed 
significantly more forward movement and less station holding than codling (p<0.01). 
During ROV dive transect VT1-1 the codling and the boarfish differed significantly from 
each other in disturbance responses (p<0.005; Fig. 4b) with the boarfish showing clearly less 
disturbed arrival and close-distance responses to the approaching vehicle. At far distance 
from the ROV, the frequency of disturbance responses was similar in both taxa. In addition, 
significant differences occurred both in vertical positioning and locomotion behavior which 
are dealt with at the end of the next section. 

Variation in natural behavior and disturbance responses 
Four different comparative data sets were selected (1) to exemplify situations with 
disturbance responses occurring at constant or variable rates between transects/habitats or 
between species/species groups and (2) to analyze in detail the undisturbed, natural vertical   
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Fig. 4. Disturbance responses of (a) codling and roundnose grenadier during a manned 
submersible transect and (b) codling and false boarfish during a ROV transect in the area of 
Mériadzek Terrace, Bay of Biscay 

positioning and locomotion behavior of these species/species groups during the same dive 
transects. 
a. Differences only in locomotion behavior (Fig. 5) 
The disturbance responses of codling did not differ significantly between two transects 
(ME10-1, ME10-3, Table 1) of a dive with the ROV Bathysaurus on the Mid Atlantic Ridge 
(Fig. 5a). There was however a significant difference in locomotion behavior (p<0.05). 
During the first transect all individuals encountered were active and mostly station holding, 
while several were inactively sitting on the bottom during the third transect, with less fish 
station holding. Drifting and forward moving occurred in both transects at rather similar 
rates. No significant differences in vertical positioning occurred. 
During the ROV transect VT3-2 in the Bay of Biscay roundnose grenadier and codling did 
not differ significantly from each other in disturbance response and vertical positioning (Fig. 
5b). However, they clearly differed in locomotion behavior (p<0.005), with roundnose 
grenadier showing less frequently station holding and more often drifting and forward 
movement than the codling.  
b. Differences only in locomotion and vertical positioning (Fig. 6a) 
In roundnose grenadier disturbance responses did not vary significantly between the ROV 
transects VT3-1 in the Bay of Biscay and ME16-1 on the Mid Atlantic Ridge (Table 1). In both 
cases only few individuals were recorded as being entirely undisturbed (10-21 %) and 67-87 % 
of all the disturbed individuals encountered responded to the vehicles at far distance. Both the 
locomotion behavior and the vertical positioning registered prior to disturbance responses 
differed significantly between the two habitats (locomotion: p=0.0005; vertical positioning: 
p<0.025). Roundnose grenadier occurred much higher above the bottom and showed a much 
higher rate of drifting on the ridge site. Station holding was frequently registered in the Bay of 
Biscay habitat, whereas it did not occur on the ridge site. 
c. Differences in disturbance response and natural behavior between habitats and species 

(Fig. 6b) 
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The false boarfish showed significantly more disturbance responses (p<0.05), reacting more 
frequently at far distances during ROV transect VT1-1 in the Bay of Biscay compared to 
ROV transect ME4-2-1 on the Mid-Atlantic Ridge. In the latter habitat this species was 
positioned slightly higher above the bottom (p=0.08 for well- and far-above bottom 
categories combined) and showed a significant difference in locomotion behavior (p<0.005) 
with much less station holding and a higher rate of forward movement. Compared to the co-
occurring codling in the Bay of Biscay transect, false boarfish showed significantly less 
disturbance (p<0.005), a much more frequent positioning well or far above the bottom 
(p<0.0001) and significantly more drifting and less station holding (p<0.0001) 
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Fig. 5. Disturbance responses, vertical positioning above bottom and locomotion behavior in 
(a) codling during two ROV transects on the northern Mid-Atlantic Ridge and (b) 
roundnose grenadier and codling during a ROV transect in Belle Isle Canyon, Bay of Biscay 
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Fig. 6. Disturbance responses, vertical positioning above bottom and locomotion behavior in 
(a) roundnose grenadier during two ROV transects in Belle Isle Canyon, Bay of Biscay (left), 
and on the northern Mid-Atlantic Ridge (right) and (b) false boarfish (left and middle) and 
codling (right) during two transects, one on Mériadzek Terrace, Bay of Biscay (VT1-1) and 
the other one on the Mid-Atlantic Ridge (ME4-2-1) 

4. Discussion and conclusions 
Deep-sea fish disturbance responses  
The underwater vehicles involved in this study elicited disturbance responses in deep-sea 
fishes encountered during bottom transects that can be best interpreted as avoidance or flight 
behavior. Clear signs of attraction to the UV’s as they have been reported elsewhere (e.g., 
Stoner et al. 2007; Moore et al. 2008) were not observed. No longer vehicle stops and no point 
or selective long-term observations (e.g., by following individual fish) were conducted during 
the dive transects. In the studies presented here behavioral recordings were only made during 
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the fishes’ appearance on the forward directing video screen during transects. It is well 
possible that additional disturbance responses occurred at larger distances before appearance 
or after the fish disappeared on the screen, but those were not recorded. Apart from these 
obvious restrictions, the registration and subsequent quantitative comparison of disturbance 
responses recorded during UV video transects is a solid method to investigate the influences 
of various factors such as different vehicles, habitats, or species on the frequency and intensity 
of evoked reactions (see also, Lorance et al. 2002, Uiblein et al. 2002, 2003).  
While the manned submersible did not evoke any response in codling (first case study), they 
responded considerably disturbed when encountered in the same area with an ROV. A large 
portion of the disturbance responses happened at far distance or even before encounter 
indicating early detection, before the main illumination focus reached the fish. Sound may 
therefore be seen as a main source of disturbance. No exact comparative measurements are 
however available of the light and sound intensity produced by the two vehicles during those 
dives. Also, the possibilities cannot be ruled out that the signals acted in combination and that 
other disturbance sources such as, e.g., pressure waves produced by the moving vehicle body 
were involved, too. The present findings provide however no evidence that the much larger-
bodied manned submersible elicited a comparatively higher disturbance response than any of 
the four ROV’s used, whereas an opposite effect was demonstrated in the first case study.  
In orange roughy, light may play an important role in addition to sound in eliciting 
disturbance responses, because a considerable portion of the reactions occurred at short 
distances only. Interestingly, the responsiveness to the ROV Bathysaurus decreased between 
the two adjacent habitats on the ridge. No differences in natural behavior (vertical positioning 
and locomotion) were observed. One additional difference, however, was a much higher 
density of orange roughy during the first transect, indicating aggregation formation. Does 
orange roughy remain particularly vigilant when residing in dense conspecific aggregations? 
During transects with the manned submersible Nautile an aggregation of orange roughy in the 
central St. Nazaire canyon did not differ in disturbance responses from conspecifics 
encountered in the peripheral area (Lorance et al. 2002, Uiblein et al. 2003). Aggregation 
formation in this species may be related to rather different activities such as resting, spawning 
or feeding (Lorance et al. 2002). More detailed studies of this ROV dive in the area of the 
northern Mid-Atlantic Ridge are planned that shall also include comparisons with roundnose 
grenadier and associated habitat conditions encountered during these transects. 
Depth may be an important factor influencing disturbance responses, as can be concluded 
from the behavior of codling during ROV transects in the Bay of Biscay. These results 
corroborate with behavioral observations of the northern cutthroat eel Synaphobranchus 
kaupii which also showed more frequent disturbance responses at a deeper located dive in 
the Bay of Biscay (Uiblein et al. 2002, 2003). The latter species shows a deeper-bigger pattern, 
hence larger fish living at greater depth have a larger sensory surface that should facilitate 
signal perception. Also, as food becomes scarcer with larger depths, fish need to pay more 
attention to environmental stimuli. Both these argumentations may also apply to codling, 
however, more field and biological data would be necessary to test these assumptions.   
Species differences in disturbance responses during single dive transects provide the best 
evidence for the importance of intrinsic, organism-dependent factors that need to be 
considered when studying anthropogenic disturbance. Codling showed no response during 
the manned submersible dive in the Bay of Biscay (OB22), while roundnose grenadier 
responded considerably and hence may be more sensitive to the signals emitted from this 
vehicle. It reacted mainly at far distance or immediately before encounter what points towards 
the perception of rather far-ranging signals (e.g., rather noise than light). On the other hand, 
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codling showed considerable disturbance responses when confronted with an ROV. In the 
same situation, false boarfish responded to a lesser extent. These three taxa differ 
fundamentally from each other in their biology: the codling typically holds station close to soft 
bottoms, the false boarfish prefers to swim or drift closely to shelter provided by hard bottom 
structures and corals, while the roundnose grenadier is more flexible showing different 
locomotion behavior and vertical positioning depending on habitat context. Among these 
three species/species groups, false boarfish appears least prone to predation risk, also given 
their rather high body (see also Moore et al. 2008). Probably the response to UV’s reveals also 
something about a species’ vigilance and assessment of predation risk. 
Deep-sea fish disturbance responses and natural behavior: the full picture 
When disturbance responses are properly identified, recorded and analyzed, natural 
behaviour can be studied separately thus allowing to gain insights into the ecology of deep-
sea fishes even in the presence of anthropogenic influences. To illustrate this, four case 
studies were conducted, three elaborating different aspects of natural behavior (locomotion, 
vertical positioning) with disturbance effects remaining constant and one with all three 
behaviors varying. In the first two instances only locomotion varied for codling between 
two separated transects during an ROV dive on the Mid-Atlantic Ridge and for roundnose 
grenadier and codling during a single ROV transect in the Bay of Biscay. These data indicate 
that while species clearly differ among each other (“species-specific” behavior), it is also of 
high importance to understand their behavioral flexibility in adaptation to different habitats. 
Behavioral flexibility or plasticity allows a choice among different locomotion modes and to 
select those that fit best to the prevailing conditions in the respective habitat. For instance, 
less station holding and increased inactivity (“sit and wait”) as exemplified by codling in 
one of two ridge habitats (Fig. 5a) should allow efficient, energy-saving foraging when 
currents are weak or absent and food abundance is relatively high.  
As deep-sea fishes are behaviorally flexible, one can expect to find considerable differences 
among contrasting habitats, as demonstrated for the roundnose grenadier by ROV dives in 
the Bay of Biscay and the Mid-Atlantic Ridge. While disturbance responses remained rather 
similar in both areas, the fish displayed more drifting and no station holding and were 
positioned significantly higher in the water column on the ridge. This reflects obviously 
behavioral adjustment to typical ridge conditions (see also, Zaferman 1992) with food 
particles arriving at the bottom mainly through the water column, while food input deriving 
from the productive shelf areas is lacking. 
A rather complex picture of deep-sea fish behavioral ecology is obtained when all behaviors 
differ and different habitats are contrasted with different species or species groups, like in 
the last case study. False boarfish from habitats in the Bay of Biscay and the Mid-Atlantic 
Ridge were compared showing less disturbance responses, a slightly higher vertical 
position, less station holding, and more forward movement on the ridge site. The boarfish’s 
behavior in the Bay of Biscay clearly contrasts with codling during the same transect, the 
latter showing a higher disturbance response, a position on or very close to the bottom, and 
more station holding. Interpretations are however complicated through one (or several) 
additional factor(s) that need to be considered in this as well as in the anterior case study 
featuring roundnose grenadier, because two different UV’s were used.  
Towards optimizing in situ behavioral ecology of deep-sea fishes and related research  
A promising approach towards reaching best possible interpretations of what deep-sea fishes 
do, why they do it, and how they respond to human-induced environmental changes is to 
consider all influential external and internal factors in the data analysis and in the 
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interpretation of the results. The central method to approach this goal is to analyze video-
recordings made during UV transects based on detailed description, categorization and 
registration of the entire behavior observed with special emphasis to separate human-induced 
responses from natural behavior, followed by statistical comparisons. Additional data on the 
biology and ecology of the target species, the physical and biological environment, and the 
effects and possible impacts of anthropogenic disturbance need to be integrated, too.  
To reduce complexity, the number of influential variables should be minimized whenever 
possible. Optimally, the same design models of UV’s should be used during all dives that 
need to be compared. Dive transects, video recordings, and data analysis should follow 
standardized protocols. During each transect representative size measurements combined 
with estimates of absolute swimming speed should be obtained from each studied fish 
species. Visually well identifiable species should be preferably selected for study so to 
minimize possible informational noise introduced by species differences within composed 
groups. Groups of closely related species should be used only exceptionally, when in situ 
species identification is impossible and the species have a very similar body structure, hence 
similar behavior can be expected. Short video or photographic close-ups of each individual 
fish from problematic species groups should be taken (preferably by a second camera) to 
visualize diagnostic details helpful for species identification. Advice and assistance from 
taxonomists specialized in problematic fish groups should be gathered.  
Use of different UV’s in comparative studies cannot be recommended, because it may turn 
out to be difficult, if not impossible, to adjust for disturbance effects. Most certainly more 
than a single signal source of disturbance needs to be considered. Experimental 
manipulation of light, sound, and vehicle velocity, but possibly also the magnetic field, 
singly or in combination, might certainly assist to better understand the relative importance 
of these potential sources of disturbance (see also Stoner et al. 2007). However, for full 
control of disturbance effects from UV’s, one would also need to investigate the receiver bias 
and in particular the sensory equipment (Popper & Hastings 2009) and reaction norms 
(Tuomainen & Candolin 2010) which may differ considerably among fish species, 
populations, size classes, and ontogenetic stages.  
The longer the encounter with an UV the more increases the chance of interactions and 
evocation of disturbance responses. During longer UV stops, odor plumes deriving from 
collected organisms or bait brought along may be formed and scavengers may be attracted 
(Trenkel & Lorance 2011). If point observation are made during longer stops of an UV, these 
data should be treated separately from transect data. Also, when stationary, the vehicle itself 
may be perceived in quite different ways than when transitionally encountered during 
transects and disturbance responses may change and in some cases shift from avoidance to 
attraction or even to aggression (see for instance, Moore et al. 2008). Observations of deep-sea 
fishes deriving from longer-term interactions with UV’s are certainly interesting per se, but 
may not always contribute to properly understand natural behavior. To reduce interactions it 
may be of advantage to position the vehicle firmly on the ground and switch off the motors for 
behavioral observations close to the bottom. During point observations in the open water as 
well as close to the bottom switching off the illumination and use of infrared light combined 
with infrared-sensitive cameras should be considered (Widder et al. 2005). 
As stated initially, investigations of the effects of UV’s on deep-sea fish behavior have 
important implications for many other studies of deep-sea fishes, as for instance, in situ 
assessments of abundances, populations dynamics, habitat associations, community 
structure, and patterns of biological diversity (Stoner et al. 2008). Hence the suggestions and 
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recommendations towards optimization of in situ behavioral ecology may prove useful also 
for broader applications in deep-sea fish research and management. 

5. Summary 
An important prerequisite for in situ ecological investigations of deep-sea fishes using 
underwater vehicles (UV’s) is to distinguish between disturbance responses elicited by the 
vehicles and undisturbed natural behavior. Nine case studies deriving from ten video transects 
along deep bottoms of the North Atlantic (Bay of Biscay, Mid-Atlantic Ridge) with a manned 
submersible and three remotely operated vehicles (ROV’s) are presented to demonstrate 
differences in behavioral disturbance between vehicles, habitats, and species. Three species, 
roundnose grenadier (Coryphaenoides rupestris), orange roughy (Hoplostethus atlanticus) and 
false boarfish (Neocyttus helgae), and codling, a group of closely related species (North Atlantic 
codling, Lepidion eques, being the most common), were studied. During each UV transect 
recordings of disturbance responses and two activity patterns shown by undisturbed fishes, 
vertical positioning in the water column and locomotion mode, were made. Each behavior was 
subdivided into several categories and analyzed quantitatively using sample sizes larger than 
18 individuals per species/species group and transect. Codling showed no disturbance 
responses to a manned submersible, while reacting intensely to a ROV during two transects 
performed in the same area. When the same UV was used, clear differences in disturbance 
responses were found between both adjacent dive transects and species/species groups 
indicating habitat- and species-specific responsiveness to signals emitted by the vehicle, in 
particular sound and light, but possibly also other sources. In three additional case studies, 
disturbance responses remained rather constant between transects or species, but natural 
behavior differed. The final study provides the fullest picture with all three behaviors 
differing, the interpretations being however complicated by the fact that different vehicles 
were used in different habitats. The findings are discussed emphasizing the significance of in 
situ quantitative behavioral studies of UV-based video transects in deep-sea fish ecology and 
related research fields. Detailed suggestions and recommendations towards optimization of 
vehicle-disturbance control and observation techniques are provided. 
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1. Introduction

Wastewaters are often discharged into coastal waters through outfall diffusers that efficiently
dilute effluent and usually restrict any environmental impact within a small area. However,
predicting this impact is difficult because of the complexity of the hydrodynamic processes
that mix the wastewater and also because of the variability in oceanic conditions. Despite great
improvements over the years in the understanding of these mixing processes, since models are
now available that can make reasonable predictions under steady-state conditions (Hunt et al.,
2010), many aspects remain unknown and unpredictable. For this reason, much effort has
been recently devoted to improve ways of monitoring and characterizing sewage plumes
under a variety of oceanographic conditions.

1.1 MARES AUV
Autonomous Underwater Vehicles (AUVs) have been used efficiently in a wide range of
applications. They were first developed with military applications in mind, for example
for mine hunting missions. Later on, scientists realized their true potential and started
to use them as mobile sensors, taking measurements in difficult scenarios and at a
reasonable cost (Bellingham, 1997; Bellingham et al., 1992; Fernandes et al., 2000; Nadis, 1997;
Robinson et al., 1999; Yu et al., 2002). MARES (Modular Autonomous Robot for Environment
Sampling) AUV has been successfully used to monitor sea outfalls discharges (Abreu et al.,
2010; Abreu & Ramos, 2010; Ramos & Abreu, 2010; 2011a;b;c) (see Fig. 1). MARES is 1.5 m
long, has a diameter of 8-inch and weighs about 40 kg in air. It features a plastic hull with
a dry mid body (for electronics and batteries) and additional rings to accommodate sensors
and actuators. Its modular structure simplifies the system’s development (the case of adding
sensors, for example). It is propelled by two horizontal thrusters located at the rear and two
vertical thrusters, one at the front and the other at the rear. This configuration allows for small
operational speeds and high maneuverability, including pure vertical motions. It is equipped
with an omnidirectional acoustic transducer and an electronic system that allows for long
baseline navigation. The vehicle can be programmed to follow predefined trajectories while

 

Mapping and Dilution Estimation of Wastewater 
Discharges Based on Geostatistics Using an 

Autonomous Underwater Vehicle 

11



2 Will-be-set-by-IN-TECH

collecting relevant data using the onboard sensors. A Sea-Bird Electronics 49 FastCAT CTD
had already been installed onboard the MARES AUV to measure conductivity, temperature
and depth. MARES’ missions for environmental monitoring of wastewater discharges are
conducted using a GUI software that fully automates the operational procedures of the
campaign (Abreu et al., 2010). By providing visual and audio information, this software
guides the user through a series of steps which include: (1) real time data acquisition from
CTD and ADCP sensors, (2) effluent plume parameter modeling using the CTD and ADCP
data collected, (3) automatic path creation using the plume model parameters, (4) acoustic
buoys and vehicle deployment, (5) automatic acoustic network setup and (6) real time tracking
of the AUV mission.

Fig. 1. Autonomous Underwater Vehicle MARES.

1.2 Data processing
Data processing is the last step of a sewage outfall discharge monitoring campaign. This
processing involves the ability to extrapolate from monitoring samples to unsampled
locations. Although very chaotic due to turbulent diffusion, the effluent’s dispersion process
tends to a natural variability mode when the plume stops rising and the intensity of turbulent
fluctuations approaches to zero (Hunt et al., 2010). It is likely that after this point the pollutant
substances are spatially correlated. In this case, geostatistics appears to be an appropriate
technique to model the spatial distribution of the effluent. In fact, geostatistics has been
used with success to analyze and characterize the spatial variability of soil properties, to
obtain information for assessing water and wind resources, to design sampling strategies
for monitoring estuarine sediments, to study the thickness of effluent-affected sediment in
the vicinity of wastewater discharges, to obtain information about the spatial distribution
of sewage pollution in coastal sediments, among others. As well as giving the estimated
values, geostatistics provides a measure of the accuracy of the estimate in the form of the
kriging variance. This is one of the advantages of geostatistics over traditional methods
of assessing pollution. In this work ordinary block kriging is used to model and map the
spatial distribution of temperature and salinity measurements gathered by an AUV on a
Portuguese sea outfall monitoring campaign. The aim is to distinguish the effluent plume
from the receiving waters, characterize its spatial variability in the vicinity of the discharge
and estimate dilution.

240 Autonomous Underwater Vehicles
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2. Geostatistical analysis

2.1 Stationary random function models
The most widely used geostatistical estimation procedures use stationary random function
models. A random function is a set of random variables that have some spatial locations and
whose dependence on each other is specified by some probabilistic mechanism. A random
function is stationary if all the random variables have the same probability distribution
and if any pair of random variables has a joint probability distribution that depends only
on the separation between the two points and not on their locations. If the random
function is stationary, then the expected value and the variance can be used to summarize
the univariate behavior of the set of random variables. The parameter that is commonly
used to summarize the bivariate behavior of a stationary random function is its covariance
function, its correlogram, and its variogram. The complete definition of the probabilistic
generating mechanism of a random function is usually difficult even in one dimension.
Fortunately, for many of the problems we typically encounter, we do not need to know the
probabilistic generating mechanism. We usually adopt a stationary random function as our
model and specify only its covariance or variogram (Isaaks & Srivastava, 1989; Kitanidis, 1997;
Wackernagel, 2003).

2.2 Ordinary kriging
Ordinary kriging method is often referred with the acronym BLUE which stands for “Best
Linear Unbiased Estimator”. “Linear” because its estimates are weighted linear combinations
of the available data; “Unbiased” since it tries to have the mean error equal to 0; and
“Best”because it aims at minimizing the variance of the errors. Let us then see how the
concept of a random function model can be used to decide how to weight the nearby
samples so that our estimates are unbiased. For any point at which we want to estimate
the unknown value, our model is a stationary random function that consists of n random
variables, one for the value at each of the n sample locations, Z(x1), Z(x2), . . . , Z(xn), and one
for the unknown value at the point we are trying to estimate Z(x0). Each of these random
variables has the same probability law; at all locations, the expected value of the random
variable is m and the variance is σ2. Every value in this model is seen as an outcome (or
realization) of the random variable. Our estimate is also a random variable since it is a
weighted linear combination of the random variables at the n sampled locations (Cressie,
1993; Goovaerts, 1997; Isaaks & Srivastava, 1989; Kitanidis, 1997; Stein, 1999; Wackernagel,
2003; Webster & Oliver, 2007):

Ẑ(x0) =
n

∑
i=1

wi · Z(xi). (1)

The estimation error is defined as the difference between the random variable modeling the
true value and the estimate:

ε(x0) = Z(x0)− Ẑ(x0). (2)

The estimation error is also a random variable. Its expected value, often referred to as the bias,
is

E [ε(x0)] = m

(
1 −

n

∑
i=1

wi

)
. (3)
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Setting this expected value to 0, to ensure an unbiasedness estimate results in:

n

∑
i=1

wi = 1. (4)

This is known as the condition of unbiasedness (Isaaks & Srivastava, 1989; Kitanidis, 1997;
Wackernagel, 2003). The expression of the variance of the modeled error is

σ2
ε(x0)

= var [Z(x0)]− 2 cov
[
Ẑ(x0), Z(x0)

]
+ var

[
Ẑ(x0)

]
. (5)

Since we have already assumed that all of the random variables have the same variance σ2,
then var [Z(x0)] = σ2. The second term in Equation 5 can be written as

− 2 cov
[
Ẑ(x0), Z(x0)

]
= −2

n

∑
i=1

wi · cov [Z(xi), Z(x0)]

= −2
n

∑
i=1

wi Ci0. (6)

The third term of Equation 5 can be expressed as

var
[
Ẑ(x0)

]
=

n

∑
i=1

n

∑
j=1

wi · wj · cov
[

Z(xi), Z(xj)
]

=
n

∑
i=1

n

∑
j=1

wi wj Cij. (7)

Then, the expression of the error variance comes in the following way:

σ2
ε(x0)

= σ2 − 2
n

∑
i=1

wi Ci0 +
n

∑
i=1

n

∑
j=1

wi wj Cij. (8)

Equation 8 expresses the error variance as function of the n weights, once chosen the
random model function parameters, namely the variance σ2 and all the covariances Cij. The
minimization of σ2

ε(x0)
is constrained by the unbiasedness condition imposed earlier, which can

be solved using the method of Lagrange multipliers. We start by introducing a new parameter
μ, called the Lagrange multiplier, in Equation 8 in the following way:

σ2
ε(x0)

= σ2 − 2
n

∑
i=1

wi Ci0 +
n

∑
i=1

n

∑
j=1

wi wj Cij + 2 μ

(
n

∑
i=1

wi − 1

)

︸ ︷︷ ︸
= 0

. (9)

Then we minimize σ2
ε(x0)

by calculating the n + 1 partial first derivatives of Equation 9 with
respect to the n weights and the Lagrange multiplier, and setting each one to 0, which
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produces the following system of equations:

∂(σ2
ε(x0)

)

∂(w1)
= −2 C10 + 2

n

∑
j=1

wjC1j + 2 μ = 0 ⇒
n

∑
j=1

wjC1j + μ = C10

...
...

∂(σ2
ε(x0)

)

∂(wi)
= −2 Ci0 + 2

n

∑
j=1

wjCij + 2 μ = 0 ⇒
n

∑
j=1

wjCij + μ = Ci0

...
...

∂(σ2
ε(x0)

)

∂(wn)
= −2 Cn0 + 2

n

∑
j=1

wjCnj + 2 μ = 0 ⇒
n

∑
j=1

wjCnj + μ = Cn0

∂(σ2
ε(x0)

)

∂(μ)
= 2

(
n

∑
i=1

wi − 1

)
= 0 ⇒

n

∑
i=1

wi = 1

which can also be written in a compact way as

n

∑
j=1

wjCij + μ = Ci0, ∀i = 1, 2, . . . , n;
n

∑
i=1

wi = 1. (10)

This system of equations, often referred to as the ordinary kriging system, can be written in
matrix notation as

C · W = D
⎡
⎢⎢⎢⎣

C11 . . . C1n 1
...

...
. . .

...
Cn1 . . . Cnn 1

1 . . . 1 0

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
(n+1)×(n+1)

·

⎡
⎢⎢⎢⎣

w1
...

wn
μ

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
(n+1)×1

=

⎡
⎢⎢⎢⎣

C10
...

Cn0
1

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
(n+1)×1

(11)

The set of weights and the Lagrange multiplier that will produce an unbiased estimate of
Z(x0) with the minimum error variance are then given by

W = C−1 · D. (12)

The value of σ2
ε(x0)

can be obtained in a quicker way using an alternative expression to Eq. 8.
Multiplying each of the n equations given in Eq. 10 by wi and summing these n equations
leads to the following:

n

∑
i=1

n

∑
j=1

wi wj Cij =
n

∑
i=1

wi Ci0 − μ.

Substituting this into Equation 8 the minimized error variance comes as follows:

σ2
ε(x0)

= σ2 −
(

n

∑
i=1

wi Ci0 + μ

)
, (13)
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or, in terms of matrices as
σ2

ε(x0)
= σ2 − WT · D. (14)

The minimized error variance is usually called the ordinary kriging variance.

2.3 Block kriging
A consideration in many environmental applications has been that ordinary kriging usually
exhibits large prediction errors (Bivand et al., 2008). This is due to the larger variability in
the observations. When predicting averages over larger areas, i.e. within blocks, much of the
variability averages out and consequently block mean values have lower prediction errors. If
the blocks are not too large the spatial patterns do not disappear. The block kriging system
is similar to the point kriging system given by Equation 11. The matrix C is the same since
it is independent of the location at which the block estimate is required. The covariances
for the vector D are point-to-block covariances. Supposing that the mean value over a block
V is approximated by the arithmetic average of the N point variables contained within that
block (Goovaerts, 1997; Isaaks & Srivastava, 1989), i.e.

ZV ≈ 1
N

N

∑
j=1

Z(xj), (15)

the point-to-block covariances required for vector D are

CiV = cov [Z(xi), ZV ] =
1
N

N

∑
j=1

Cij, ∀i = 1, 2, . . . , n. (16)

The block kriging variance is

σ2
V = CVV −

(
n

∑
i=1

wiCiV + μ

)
, (17)

where CVV is the average covariance between pairs of points within V:

CVV =
1

N2

N

∑
i=1

N

∑
j=1

Cij. (18)

An equivalent procedure, that can be computationally more expensive than block kriging,
is to obtain the block estimate by averaging the N kriged point estimates within the
block (Goovaerts, 1997; Isaaks & Srivastava, 1989).

2.4 Spatial continuity
Spatial continuity exists in most earth science data sets. When we look at a contour map,
or anything similar, the values do not appear to be randomly located, but rather, low
values tend to be near other low values and high values tend to be near other high values.
I.e. two measurements close to each other are most likely to have similar values than
two measurements far apart (Isaaks & Srivastava, 1989). To compute the set of weights
and the Lagrange multiplier, that will produce each estimate and the resulting minimized
error variance, we need to know the covariances of C and D matrices. As we said before,
since our random function is stationary, all pairs of random variables separated by a
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distance and direction h (known as lag) have the same joint probability distribution. The
covariance function, C(h) is the covariance between random variables separated by a lag
h (Isaaks & Srivastava, 1989; Kitanidis, 1997; Wackernagel, 2003). For a stationary random
function, the covariance function C(h) is:

C(h) = E [Z(x) Z(x + h)]− {E [Z(x)]}2 . (19)

The covariance between random variables at identical locations is the variance of the random
function:

C(0) = E
[
{Z(x)}2

]
− {E [Z(x)]}2 = var [Z(x)] = σ2. (20)

The semivariogram, or simply variogram, is half the expected squared difference between
random variables separated by a lag h:

γ(h) =
1
2

E
[
{Z(x)− Z(x + h)}2

]
=

1
2

var [Z(x)− Z(x + h)] . (21)

The quantity γ(h) is known as the semivariance at lag h. The “semi”refers to the fact that it
is half of a variance. The variogram between random variables at identical locations is zero,
i.e. γ(0) = 0. Using Equations 19, 20 and 21, we can relate the variogram with the covariance
function as:

γ(h) = C(0)− C(h) = σ2 − C(h). (22)

In practice, the pattern of spatial continuity chosen for the random function is usually taken
from the spatial continuity evident in the sample data set. Geostatisticians usually define
the spatial continuity of the sample data set through the variogram and solve the ordinary
kriging system using covariance (Isaaks & Srivastava, 1989). The maximum value reached by
the variogram is called the sill. The distance at which the sill is reached is called the range. The
vertical jump from zero at the origin to the value of semivariance at extremely small separation
distances is called the nugget effect. The estimator of the variogram usually used, known
as Matheron’s method-of-moments estimator (MME) is (Matheron, 1965; Webster & Oliver,
2007)

γ(h) =
1

2N(h)

N(h)

∑
i=1

[Z(xi)− Z(xi + h)]2 , (23)

where z(xi) is the value of the variable of interest at location xi and N(h) is the number of pairs
of points separated by the particular lag vector h. Cressie and Hawkins (Cressie & Hawkins,
1980) developed an estimator of the variogram that should be robust to the presence of
outliers and enhance the variogram spatial continuity, having also the advantage of not
spreading the effect of outliers in computing the maps. This estimator (CRE) is defined as
follows (Cressie & Hawkins, 1980):

γ(h) =
1
2
×

{
1

N(h)

N(h)

∑
i=1

|Z(xi)− Z(xi + h)|1/2

}4

0.457 + 0.494
N(h) +

0.045
[N(h)]2

. (24)

Once the sample variogram has been calculated, a function (called the variogram model) has
to be fit to it. First, because the matrices C and D may need semivariance values for lags that
are not available from the sample data. And second, because the use of the variogram does
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not guarantee the existence and uniqueness of solution to the ordinary kriging system. The
most commonly used variogram models are the spherical model, the exponential model, the
Gaussian model and the Matern model (Isaaks & Srivastava, 1989).

2.5 Cross-validation
Cross-validation is a procedure used to compare the performance of several competing
models (Webster & Oliver, 2007). It starts by splitting the data set into two sets: a modelling
set and a validation set. Then the modelling set is used for variogram modelling and kriging
on the locations of the validation set. Finally the measurements of the validation set are
compared to their predictions (Bivand et al., 2008). If the average of the cross-validation errors
(or Mean Error, ME) is close to 0,

ME =
1
m

m

∑
i=1

[
Z(xi)− Ẑ(xi)

]
. (25)

we may say that apparently the estimates are unbiased (Z(xi) and Ẑ(xi) are, respectively, the
measurement and estimate at point xi and m is the number of measurements of the validation
set). A significant negative (positive) mean error can represent systematic overestimation
(underestimation). The magnitude of the Root Mean Squared Error (RMSE) is particularly
interesting for comparing different models (Wackernagel, 2003; Webster & Oliver, 2007):

RMSE =

√
1
m

m

∑
i=1

[
Z(xi)− Ẑ(xi)

]2. (26)

The RMSE value should be as small as possible indicating that estimates are close to
measurements. The kriging standard deviation represents the error predicted by the
estimation method. Dividing the cross-validation error by the corresponding kriging
standard deviation allows to compare the magnitudes of both actual and predicted
error (Wackernagel, 2003; Webster & Oliver, 2007). Therefore, the average of the standardized
squared cross-validation errors (or Mean Standardized Squared Error, MSSE)

MSSE =
1
m

m

∑
i=1

[
Z(xi)− Ẑ(xi)

]2

σ2
R(xi)

, (27)

should be about one, indicating that the model is accurate. A scatterplot of true versus
predicted values provides additional evidence on how well an estimation method has
performed. The coefficient of determination R2 is a good index for summarizing how close
the points on the scatterplot come to falling on the 45-degree line passing through the
origin (Isaaks & Srivastava, 1989). R2 should be close to one.

3. Results

3.1 Study site
A map of the study site is shown in Fig. 2(a). Foz do Arelho outfall is located off the
Portuguese west coast near Óbidos lagoon. In operation since June 2005, is presently
discharging about 0.11 m3/s of mainly domestic wastewater from the WWTPs of Óbidos,
Carregal, Caldas da Rainha, Gaeiras, Charneca and Foz do Arelho, but it can discharge up to
0.35 m3/s. The total length of the outfall, including the diffuser, is 2150 m. The outfall pipe,
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made of HDPE, has a diameter of 710 mm. The diffuser, which consists of 10 ports spaced 8
or 12 meters apart, is 93.5 m long. The ports, nominally 0.175 m in diameter, are discharging
upwards at an angle of 90◦ to the pipe horizontal axis; the port height is about 1 m. The
outfall direction is southeast-northwest (315.5◦ true bearing) and is discharging at a depth of
about 31 m. In that area the coastline itself runs at about a 225◦ angle with respect to true
north and the isobaths are oriented parallel to the coastline. A seawater quality monitoring
program for the outfall has already started in May 2006. Its main purposes are to evaluate
the background seawater quality both in offshore and nearshore locations around the vicinity
of the sea outfall and to follow the impacts of wastewater discharge in the area. During the
campaign the discharge remained fairly constant with an average flowrate of approximately
0.11 m3/s. The operation area specification was based on the outputs of a plume prediction
model (Hunt et al., 2010) which include mixing zone length, spreading width, maximum rise
height and thickness. The model inputs are, besides the diffuser physical characteristics, the
water column stratification, the current velocity and direction, and the discharge flowrate.
Information on density stratification was obtained from a vertical profile of temperature and
salinity acquired in the vicinity of the diffuser two weeks before the campaign (see Fig. 3).
The water column was weakly stratified due to both low-temperature and salinity variations.
The total difference in density over the water column was about 0.13 σ-unit. The current
direction of 110◦ was estimated based on predictions of wind speed and direction of the day
of the campaign. A current velocity of 0.12 m/s was estimated based on historic data. The
effluent flowrate consider for the plume behavior simulation was 0.11 m3/s. According to the
predictions of the model, the plume was spreading 1 m from the surface, detached from the
bottom and forming a two-layer flow. The end of the mixing zone length was predicted to
be 141 m downstream from the diffuser. Fig. 2(b) shows the diffuser and a plan view of the
AUV operation area (specified according to the model predictions), mainly in the northeast
direction from the diffuser, covering about 20000 m2.
The vehicle collected CTD data at 1.5 m and 3 m depth, in accordance to the plume minimum
dilution height prediction. During the mission transited at a fairly constant velocity of 1 m/s
(2 knots) recording data at a rate of 16 Hz. Maximum vertical oscillations of the AUV in
performing the horizontal trajectories were less than 0.5 m (up and down).

(a) Map of the study site (©2011 Google -
Images).
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(b) AUV operation area.

Fig. 2. Vicinity of Foz do Arelho sea outfall.
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Fig. 3. Vertical STD profile used in the plume behavior simulation.

3.2 Exploratory analysis
In order to obtain elementary knowledge about the temperature and salinity data sets,
conventional statistical analysis was conducted (see the results in Table 1 and Table 2). At
the depth of 1.5 m the temperature ranged from 15.359ºC to 15.562ºC and at the depth of
3 m the temperature ranged from 15.393ºC to 15.536ºC. The mean value of the data sets was
15.463ºC and 15.469ºC, respectively at the depths of 1.5 m and 3 m, which was very close to
the median value that was respectively 15.466ºC and 15.472ºC. The coefficient of skewness is
relatively low (-0.309) for the 1.5 m data set and not very high (-0.696) for the 3 m data set,
indicating that in the first case the histogram is approximately symmetric and in the second
case that distribution is only slightly asymmetric. The very low values of the coefficient of
variation (0.002 and 0.001) reflect the fact that the histograms do not have a tail of high values.
At the depth of 1.5 m the salinity ranged from 35.957 psu to 36.003 psu and at the depth of
3 m the salinity ranged from 35.973 psu to 36.008 psu. The mean value of the data sets was
35.991 psu and 35.996 psu, respectively at the depths of 1.5 m and 3 m, which was very close
to the median value that was respectively 35.990 and 35.998 psu. The coefficient of skewness
is not to much high in both data sets (-0.63 and -1.1) indicating that distributions are only
slightly asymmetric. The very low values of the coefficient of variation (0.0002 and 0.0001)
reflect the fact that the histograms do not have a tail of high values. The ordinary kriging
method works better if the distribution of the data values is close to a normal distribution.
Therefore, it is interesting to see how close the distribution of the data values comes to being
normal. Fig. 4 shows the plots of the normal distribution adjusted to the histograms of the
temperature measured at depths of 1.5 m and 3 m, and Fig. 5 shows the plots of the normal
distribution adjusted to the histograms of the salinity measured at depths of 1.5 m and 3 m.
The density value in the histogram is the ratio between the number of samples in a bin and the
total number of samples divided by the width of the bin (constant). Apart from some erratic
high values it can be seen that the histograms are reasonably close to the normal distribution.
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Temperature@1.5 m Temperature@3.0 m

Samples 20,026 10,506

Mean 15.463ºC 15.469ºC

Median 15.466ºC 15.472ºC

Minimum 15.359ºC 15.393ºC

Maximum 15.562ºC 15.536ºC

Coefficient of skewness -0.31 -0.70

Coefficient of variation 0.002 0.001

Table 1. Summary statistics of temperature measurements.

Salinity@1.5 m Salinity@3.0 m

Samples 20,026 10,506

Mean 35.991 psu 35.996 psu

Median 35.990 psu 35.998 psu

Minimum 35.957 psu 35.973 psu

Maximum 36.003 psu 36.008 psu

Coefficient of skewness -0.63 -1.1

Coefficient of variation 0.0002 0.0001

Table 2. Summary statistics of salinity measurements.
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Fig. 4. Histograms of temperature measurements at depths of 1.5 m (left) and 3 m (right).
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Fig. 5. Histograms of salinity measurements at depths of 1.5 m (left) and 3 m (right).

3.3 Variogram modeling
For the purpose of this analysis, the temperature and the salinity measurements were divided
into a modeling set (comprising 90% of the samples) and a validation set (comprising 10%
of the samples). Modeling and validation sets were then compared, using Student’s-t test,
to check that they provided unbiased sub-sets of the original data. Furthermore, sample
variograms for the modeling sets were constructed using the MME estimator and the CRE
estimator. This robust estimator was chosen to deal with outliers and enhance the variogram’s
spatial continuity. An estimation of semivariance was carried out using a lag distance of
2 m. Table 3 and Table 4 show the parameters of the fitted models to the omnidirectional
sample variograms constructed using MME and CRE estimators. All the variograms were
fitted to Matern models (for several shape parameters ν) with the exception to the salinity data
measured at the depth of 3 m. The range value (in meters) is an indicator of extension where
autocorrelation exists. The variograms of salinity show significant differences in range. The
autocorrelation distances are always larger for the CRE estimator which may demonstrate the
enhancement of the variogram’s spatial continuity. All variograms have low nugget values
which indicates that local variations could be captured due to the high sampling rate and
to the fact that the variables under study have strong spatial dependence. Anisotropy was
investigated by calculating directional variograms. However, no anisotropy effect could be
shown.

3.4 Cross-validation
The block kriging method was preferred since it produced smaller prediction errors and
smoother maps than the point kriging. Using the 90% modeling sets of the two depths, a
two-dimensional ordinary block kriging, with blocks of 10 × 10 m2, was applied to estimate
temperature at the locations of the 10% validation sets. The validation results for both
parameters measured at depths of 1.5 m and 3 m depths are shown in Table 5 and Table 6.
At both depths temperature was best estimated by the variogram constructed using CRE.
Salinity at the depth of 1.5 m was best estimated by the variogram constructed using CRE
and at the depth of 3 m was best estimated using the Gaussian model with the MME. The
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Depth
Variogram
Estimator Model Nugget Sill Range

1.5
MME Matern (ν = 0.4) 0.000 0.001 75.0

CRE Matern (ν = 0.5) 0.000 0.002 80.1

3.0
MME Matern (ν = 0.3) 0.000 0.0002 101.3

CRE Matern (ν = 0.7) 0.000 0.002 107.5

Table 3. Parameters of the fitted variogram models for temperature measured at depths of 1.5
and 3.0 m.

Depth
Variogram
Estimator Model Nugget Sill Range

1.5
MME Matern (ν = 0.6) 0.436 11.945 134.6

CRE Matern (ν = 0.6) 0.153 10786.109 51677.1

3.0
MME Matern (ν = 0.8) 0.338 11.724 181.6

CRE Gaussian 0.096 120.578 390.1

Table 4. Parameters of the fitted variogram models for salinity measured at depths of 1.5 and
3 m.

Depth Method R2 ME MSE RMSE

1.5
MBK 0.9184 2.0174e-4 8.0530e-5 8.9739e-3

CBKa 0.9211 1.6758e-4 7.7880e-5 8.8248e-3

3.0
MBK 0.8748 1.0338e-4 3.6295e-5 6.0244e-3

CBKa 0.8827 0.6538e-4 3.4008e-5 5.8316e-3
a The preferred model.

Table 5. Cross-validation results for the temperature maps at depths of 1.5 and 3 m.

difference in performance between the two estimators: block kriging using the MME estimator
(MBK) or block kriging using the CRE estimator (CBK) is not substantial. Fig. 6 shows the
omnidirectional sample variograms for temperature at the depth of 1.5 m and 3 m fitted by
the preferred models. Fig. 7 shows the omnidirectional sample variograms for salinity at the
depth of 1.5 m and 3 m fitted by the preferred models.
Fig. 8 and Fig. 9 show the scatterplots of true versus estimated values for the most satisfactory
models. The dark line is the 45º line passing through the origin and the discontinuous line
is the OLS (Ordinary Least Squares) regression line. These plots show that observed and
predicted values are highly positively correlated. The R2 value for the temperature at the
depth of 1.5 m was 0.9211 and the RMSE was 0.0088248ºC, and at the depth of 3 m was 0.8827
and the RMSE was 0.0058316ºC (Table 5). The R2 value for the salinity at the depth of 1.5 m
was 0.9513 and the RMSE was 0.0016435 psu, and at the depth of 3 m was 0.8982 and the
RMSE was 0.0019793 psu (Table 6).
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Depth Method R2 ME MSE RMSE

1.5
MBK 0.9471 3.1113e-5 2.8721e-6 1.6947e-3

CBKa 0.9513 -3.1579e-5 2.7010e-6 1.6435e-3

3.0
MBKa 0.8982 -7.1735e-5 3.9175e-6 1.9793e-3

CBK 0.7853 -8.1264e-5 8.2589e-6 2.8738e-3
a The preferred model.

Table 6. Cross-validation results for the salinity maps at depths of 1.5 and 3 m.
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Fig. 6. Variograms for temperature at depths of 1.5 m (left) and 3 m (right).
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Fig. 7. Variograms for salinity at depths of 1.5 m (left) and 3 m (right).
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Fig. 8. Predicted versus observed temperature at the depths of 1.5 m (left) and 3 m (right)
using the preferred models.
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Fig. 9. Predicted versus observed salinity at the depths of 1.5 m (left) and 3 m (right) using
the preferred models.

3.5 Mapping
Fig. 10 shows the block kriged maps of temperature on a 2 × 2 m2 grid using the preferred
models. Fig. 13 shows the block kriged maps of salinity on a 2× 2 m2 grid using the preferred
models. In the 1.5 m kriged map the temperature ranges between 15.407ºC and 15.523ºC and
the average value is 15.469ºC (the measured range is 15.359ºC–15.562ºC and the average value
is 15.463ºC). In the 3 m kriged map the temperature ranges between 15.429ºC and 15.502ºC
and the average value is 15.467ºC (the measured range is 15.393ºC–15.536ºC and the average
value is 15.469ºC). We may say that estimated values are in accordance with the measurements
since their distributions are similar (identical average values, medians, and quartiles). The
difference in the ranges width is due to only 5.0% of the samples in the 1.5 m depth map
(2.5% on each side of the distribution) and only 5.3% of the samples in the 3.0 m depth map
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(3.1% on the left side and 2.2% on the rigth side of the distribution). These samples should
then be identified as outliers not representing the behaviour of the plume in the established
area. In the 1.5 m kriged map the salinity ranges between 35.960 psu and 36.004 psu and the
average value is 35.992 psu, which is in accordance with the measurements (the measured
range is 35.957psu – 36.003psu and the average value is 35.991 psu). In the 3 m kriged map
the salinity ranges between 35.977 psu and 36.004 psu and the average value is 35.995 psu,
which is in accordance with the measurements (the measured range is 35.973psu – 36.008psu
and the average value is 35.996 psu). As predicted by the plume prediction model, the effluent
was found dispersing close to the surface. From the temperature and salinity kriged maps it is
possible to distinguish the effluent plume from the background waters. It appears as a region
of lower temperature and lower salinity when compared to the surrounding ocean waters
at the same depth. At the depth of 1.5 m the major difference in temperature compared to
the surrounding waters is about -0.116ºC while at the depth of 3 m this difference is about
-0.073ºC. At the depth of 1.5 m the major difference in salinity compared to the surrounding
waters is about -0.044 psu while at the depth of 3 m this difference is about -0.027 psu. It is
important to note that these very small differences in temperature and salinity were detected
due to the high resolution of the CTD sensor. (Washburn et al., 1992) observed temperature
and salinity anomalies in the plume in the order, respectively of -0.3ºC and -0.1 psu, when
compared with the surrounding waters within the same depth range. The small plume-related
anomalies observed in the maps are evidence of the rapid mixing process. Due to the
large differences in density between the rising effluent plume and ambient ocean waters,
entrainment and mixing processes are vigorous and the properties within the plume change
rapidly (Petrenko et al., 1998; Washburn et al., 1992). The effluent plume was found northeast
from the diffuser beginning, spreading downstream in the direction of current. Using the
navigation data, we could later estimate current velocity and direction and the values found
were, respectively, 0.4 m/s and 70ºC, which is in accordance with the location of the plume.
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Fig. 10. Prediction map of temperature distribution (ºC) at depths of 1.5 m (left) and 3 m
(right).

Fig. 12 shows the variance of the estimation error (kriging variance) for the maps of
temperature distribution at depths of 1.5 m and 3 m. The standard deviation of the estimation
error is less than 0.0195ºC at the depth of 1.5 m and less than 0.0111ºC at the depth of 3
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Fig. 11. Prediction map of salinity distribution (psu) at depths of 1.5 m (left) and 3 m (right).

m. Results of the same order were obtained for salinity. It’s interesting to observe that,
as expected, the variance of the estimation error is less the closer is the prediction from the
trajectory of the vehicle. The dark blue regions correspond to the trajectory of MARES AUV.
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Fig. 12. Variance of the estimation error for the maps of temperature distribution at depths of
1.5 m (left) and 3 m (right)

3.6 Dilution estimation
Environmental effects are all related to concentration C of a particular contaminant X.
Defining Ca as the background concentration of substance X in ambient water and C0 as the
concentration of X in the effluent discharge, the local dilution comes as follows (Fischer et al.,
1979):

S =
C0 − Ca

C − Ca
, (28)
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which can be rearranged to give C = Ca

(
S−1

S

)
+

(
1
S

)
C0. In the case of variability of the

background concentration of substance X in ambient water the local dilution is given by

S =
C0 − Ca0

C − Ca
, (29)

where Ca0 is the background concentration of substance X in ambient water at the discharge

depth. This expression in 29 can be arranged to give C = Ca +
(

1
S

)
(C0 − Ca0), which in

simple terms means that the increment of concentration above background is reduced by the
dilution factor S from the point of discharge to the point of measurement of C. Using salinity
distribution at depths of 1.5 m and 3 m we estimated dilution using Equation 29 (see the
contour maps in Fig. 13). We assumed C0 = 2.3 psu, Ca0 = 35.93 psu, Ca = 36.008 psu at
1.5 m depth and Ca = 36.006 psu at 3 m depth. The minimum dilution estimated at the depth
of 1.5 m was 705 and at the depth of 3.0 m was 1164 which is in accordance with Portuguese
legislation that suggests that outfalls should be designed to assure a minimum dilution of
50 when the plume reaches surface (INAG, 1998). (Since dilution increases with the plume
rising we should expect that the minimum values would be greater if the plume reached
surface (Hunt et al., 2010)).
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Fig. 13. Dilution maps at depths of 1.5 m (left) and 3 m (right).

4. Conclusion

Through geostatistical analysis of temperature and salinity obtained by an AUV at depths
of 1.5 m and 3 m in an ocean outfall monitoring campaign it was possible to produce kriged
maps of the sewage dispersion in the field. The spatial variability of the sampled data has been
analyzed and the results indicated an approximated normal distribution of the temperature
and salinity measurements, which is desirable. The Matheron’s classical estimator and Cressie
and Hawkins’ robust estimator were then used to compute the omnidirectional variograms
that were fitted to Matern models (for several shape parameters) and to a Gaussian model.
The performance of each competing model was compared using a split-sample approach.
In the case of temperature, the validation results, using a two-dimensional ordinary block
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kriging, suggested the Matern model (ν = 0.5− 1.5 m and ν = 0.7 − 3.0 m) with semivariance
estimated by CRE. In the case of salinity, the validation results, using a two-dimensional
ordinary block kriging, suggested the Matern model (ν = 0.6 − 1.5 m and ν = 0.8 − 3.0 m)
with semivariance estimated by CRE, for the depth of 1.5 m, and with semivariance estimated
by MME, for the depth of 3 m. The difference in performance between the two estimators
was not substantial. Block kriged maps of temperature and salinity at depths of 1.5 m and
3 m show the spatial variation of these parameters in the area studied and from them it is
possible to identify the effluent plume that appears as a region of lower temperature and lower
salinity when compared to the surrounding waters, northeast from the diffuser beginning,
spreading downstream in the direction of current. Using salinity distribution at depths of 1.5
m and 3 m we estimated dilution at those depths. The values found are in accordance with
Portuguese legislation. The results presented demonstrate that geostatistical methodology
can provide good estimates of the dispersion of effluent that are very valuable in assessing the
environmental impact and managing sea outfalls.
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